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Abstract

This study explores the effect of customer relationship management (CRM) on the performance
of Commercial Banks in Tanzania. Data are collected through a survey from 272 employees across
various departments within 19 commercial Banks and analysed by using Partial Least Squares
Structural Equation Modeling (PLS-SEM). The findings reveal that technology-based CRM,
customer knowledge management, and CRM organization exert positive and significant effect on
the performance of commercial banks. However, customer orientation, while positively related,
remains statistically insignificant. This study provides policy recommendations to policymakers
who are engaged in designing CRM strategy with a view to enhance robust performance of
commercial Banks in Tanzania.
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1. Introduction
The global shift from product-centric to customer-centric business models has prompted service-
oriented firms, including commercial banks (CBs), to adopt Customer Relationship Management
(CRM) strategies as a means of enhancing competitiveness, ensuring long-term survival, and
improving performance (Almanick & Zadeh, 2017). The performance of CBs holds a catalytic role
in the broader financial sector, given their pivotal contribution to macroeconomic stability and
national development. Commercial banks drive economic growth through their influence on GDP,
employment creation, and the delivery of essential financial products and services. The Tanzania
Banking Sector Report (2023) highlights that CBs remain a key employer, engaging 16,731
individuals across various institutions. Therefore, improving the performance of CBs through the
effective deployment of CRM strategies is vital for sustaining their contribution to national
economic growth and financial sector resilience (Bhat & Darzi, 2016; Kebede & Tegegne, 2018;
Soltani et al., 2018).

Commercial banks increasingly adopt and invest in Customer Relationship Management (CRM)
strategies to align with the prevailing customer-centric business paradigm, a shift driven by
globalization and rapid technological advancement (Soltani et al., 2018). These investments aim
to enhance service quality, promote customer satisfaction and loyalty, and ultimately improve
overall organizational performance (Dubey & Sangle, 2019). Intensified competition in the
financial services sector—fueled by greater customer access to alternatives and competitive
pricing structures (Motiwalla & Thompson, 2009)—has further emphasized the strategic
importance of CRM. Key CRM dimensions such as Customer Orientation (CO), Customer
Knowledge Management (CKM), CRM Organization (CRMO), and Technology-Based CRM
(TBCRM) are increasingly recognized as vital internal strategic resources (Sin et al, 2005).
Grounded in the Resource-Based View (RBV) theory (Penrose, 1959), this perspective holds that
an organization's sustained competitive advantage stems from the effective deployment of
valuable, rare, inimitable, and non-substitutable (VRIN) resources. Both tangible and intangible
assets—such as technological infrastructure, data systems, organizational capabilities, and
customer insight—contribute to performance outcomes. In this context, CRM initiatives function
as strategic internal resources that, when effectively leveraged, can drive superior performance in
commercial banks.

Customer orientation (CO) is a foundational element of an effective Customer Relationship
Management (CRM) system, emphasizing the alignment of a firm’s strategic objectives with the
needs and preferences of its customers (Jayachandran et al., 2005). Customer Knowledge
Management (CKM) focuses on the systematic collection, storage, analysis, and interpretation of
customer data to support informed decision-making and improve firm performance (Mohammad
et al., 2013). CRM Organization (CRMO) refers to the establishment of appropriate managerial
and structural enablers—such as modern infrastructure, updated technologies, robust customer
information systems, employee training, and performance-based incentives—that facilitate the
successful execution of CRM strategies (Akroush et al., 2011). Technology-Based CRM
(TBCRM) involves the deployment of hardware and software tools that enable firms to build and
sustain long-term, profitable relationships with customers (Rafiki et al., 2019).
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Collectively, these CRM initiatives enhance the coordination of customer-related processes by
enabling firms to detect patterns in customer purchasing behavior, thereby supporting the
development of targeted marketing campaigns and ultimately boosting organizational performance
(Buttle & Maklan, 2019). Moreover, banks increasingly utilize CRM technologies for their
analytical capabilities, which improve the effectiveness of cross-selling, reduce customer attrition,
and enhance customer retention strategies. This is consistent with Buttle’s (2009) argument that
data mining tools empower banks to identify customers at risk of defection, design targeted win-
back strategies, uncover cross-selling opportunities, and optimize communication channels for
marketing offers—activities that collectively contribute to improved firm performance.

Although an extensive body of literature underscores the strategic importance of Customer
Relationship Management (CRM) in enhancing firm performance, empirical evidence on the
CRM-—performance relationship within developing economies remains limited (Kebede &
Tegegne, 2018), particularly in the context of Tanzania’s banking sector. Moreover, existing
empirical findings—predominantly derived from studies in developed and emerging economies—
are inconclusive. While some studies report strong positive associations between CRM practices
and firm performance (Bhat & Darzi, 2016; Kebede & Tegegne, 2018; Krasnikov et al., 2009;
Lebdaoui & Chetioui, 2020; Soltani et al., 2018; Woodcock & Stone, 2012), others find no
significant relationship (Awasthi & Sangle, 2012; Frow & Payne, 2009; Rafiki et al., 2019;
Santouridis & Tsachtani, 2015; Sofi et al., 2020). These discrepancies may be attributed in part to
contextual differences, as the market environments of developed and emerging economies differ
significantly from those in developing countries such as Tanzania. Developing economies are often
characterized by macroeconomic instability, institutional uncertainties, technological disparities,
inflationary pressures, and fluctuating interest rates—factors that can affect both the
implementation and outcomes of CRM strategies (Mirkovski et al., 2019). These socio-economic
and structural variations underscore the necessity for context-specific studies that examine the
unique market dynamics of less developed economies, such as Tanzania.

