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Abstract

Because of the financialization of physical resources, the spread of food security
awareness, the sharp increase in grain demand in emerging economies such as
China, and bio-energy policies, world grain price formation mechanisms have be-
come increasingly complex. This has increased the need to consider various fac-
tors related to the financial market, the global economic situation, and agricul-
tural policies of major grain import and export countries as well as world grain
supply and demand factors in the forecast of world grain prices. In order to con-
sider these various and valuable information variables, we applied the dynamic
factor model which is widely used to predict macroeconomic variables. We at-
tempted several methods applying the dynamic factor model and concluded that
the forecasting power improvement is close to 30 ~ 40% especially in mid-term

prediction.
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SHLJAEEL B o AR o 23 3552 (common dynamics)< T 02 -2

T2 AZHA = 2A(factor) &2 2oF5kaL o] & F-gsh= WHoltt FE Q=g o] AN A
5l S8 ok AhR ] £43} o Fol] Bo] BREE AL, &5 TF o= TRt AA AW
T Y S AT 5 AU YA s 2] 35811 ofolH ol 7R o] Bl 4]
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F& 7he st she Tl o] AN E A SEl Q1R ) A8 M7t e otk

2 343, 29400 FHE FERE A5 Tl e S-8u ol g3 W02 1Y
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£ P28 A5 TR Nx 1 MERl XE g9 BEEA 9 29 £ob Th 242 el
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S ZW(L)ftflme

A71A ANL), (L) 22 Nxq, g% ¢2 TF&A12F 3 (lag polynomial matrix)S 2]H] g},
1A e d e o] FE| QIR E = 73 X & v 2o] w719 AElE 82 Foll 9
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ZX|E 538k “iterative multi-step forecast(ims)’ 243 TEE ),
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2.3. Bernanke, Boivin, Eliasz2| EfH(FAVAR £3&)

FAVAR 282 FAH 35903 #4 tde] gA4l2t& 714 0.2 48 VAR 28-S 745}
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717 el A Al o S 2 5] Al F2H 7 Al 2XHRoot Mean Squared Error: RMSE),
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Al B o) 717k thall AR 23] AxHS 1 2 18T

B Ao A= A2l A A3 DI, GRS, FAVARS] 3714 28& 7|2 o2 Fealw
o] &5 S vla £33 DL GRS B3 9] 7% d| S0l A Al ] 3pA AlApglo] a2gte =
o] A3 By o] m 2 ARES X3S DI-AR, GRS-ARZ = o &S 433519t}
GRS Eg9o] o= teke 2 direct multi-step forecast (dms) 2] Aeho] 73tz
GRS-dms % GRS-dms-AR 2% #4519t}
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FAVAR E3o|H+= 352219 348 Stock and Watson(2002)2] S w2+ 4= EM
¢318]E, Giannone et al.(2008)<] Wl o3l 35821 FAsh= 79 ZEE Ho R

FAVAR 282 o] 83 420 e 70012 AALFANA FE5te] 83 B, F0/F

B 27 E5M FEX A, F/EF/E62 3 508 TS TFacle FEI AT,

B AT £ A3 FH a2 Y] 4582 7E R o vls| @ Eik=671€ o) 1270 v
wke] 7] o= FEg HA EHE Belth= A 0 & gokdt) 7|22 F o Hls| RMSE 2%
oA 30~40% B =0 S5 o] ) A7} = 2 02 et Tev & Ry oA AfelE 7)E
532 I3 O] AR RO BR 7|ERE tiH] A S9 A on]E Fofsh= Zlol= 3
7F itk FEH QIR Yol A thAl 2 GRS B¥o] The 3 B3| oS3 o] 97311, FAVAR
532 T A o HIs) |52 o] A|gHA 0 = UEbT o] DI -2 GRS R& ol &4 7}
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5 tHkS.Z Baiand Ng (2008)2] ol &J3)) 21| ++5 43w W& MEsiAY 52 82 9] o SEo] 958 ng g e}
5 9919 £E MY £ gtk ZE o2 ABH oMol IFER FFARIY 51 F2 22 MEsh= 74 dZHo] 7)AH
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41,9 712 BM 77y