Given the inconsistent findings in prior research, the central issue is no longer whether Customer
Relationship Management (CRM) matters, but rather which specific CRM initiatives are most
relevant and impactful within the Tanzanian commercial banking context. To address this, the
study analyzes data from 19 commercial banks operating in Tanzania, evaluating the significance
and relative influence of key CRM dimensions on firm performance. Specifically, it examines the
effects of Customer Orientation (CO), Customer Knowledge Management (CKM), CRM
Organization (CRMO), and Technology-Based CRM (TBCRM) on the performance of
commercial banks. Furthermore, the study seeks to identify which of these CRM strategies exerts
the greatest impact on bank performance. Anchored in the Resource-Based View (RBV)
theoretical framework, this research offers a novel contribution to the CRM—firm performance
literature by contextualizing CRM effectiveness within a developing economy. It addresses a
critical empirical gap and provides insights that may inform both scholarly inquiry and managerial
decision-making in comparable emerging market settings.

The remainder of the paper is structured as follows: Section 2 reviews the relevant literature;

Section 3 outlines the methodology; Section 4 presents and discusses the empirical findings; and
Section 5 concludes with policy recommendations.
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2. Literature Review

2.1 Theoretical Framework: Resource-Based View and CRM

This study adopts the Resource-Based View (RBV) as its theoretical foundation. Introduced by
Penrose (1959), RBV posits that a firm’s sustainable competitive advantage stems from its internal
resources, both tangible and intangible. These resources, when valuable, rare, inimitable, and non-
substitutable (VRIN), provide the foundation for enhanced performance and market success.
Wright and McMahan (1992) further argue that internal resources such as processes, systems, and
policies yield long-term advantages when strategically aligned. In alignment with Sin ez a/ (2005)
CRM-firm performance model based on RBYV, this study conceptualizes CRM strategies CO,
CKM, CRMO and TBCRM as essential resources, with their implementation representing a
strategic investment by commercial banks. Numerous studies have widely invoked the RBV to
examine the link between firm resources and performance (Alam et al., 2021; Migdadi, 2020;
Rafiki et al, 2019). Their research findings suggest that CRM and business performance are
positively correlated.

These dimensions, which are further examined in the subsequent sections, serve as the basis for
evaluating how CRM strategies influence the performance of commercial banks in Tanzania. To
enhance service delivery and foster customer acquisition and retention, commercial banks must
allocate resources toward human capital by recruiting qualified personnel, offering training,
providing motivation, and ensuring competitive compensation. Additionally, banks invest in ICT
by acquiring or leasing the necessary technologies to support effective CRM execution. The
uniqueness with which these strategies are employed by a specific firm captures the concept of
VRIN.

2.2 CRM and Firm Performance

CRM has evolved into a pivotal strategy for improving firm performance by strengthening
customer relationships and enhancing service delivery. As Gruber and Svensson (2012) and
Mandic (2011) observe, effective CRM practices support firms in identifying profitable customers,
managing customer data, offering customized services, and delivering value-added experiences.
This, in turn, fosters competitive advantage. Drawing on the RBV framework, CRM is recognized
as a valuable resource that enhances organizational capabilities and customer engagement
(Akroush et al., 2011; Bhat and Darzi, 2016; Lebdaoui and Chetioui, 2020). A customer-oriented
business culture, when complemented by well-integrated organizational and technological
systems, can significantly improve performance (Kebede and Tegegne, 2018; Meher and Mishra,
2019). These observations align with Sin et a/ (2005) CRM-firm performance model and justify a
focused investigation into CRM components as performance drivers.

2.3 Thematic Review and Hypotheses Development

2.3.1 Customer Orientation (CO) and Firm Performance

Customer orientation emphasizes placing customer needs at the center of business operations and
strategy. According to Kim (2008), firms that align their processes with customer expectations
witness improved loyalty, higher repeat purchases, and enhanced performance. Studies by Bhat
and Darzi (2016) and Nasution and Rafiki (2018) assert that customer orientation enables firms to
identify and retain high-value clients, thereby gaining a competitive edge. Other studies (e.g.,
Soltani et al., 2018; Lebdaoui and Chetioui, 2020) find strong positive links between customer
orientation and firm performance. However, Rafiki et al (2019) and Becker et a/, (2010) argue that
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the impact of customer-oriented strategies on firm performance may be limited. These studies
vary in terms of the industries explored, socio-economic contexts, and research methods used,
which may have led to inconsistent findings, highlighting the need for a context-specific evaluation
of the influence of CO on commercial banking performance in Tanzania.

2.3.2 Customer Knowledge Management (CKM) and Firm Performance

The Customer Knowledge Management (CKM) refers to the collection, analysis, and utilization
of customer data to improve service and business outcomes. Mohammad ef a/, (2013) and Nguyen
et al, (2007) argue that CKM is central to enhancing customer relationships and delivering tailored
solutions. Ziyae et al, (2019) further classify customer knowledge as a rare and strategic resource
that allows firms to respond dynamically to market demands. Empirical studies (Soltani et al.,
2018; Meher and Mishra, 2019) show that CKM improves firm responsiveness and performance.
However, Garrido-Moreno and Padilla-Meléndez (2011) and Zahari et al, (2023) caution that its
contributions may be marginal without organizational readiness and strategy alignment. Existing
research offers conflicting conclusions on CKM’s impact. This might have been associated with
the studies’ contextual differences. The role CKM within the Tanzanian commercial banks remains
underexplored, particularly in terms of strategic application and measurable outcomes bringing
significance of the current study.

2.3.3 CRM Organization (CRMO) and Firm Performance

A well-structured CRM organization enables efficient coordination, communication, and resource
integration. According to Sin et al, (2005), and Mohammad et al, (2013), organizational design
including management structures, human resources, and operational systems must be tailored to
support CRM goals. Sofi and Hakim (2018) also highlight that CRM alignment facilitates
collaboration and departmental synergy. However, Yim et al, (2014) argue that CRM-oriented
structuring contributes little to competitive advantage, a claim contradicted by Akroush et al.
(2011) and Kebede and Tegegne (2018), who report a strong link between CRM organization and
firm performance. Differences in the industries studied and country specific economic
environments may have contributed to the inconsistent impact of CRMO on performance, as
evidenced by these studies. This underscores the importance of this study in addressing the limited
empirical research on how internal CRM structuring affects performance within African banking
contexts, based on Tanzanian commercial banking sector.

2.3.4 Technology-Based CRM (TBCRM) and Firm Performance

Advancements in information and communication technology (ICT) have transformed CRM
implementation. Tools such as CRM databases, analytics, and automation enhance operational
efficiency, customer interaction, and personalized service delivery (Mukerjee and Singh, 2009;
Mohammad et a/, 2013). Soltani ef al. (2018) argue that ICT increases employee productivity and
customer satisfaction. Nonetheless, some scholars (Sofi et al., 2020; Santouridis and Tsachtani,
2015) question the extent to which technology-driven CRM directly influences firm performance,
suggesting that human and strategic factors may moderate its effects. The uptake, advancement,
and practical integration of ICT may differ across countries and sectors, highlighting a probable
reason for inconsistent impact of TBCRM observed. Moreover, despite increased ICT investments
in Sub-Saharan Africa, few studies have examined how technology-based CRM affects
commercial banks in developing economies. This gap underscores the need for context-specific
analysis, since countries or sectors with well-developed internet and telecommunications
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infrastructure adopt ICT more quickly and effectively in comparison to ones with limited access
and slower integration.

2.4. Summary and Hypotheses

This review synthesizes theoretical and empirical insights into the relationship between CRM
strategies and firm performance within the RBV framework. A review of relevant literature reveals
that CRM is a multi-faceted concept comprising four key dimensions: customer orientation,
customer knowledge management, CRM organization, and technology-driven CRM. This aligns
with the widely accepted view that effective CRM implementation relies on the integration of
people, technology, strategy, and processes, elements that must interact to enhance firms’
performance (Sin ef al, 2005). However, despite that integration of these components is considered
crucial for achieving strong firm performance, empirical studies reveal a mixed result,
necessitating a relevant sectoral setting for testing this theoretical assumption. The Tanzanian
banking sector, characterized by evolving customer expectations and increasing digitalization,
provides a fertile ground for testing these relationships. The following gaps are evident: limited
empirical validation of CRM components in Sub-Saharan African contexts, inconclusive findings
on the performance impact of customer orientation and CKM, and under-researched organizational
and technological enablers of CRM in commercial banking. This study aims to fill these gaps by
empirically assessing the influence of CRM strategies on the performance of commercial banks in
Tanzania. More specifically, the following hypotheses are tested:

(1) Hypothesis 1(H1): Customer orientation exerts a positive influence on the
performance of commercial banks in Tanzania.

(1) Hypothesis 2 (H2): Customer knowledge management exerts a positive influence on
the performance of commercial banks in Tanzania.

(111)  Hypothesis 3 (H3): CRM organization exerts a positive influence on the performance
of commercial banks in Tanzania.

(iv)  Hypothesis 4 (H4): Technology-based CRM exerts a positive influence on the
performance of commercial banks in Tanzania.

3. Methodology

3.1 Population and Study Area
The study focused on commercial banks in Tanzania, recognizing that banks are clients-centred
and implement CRM programmes in various ways because of their operational nature (Karakostas
et al., 2005). As 0f 2024, there were 34 regulated commercial banks in Tanzania, 33 headquartered
in Dar es Salaam while one located in Zanzibar (BOT, 2024). The research concentrated on the
main branches and headquarters of these banks. The choice was made because these locations are
pivotal for gathering substantial data on CRM and bank performance, as plans, strategies and
policies are formulated and principally accounted for at the headquarters and main branches
(Kessy, 2019).