<3 1> 7t 28] =A| I 714 oS8-S RMSE 7|5 0.2 v #4135k Adjo|t}, xo] 3 M)
A AR AL 7EEYP o= e U 7HE & i 55 o] 835l AR(1) B3-S 343 &
A SA)Al(forecasting horizon)“éi A4k RMSE 9] gk A A Aot} 1hd, v 2] g2 3]

YO RMSEE Al = 5 ASAA A9 AR(1) =% RMSE # 2.2 Use k2 Al A8t
ATt wEbA 120 22 g sl 23o] 71 2¥ AR vIE] dlEE o] 43S ofr]s)
3, 18T g2 R E Hlal 2F 9 o

o.‘VL N

H 1. RMSE 7% 28 0= Hlm: o

o= AxHR) 1 [ 23456 78] o9 J10]11]i12
AR(1) 7.7 152 | 21.1 226 | 254 | 29.2 | 333 | 37.1 39.8 | 425 | 432 | 425

DI 1.03 | 0.86 | 0.81 | 0.86 | 0.81 | 0.73 | 0.68 | 0.65 | 0.62 | 0.60 | 0.58 | 0.57

GRS 1.03 | 0.83 | 0.74 | 0.76 | 0.74 | 0.71 | 0.69 | 0.66 | 0.65 | 0.64 | 0.64 | 0.66
GRS-dms 1.02 | 0.84 | 0.75 | 0.77 | 0.74 | 0.69 | 0.66 | 0.64 | 0.62 | 0.61 | 0.60 | 0.60
DI-AR 1.01 | 0.86 | 0.82 | 0.89 | 0.86 | 0.79 | 0.74 | 0.70 | 0.66 | 0.62 | 0.60 | 0.61
GRS-AR 1.00 | 0.83 | 0.72 | 0.74 | 0.73 | 0.70 | 0.66 | 0.64 | 0.63 | 0.63 | 0.66 | 0.69
GRS-dms-AR 1.00 | 1.01 | 098 | 0.97 | 097 | 096 | 0.94 | 0.92 | 0.93 | 0.91 | 0.90 | 0.89
E3F3 Q91| 1.01 | 090 | 084 | 0.84 | 0.81 | 0.78 | 0.76 | 0.77 | 0.77 | 0.75 | 0.75 | 0.73

DI - 2 991 1.00 | 0.88 | 0.82 | 0.83 | 0.81 | 0.77 | 0.73 | 0.75 | 0.77 | 0.75 | 0.76 | 0.76
FAVAR 3 Q9 099 | 0.88 | 082 | 0.83 | 0.80 | 0.77 | 0.74 | 0.75 | 0.77 | 0.75 | 0.76 | 0.76
4 Q91 1.01 | 0.89 | 0.83 | 0.83 | 0.81 | 0.76 | 0.72 | 0.71 0.7 0.68 | 0.69 | 0.70

£33 Q91| 1.00 | 0.88 | 0.81 | 0.80 | 0.77 | 0.74 | 0.72 | 0.72 | 0.72 | 0.70 | 0.71 | 0.71

GRS - 2 991 1.01 | 0.88 | 0.81 | 0.83 | 0.80 [ 0.75 | 0.72 | 0.72 | 0.74 | 0.72 | 0.73 | 0.74
FAVAR 3 Q9 1.00 | 0.88 | 0.81 | 0.82 | 0.80 | 0.75 | 0.72 | 0.73 | 0.74 | 0.72 | 0.73 | 0.74
4 Q01 1.01 | 0.89 | 0.82 | 0.83 | 0.80 | 0.74 | 0.70 | 0.68 | 0.66 | 0.64 | 0.64 | 0.65