3.2 Sample Size and Sampling Technique

Since the population of commercial banks is known i.e., 34, its sample size was determined using

the Yamane’s formula given as follows: n = Where ‘N’ represents the population size, 1’

1+N(e)?’
is the sample size, and ‘e’ stands for the acceptable sampling error (Yamane, 1967). Thus, the
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34
1+34(0.5)?
various factors including internal policies that restricts access to information, 22 commercial banks
agreed to participate in the study, 3 during pilot study which is 10 percent of the sample (Connelly,
2008), and 19 in the main study. It is from these CBs where the sample of respondents were drawn.
The actual sample size of respondents was determined by the formula n* = (N*100)/re, where ‘re’
denotes the expected response rate and ‘N’ is the minimum sample size, computed as N>50+8m
for studies aiming to analyze multiple correlations among variables (Tabachnick and Fidel, 2007),
‘m’ representing the number of predictor variables. The general guidelines for response rates (re)
in various fields indicate a mean response rate of 35% for business-related studies (Mellahi and
Harris 2016). Since this study comprises of four predictor variables, the minimum required sample
size (N) of respondents was calculated as 82, 1.e., N>50+8(4). Therefore, based on a 35% expected
response rate, the study’s actual sample size of respondents (n“) becomes 234, i.e., (82x100)/35.

sample size of commercial banks was calculated as 31, i.e., n = = 31. However, due to

3.3 Data Collection

Data were collected using self-administered structured questionnaires distributed between January
and March 2024. The questionnaire consisted of two sections: the first captured respondents’
demographic characteristics, while the second focused on key constructs, namely customer
orientation (CO), customer knowledge management (CKM), CRM organization (CRMO),
technology-based CRM (TBCRM), and bank performance (BP). These constructs were measured
using a validated five-point Likert scale (ranging from 1 = strongly disagree to 5 = strongly agree).
All survey items were adapted from the established framework developed by Sin, Tse and Yim
(2005) to ensure the reliability and validity of the measurements.

A pilot study was conducted with 54 respondents, representing 10 percent of the sample drawn
from three commercial banks (CBs), following Connelly (2008). Insights gained from the pilot led
to minor revisions prior to the full-scale data collection. Both the pilot and main study data were
gathered from randomly selected employees across key departments, including customer service,
operations, credit, sales and marketing, customer relationship, ICT, and management. These
departments were purposively selected given their direct involvement in the adoption,
implementation, and evaluation of CRM practices (Kessy, 2019). As Saunders et al, (2019)
emphasize, reliable research data typically stems from cases that are inherently informative and
relevant to the study’s focus.

Although the intended sample size was 234 respondents, a total of 380 questionnaires were
distributed to account for potential issues such as non-responses, with researcher’s intervention
provided only when necessary. Of the 380 questionnaires distributed, 288 were returned within the
stipulated timeframe. However, 16 responses were excluded due to errors or incomplete data,
resulting in 272 usable questionnaires for analysis. This yields an effective response rate of 72%
(272/380), which is considered acceptable, as a response rate exceeding 50% is generally regarded
as sufficient for research purposes (Field, 2009).

3.4 Data Analysis
The analysis employed a two-stage approach: first, validating the measurement model, and second,
assessing the hypothesized relationships through structural model evaluation (Sarstedt et a/ ,
2017). These procedures were conducted using the partial least squares structural equation
modeling (PLS-SEM) technique. The measurement model was then assessed by running a

185



AJER, 13 (2), June 2025, Omari K. Mbura & Mohammed S. Baraza

standardized PLS-SEM algorithm to confirm the model’s validity and reliability. Subsequently,
bootstrapping with 5,000 subsamples, using a one-tailed test at a 5% significance level (95% bias-
corrected confidence interval), was performed to evaluate the hypothesized relationships between
the constructs in the structural model. Partial Least Squares Structural Equation Modeling (PLS-
SEM) is utilized to examine the proposed relationships because it is well-suited for analyzing
complex models with numerous constructs, can effectively handle small to medium sample sizes,
and accommodates non-normal data distributions (Hair et al., 2019). Considering the exploratory
context of CRM’s influence within Tanzania’s banking sector and the multifaceted nature of CRM
elements, PLS-SEM offers a robust approach for evaluating both the measurement and structural
components of the model.

4. Empirical Findings and Discussion

4.1 Reliability and Validity of the Measurement Model

In practice, when evaluating measurement models, it is essential to assess construct reliability
using metrics such as composite reliability (CR) (Becker et al., 2023; Hair et al., 2019). In addition,
the model’s convergent and discriminant validity must be examined based on average variance
extracted (AVE), indicator loadings, and the heterotrait-monotrait (HTMT) correlation ratio and
Fornell-Larcker Criterion (Hair ef al., 2021; Henseler, Ringle and Sarstedt, 2016). The results
presented in Table 1 and Appendix 1 confirm the model’s reliability since the composite reliability
measures (Rho ¢ and Rho a) exceed the recommended threshold of 0.7 (Hair et al., 2019;
Shrestha, 2021). Moreover, the model demonstrates convergent validity, with AVE values above
0.5 and item loadings above 0.7 for all constructs, except for the BP1, BP3, CKM7, and CO6
indicators. These indicators were nevertheless retained in the model, following Hair et al. (2011),
who argue that loadings above 0.4 can be maintained if overall model reliability and validity are
not compromised. Finally, the HTMT ratios remained within the acceptable thresholds of 0.85 or
0.90 and based on Fornell-Larcker criterion, the square root of AVE for each construct (bolded
values in Tablel) was greater than the correlations with other constructs (Henseler et al, 2016),
providing further confirmation of the model’s discriminant validity.

Table 1: Fornell-Larcker Criterion

Fornell&Larcker BP CKM CO CRMO TBCRM

BP 0.748

CKM 0.598 0.768

CO 0.545 0.762 0.777

CRMO 0.642 0.736 0.687 0.789

TBCRM 0.584 0.651 0.663 0.730 0.792

Source: Aurthors (2024)

4.2 Structural Model Analysis

The structural model analysis aimed to examine and validate the relationships between CRM
dimensions and the performance of commercial banks (CBs). The primary rationale for
investigating CRM stems from its potential influence on firm performance, as highlighted by Sin,
Tse and Yim (2005). The conceptual model was evaluated using the PLS-SEM approach by
analyzing standardized regression weights (B-coefficients) alongside the significance of the paths
(p-values and t-statistics). Prior to conducting the structural analysis, preliminary assessments such
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as evaluating model fit and testing for multicollinearity were performed to ensure the robustness
of the analysis (Hair et al., 2019).

4.2.1 Model Fit and Multicollinearity Tests

The foundation of model fit assessment lies in evaluating how well the specified theoretical model
reflects the underlying reality as captured by the empirical data (Hair et al., 2019; Kline, 2015). In
essence, model fit indicates the model’s capacity to explain the relationships among the measured
variables. In the PLS-SEM framework, model fit validation involves several fit indices, including
the Chi-Square (¥?), Normed Fit Index (NFI), Standardized Root Mean Square Residual (SRMR),
squared Euclidean distance (d_ULS), and geodesic distance (d_G) (Hu and Bentler, 2009;
Schuberth, Rademaker and Henseler, 2023). The model fit analysis results (Table 2) confirm that
the model satisfies the required fitness benchmarks, with SRMR < 0.08, d G and d_ULS showing
minimal differences between the estimated and saturated models (= 0), a non-significant %> at the
5% level, and NFI values ranging between 0 and 1, collectively demonstrating a good fit to the
data (Hu and Bentler, 1999; Schuberth et al, 2023). However, given the limitations of the ¥ test in
the PLS-SEM context, as opposed to its application in covariance-based SEM (CB-SEM),
researchers employing the PLS-SEM approach typically place greater emphasis on the alternative
fit indices (Schuberth et al , 2023).

Additionally, the study assessed potential multicollinearity issues using the Variance Inflation
Factor (VIF). As shown in Table 2, all constructs exhibited VIF values within the acceptable
threshold of below 3 to 5 (Hair et al., 2019), indicating no significant multicollinearity concerns
among the variables. This suggests that the constructs did not produce overlapping or redundant
effects. Furthermore, the results confirm the absence of common method bias, as all VIF values
from the collinearity assessment were below 3.3 (Kock, 2015). With the confirmation of model fit
and the absence of multicollinearity issues, the structural model analysis proceeded to examine the
relationships between constructs and to test the research hypotheses.

Table 2: Model Fit and Multicollinearity Tests Results

Model Fit Saturated model Estimated model Relationship VIF Inner
Indices Paths Model
SRMR 0.058 0.058 CO->BP 2.836
d_ULS 2.23 2.23 CKM->BP 3.111

dG 1.006 1.006 CRMO -> BP 2.924
e 478.36 478.36 TBCRM -> BP 2.413
NFI 0.872 0.872
Source: Authors (2024)
Note:
(1) BP — bank performance,
(i1) CKM - customer knowledge management,
(iii) CO — customer orientation,

(iv) CRMO - CRM organization, and
) TBCRM - Technology-based CRM.
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4.2 Structural Model Analysis
4.2.2 Hypotheses Testing
Building on the Resource-Based View and extant literature that recognizes CRM components as
strategic internal resources, this study tests the following hypotheses regarding their impact on
Tanzanian commercial banks’ performance:

(1) H1: Customer Orientation positively influences commercial banks’ performance.

(i1) H2: Customer Knowledge Management positively influences commercial banks’

performance.
(ii))H3: CRM Organization positively influences commercial banks’ performance.
(1iv)H4: Technology-Based CRM positively influences commercial banks’ performance.

Testing these hypotheses provides critical insights into which CRM strategies yield the greatest
performance benefits for commercial banks operating in Tanzania’s unique economic
environment. The findings can guide resource allocation and strategic focus, helping banks
optimize CRM investments amid evolving customer expectations and competitive pressures. The
findings (Table 3) reveal that customer orientation (CO) exhibits a positive but statistically non-
significant effect on CB performance (B =0.037; t =0.473; p = 0.318), thus providing no support
for H1. Interpreted through the lens of the Resource-Based View (RBV) theory, which underpins
this study, these positive yet insignificant results suggest that allocating resources toward CO alone
may not necessarily translate into superior performance outcomes for commercial banks within
the Tanzanian banking context.

Table 3: Hypotheses Testing Results

Hypotheses and Paths  p-coefficients SE t-statistics  p-value Decisions
CO ->BP 0.037 0.079 0.473 0.318 Unsupported
CKM ->BP 0.206 0.092 2.249 0.012 Supported
CRMO -> BP 0.330 0.079 4.161 0.000 Supported
TBCRM -> BP 0.185 0.073 2.54 0.006 Supported
Source: Authors (2024)
Note:
6)) BP — bank performance,
(i1) CKM - customer knowledge management,
(iii) CO — customer orientation,

@iv) CRMO — CRM organization, and
v) TBCRM — Technology-based CRM

Contrary to the CRM-firm performance model proposed by Sin, Tse and Yim (2005), and
supported by various empirical studies (Akroush et al., 2011; Mohammad et al, 2013; Bhat and
Darzi, 2016; Lebdaoui and Chetioui, 2020; Nasution and Rafiki, 2018; Soltani et al., 2018), the
findings of the current study align more closely with the works of Becker, Greve and Albers (2010),
Franke and Parks (2006), and Rafiki et al, (2019), all of whom found a non-significant relationship
between CO and firm performance. These inconsistencies may be attributed to differences in study
contexts. This suggests that the relationship between CO and firm performance may vary
significantly based on the firm's operating environment, underscoring the importance of the
present study’s objectives in validating the CRM-firm performance relationship model within
specific contextual settings.
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Hypothesis 2 (H2) explored the potential influence of customer knowledge management (CKM)
on the performance of commercial banks (CBs). The results (Table 3) reveal a positive and
statistically significant effect of CKM on CB performance (= 0.206; t=2.249; p=0.012), thereby
supporting H2. These findings suggest that investing in CKM strategies enhances the overall
performance of CBs in Tanzania, reinforcing the positive CRM-firm performance relationship
model proposed by Sin et al, (2005) and aligning with the Resource-Based View (RBV) theory.
Moreover, the results are consistent with prior studies by Bhat and Darzi (2016), Mohammad,
Rashid and Tahir (2013), Soltani et al. (2018), and Zaim et al, (2007), which concluded that firms
can enhance their performance through effective CKM strategies. However, some studies have
reported contrasting results. For example, Zahari et a/, (2023) found that customer knowledge, a
key element of CKM, had no significant impact on firm performance.

Customer Knowledge Management (CKM) enables commercial banks (CBs) to gain a deeper
understanding of their customers' needs and preferences, facilitating more effective product
marketing. This is achieved through three key strategies: knowledge for customers (providing
information that meets their needs), knowledge about customers (gathering insights into customer
characteristics and behaviors), and knowledge from customers (gathering insights through direct
interactions) (Bhat and Darzi, 2016). Cheng et al. (2013) suggest that firms can enhance their
marketing strategies by leveraging data mining and data warehousing to analyze knowledge
repositories, thereby improving their understanding of customer preferences and ultimately
enhancing firm performance. The significant positive influence of CKM on CB performance
observed in this study is likely attributable to the allocation of resources toward CRM strategies,
underscoring the value of CKM in improving overall business outcomes.

The findings (Table 3) reveal a positive and statistically significant impact of both Customer
Relationship Management Organization (CRMO) (B=0.333;t=4.16; p =0.000) and Technology-
Based CRM (TBCRM) (B = 0.185; t = 2.54; p = 0.006) on the performance of commercial banks
(CBs), supporting Hypotheses H3 and H4, respectively. These results, interpreted through the lens
of the Resource-Based View (RBV), suggest that CBs’ investments in managerial, human
resources, structural, technological, and operational areas are crucial for enhancing performance.
In addition to supporting the CRM-firm performance relationship model proposed by Sin, Tse and
Yim (2005) and reinforcing RBV theory, the findings align with previous studies by Akroush et al.
(2011), Kebede and Tegegne (2018), Mohammad, Rashid and Tahir (2013), and Soltani et al.
(2018), all of which reported similar results.

Commercial banks (CBs) prioritize recruiting staff with the necessary expertise and skills, ensuring
they are equipped with up-to-date technology. Additionally, CBs invest in regular employee
training, offer competitive incentives and compensation, and automate systems for tracking and
addressing customer grievances and satisfaction. These factors likely contribute to the positive and
significant impact of Customer Relationship Management Organization (CRMO) on CB
performance, as observed in this study. This aligns with the findings of Mohammad et a/, (2013)
who emphasized that when all business aspects—such as technology, structure, operations, human
resources, and management—are integrated to foster strong firm-employee relationships within
the CRM system, superior performance outcomes are achieved.

189



AJER, 13 (2), June 2025, Omari K. Mbura & Mohammed S. Baraza

Furthermore, CRM technology plays a crucial role in digitizing customer touchpoints, ensuring
that essential data are captured, accurately analyzed, and effectively utilized for the benefit of
commercial banks (CBs). According to Lebdaoui and Chetioui (2020), Technology-Based CRM
(TBCRM) enhances operational efficiency, improves customer experience, reduces costs,
strengthens data management and security, enables personalized banking, and supports the
development of new financial products. Technological advancements have thus transformed the
banking industry by making operations more efficient, secure, and customer-centric while
fostering innovation. In line with Buttle and Maklan (2019), CRM technology—such as adaptable
software systems, computer-aided designs, and timely production databases—enables businesses
to effectively manage customer data and relationships, ultimately leading to enhanced
performance. This likely explains why TBCRM has a significant and positive impact on the
performance of Tanzanian CBs.

4.2.3 Importance-Performance Map Analyses

The Importance-Performance Map Analysis (IPMA) was conducted to identify and rank the
predictor variables—specifically customer orientation (CO), customer knowledge management
(CKM), Customer Relationship Management Organization (CRMO), and technology-based CRM
(TBCRM)—based on their relative importance (total effects) in influencing the target variable,
which is commercial banks’ (CBs’) performance (Ringle and Sarstedt, 2016). More specifically,
this procedure aimed to evaluate and compare the contribution of each predictor variable to CB
performance, addressing one of the key objectives of this study. According to Tailab (2020), a unit
increase in the performance of a predictor variable enhances the performance of the target variable
by the magnitude of the predictor variable’s unstandardized total effects.

The results (Table 4) indicate that the CRMO variable demonstrates the greatest total effect in
explaining commercial banks' (CBs') performance, with an importance score of 0.330, followed
by customer knowledge management (CKM) with an importance score of 0.206, technology-based
CRM (TBCRM) with an importance score of 0.185, and customer orientation (CO) with an
importance score of 0.03. A one-unit improvement in these variables enhances CBs' performance
in proportion to their total effects (Tailab, 2020). Consequently, CRMO, CKM, and TBCRM
contribute most significantly to CBs’ performance, while CO contributes the least. These findings
align with the statistical significance results from hypothesis testing, which indicated that CO has
an insignificant effect on CBs’ performance. According to the Importance-Performance Map
Analysis (IPMA) evaluation criteria (Wyrod-Wrobel and Biesok, 2017), a variable or strategy with
minimal contribution to performance (i.e., low importance) should be considered redundant and
excluded from the investment plan or model. Therefore, CBs should reconsider investment in CO
strategy.
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Table 4: Stone-Geisser’s Q2, IPMA Coefficients and Effect Sizes (f?)
Q2 predict  Q?predict

Outcome Initial Revised IPMA Predictor

Variable Model Model IPMA Paths Coefficients Variables f
BP1 0.16 0.163 CKM ->BP 0.206 (0] 0.001
BP2 0.322 0.323 CO->BP 0.037 CKM 0.025
BP3 0.171 0.172 CRMO -> BP 0.330 CRMO 0.069
BP4 0.296 0.296 TBCRM ->BP 0.185 TBCRM 0.026
BP5 0.358 0.360
BP6 0.280 0.284
BP7 0.157 0.160
BP8 0.226 0.230
BP9 0.196 0.199

Source: Authors (2024)

4.2.4 Revised Model

Based on the study’s hypothesis testing and IPMA results, the CRM-firm performance model
proposed by Sin et al, (2005), was revised by removing the insignificant variable, customer
orientation (CO). After its removal, the model was re-estimated using Smart PLS 4.0.9.5. Figure
Ib present the revised model, illustrating the relationships between customer knowledge
management (CKM), Customer Relationship Management Organization (CRMO), technology-
based CRM (TBCRM), and commercial banks (CBs') performance. As discussed earlier, three of
the four hypotheses are positive and statistically significant, aligning with the CRM-firm
performance model proposed by Sin ef al, (2005). In other words, this study empirically confirms
that three CRM variables CRMO, CKM, and TBCRM significantly explain CBs’ performance in
the Tanzanian banking sector, while customer orientation (CO) does not.

4.2.5 Explanatory Power and Predictive Relevance of the Models

The explanatory power of the models was assessed using the coefficients of determination (R?)
and effect sizes (f*). The R? values indicate the extent to which the predictor variables (CO, CKM,
CRMO, and TBCRM) account for the variance in the outcome variable, which is commercial
banks’ (CBs’) performance. R? values of 0.25, 0.50, and 0.75 represent weak, moderate, and
substantial levels of explanatory power, respectively (Hair et al., 2011). The effect sizes (f?)
measure the impact on the R? value of the dependent variable when a predictor variable is removed
from the model. According to Cohen (1988), effect size values greater than 0.35, 0.15, and 0.02
are considered large, medium, and small, respectively. This implies that a variable with an f* size
below 0.02 has a negligible effect when excluded from the model.
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Figure 1a. R? Value for the Initial Model

Figure 1b. R? Value for a Revised Model
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Figures 1a and 1b: Smart PLS Structural Model Outputs

Note:
)] BP — bank performance,
(i1) CKM - customer knowledge management,
(iii) CO — customer orientation,

@iv) CRMO — CRM organization, and
V) TBCRM — Technology-based CRM

The findings (Table 4) from the original model (Figure 1a) indicate that the CRM variables
customer orientation (CO, f* = 0.001), customer knowledge management (CKM, f* = 0.025),
Customer Relationship Management Organization (CRMO, f* = 0.069), and technology-based
CRM (TBCRM, f* =0.026) collectively demonstrate moderate explanatory power, as reflected by
an R? value 0f 0.463. This means that approximately 46.3% of the variance in the performance of
commercial banks (CBs) is explained by these CRM constructs, consistent with the CRM-firm
performance model proposed by Sin et al, (2005). Notably, after the removal of the insignificant
CO variable, the revised model (Figure 1b) retained the same R? value of 0.463, confirming that
excluding CO has no meaningful impact on explaining CBs’ performance in the Tanzanian context.
These findings align with Cohen’s (1988) effect size guidelines, the IPMA results, and the

hypothesis H1 testing outcomes.

The predictive relevance of the model, indicated by the Stone-Geisser Q? statistic (Geisser, 1974;
Stone, 1974), reflects the model’s ability to predict future or unseen observations (Hair et al.,
2021). According to Geisser and Stone (1974), a Q*predict value greater than zero suggests that
the model has sufficient predictive accuracy for the indicators of each dependent construct. The
results (Table 4) indicates that the Q*predict value of all outcome variable indicators for both initial
and revised model are within the prescribed threshold, indicating that both models have high ability
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to predict out of sample observations i.e., data that was not used to estimate the CRM-CBs’
performance model examined in this study.

5. Concluding Remarks

This study sets out to examine the relationship between key Customer Relationship Management
(CRM) dimensions customer orientation (CO), customer knowledge management (CKM),
Customer Relationship Management Organization (CRMO), and technology-based CRM
(TBCRM) and the performance of commercial banks (CBs) in Tanzania. The results reveal that
three of the four dimensions (CKM, CRMO, and TBCRM) significantly influence CB
performance, while CO does not show a significant effect. Consequently, the original CRM-firm
performance model proposed by Sin, Tse and Yim (2005) was revised by removing the CO
variable, refining the model to better fit the Tanzanian context.

The Importance-Performance Map Analysis (IPMA) further reinforced these findings, showing
that CRMO has the highest overall impact on CB performance, followed by CKM, TBCRM, and
CO in order of importance. Together, the three significant CRM dimensions explain approximately
46.3% of the variability in CB performance, underscoring their relevance and strength as reliable
predictors in this setting.

From a theoretical perspective, the study advances the understanding of the CRM-performance
relationship by demonstrating that the original Sin, Tse and Yim (2005) model does not universally
apply across all contexts, particularly within developing economies. The discovery that CO has no
significant effect in the Tanzanian CB industry challenges assumptions drawn from studies in other
regions and emphasizes the importance of context-specific model validation. The revised model,
supported by the Resource-Based View (RBV) theory, highlights CKM, CRMO, and TBCRM as
the key drivers of performance for CBs in Tanzania, providing a more tailored framework for
future research and academic exploration.

From a managerial standpoint, the findings offer practical insights: since CRM dimensions act as
organizational resources (inputs), and CB performance represents the outcomes (outputs), the
significant positive relationships observed suggest that investments in CKM, CRMO, and TBCRM
generate clear performance benefits. In contrast, the non-significant effect of CO suggests that
investment in this area may yield limited or even negative returns. This information is highly
valuable for CB management teams, policymakers, and decision-makers who need to prioritize
resource allocation and optimize CRM strategies for maximum performance impact.

Despite these valuable contributions, the study has certain limitations. First, because the research
focused exclusively on Tanzanian commercial banks, caution should be exercised when
generalizing the findings to other countries or banking sectors. Second, the cross-sectional design
limits the ability to capture changes over time, suggesting a need for future longitudinal studies to
understand the long-term effects of CRM on performance. Third, the study did not explore whether
CO might impact other important outcomes not included in the performance model, such as
customer satisfaction, loyalty, or innovation.

These limitations present valuable opportunities for future research. Researchers are encouraged
to test the revised CRM-performance model across different banking categories and in other
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developing economies to assess its generalizability. Additionally, further investigation into the CO
dimension is warranted, as it may have important influences on other organizational outcomes
beyond financial performance. Expanding the scope of inquiry in these ways will strengthen the
broader understanding of CRM strategies and their role in driving success in diverse banking
environments.
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Appendix 1: Indicator Loadings, Composite Reliability, AVE and HTMT

Construct Indicators Indicator CA Rho.a Rhoc AVE HTMT
Loadings
BP BP1<-BP 0.598 0.9 0.91 0.919 0.56  <0.85
BP2 <- BP 0.795
BP3 <- BP 0.697
BP4 <- BP 0.793
BP5 <- BP 0.844
BP6 <- BP 0.778
BP7 <- BP 0.706
BP8 <- BP 0.727
BP9 <- BP 0.769
CKM CKM1 <- CKM 0.807 0.883  0.886 0.909 0.56  <0.85

CKM2 <- CKM 0.816
CKM3 <- CKM 0.785
CKM4 <- CKM 0.781
CKMS5 <- CKM 0.784
CKM6 <- CKM 0.705
CKM7 <- CKM 0.683

(6{0) COl1<-CO 0.797 0.889  0.894 0914 0.603 <0.90
C02<-CO 0.830
C03<-CO 0.778
C0O4<-CO 0.820
CO5<-CO 0.771
C06<-CO 0.655
CO7<-CO 0.773

CRMO CRMO1 <- CRMO 0.727 0.898  0.905 0.92 0.623 <0.85
CRMO2 <- CRMO 0.831
CRMO3 <- CRMO 0.701
CRMO4 <- CRMO 0.834
CRMOS5 <- CRMO 0.792
CRMO6 <- CRMO 0.795
CRMO7 <- CRMO 0.833

TBCRM TBCRML1 <- TBCRM 0.748 0.881 0.881 0.91 0.627 <0.85
TBCRM2 <- TBCRM 0.836
TBCRM3 <- TBCRM 0.825
TBCRM4 <- TBCRM 0.766
TBCRM5 <- TBCRM 0.791
TBCRM6 <- TBCRM 0.784

Source: Author (2024)
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