2 1) AR(1)38& 7 olEAAl(forecasting horizon)8= A4t RMSEQ] grolut, UHA] 332 g 29
RMSEZ 5 o &7 0 42] ARZFHO RMSE o2 Uhe 71l

2) “E33Q01'S R AHBIA TjAro 2 3710] Q912 A&sto] Balst ATfoln] ‘2, 3, 4 Q01 A= 717k A0
/330 2] B8, £0/53/2-89) 37} 2%, OECD4.a/HI0ECD40/33/2-89] 47) S=0j4 229
2 1709) 8918 2&% AY.
A 71 2R AR B9 oSS HA, A SAAI7} o3l @} RMSES] kol A &2
2 2718}, o) ZA|A1 2] 270 w2 B Ao] o) 2] AshTo| GRS mR|= o= Holdh
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239 d=go] v §- 55 21 o2 AkETh 27 F S A 9/ Y F A SR o FY] o=
o A= GRS Wl 2§t o Zo] 93t 7 02 YERRIT) 5004 ASAA 270 LA 5712
H71= ARES 133 GRS-AR 23 0] 71 8L, ISAIA 671 Lol 971 o] F7] A=
%+ GRS-dms 23] 7H d| S8 o] Hojyith. A2 o= 274 97§ L] 4
ZA Aol A AR 2 tiH] GRS 28 2] RMSE Hl£9] 0.620~0.828 =31 A 0.2 YEPTh 34
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E 2.RMSE 7|Z 2% 0|38 H|u: 44

o= AZHA) 1 2 3 4 5 6 7 8 9 | 10 | 11 | 12
AR(1) 6.8 125 | 186 | 232 | 279 | 31.5 | 356 | 40.8 | 448 | 48.0 | 50.0 | 52.9
DI 1.08 | 0.99 | 094 | 094 [ 0.89 | 0.87 | 085 [ 0.80 | 0.78 | 0.76 | 0.74 | 0.71
GRS 1.07 | 0.95 | 085 | 0.82 [ 0.80 | 0.80 | 079 [ 0.76 | 0.75 | 0.75 [ 0.75 | 0.75
GRS-dms 1.07 | 096 | 086 | 0.84 | 0.80 | 079 | 077 | 074 | 0.72 | 0.71 | 072 | 0.71
DI-AR 1.02 | 096 | 093 | 0.95 | 092 [ 090 [ 087 | 081 | 0.77 | 0.75 | 073 | 0.7
GRS-AR 1.01 [ 093 | 085 | 0.83 | 0.82 | 082 | 081 | 0.78 | 0.77 | 077 | 0.78 | 0.78
GRS-dms-AR 1.01 | 1.03 | 1.00 | 1.00 | 098 | 0.97 | 097 | 095 | 0.94 | 0.93 | 094 | 0.93
£33 99 ] 102 [ 097 [ 091 [ 090 | 089 [ 089 | 091 | 088 [ 0.88 | 0.87 | 0.85 | 0.85
DI- 2 99l 1.00 | 0.94 | 088 | 088 [ 0.86 | 0.85 | 087 [ 0.85 | 0.86 | 0.86 | 0.86 | 0.86
FAVAR | 3 @9l 1.00 | 094 | 0.89 | 0.88 | 0.86 | 0.86 | 0.87 | 0.85 | 0.87 | 0.86 | 0.86 | 0.87
4 99 1.03 | 097 | 0.90 | 0.89 | 0.87 | 086 | 0.88 | 0.86 | 0.84 | 0.84 | 0.84 | 0.85
E5r 399 [ 101 | 095 089 | 089 | 087 | 087 | 090 | 0.87 | 0.87 | 0.86 | 0.84 | 0.84
GRS- 2 9l 1.00 | 0.94 | 089 | 088 | 0.86 | 0.85 | 0.87 | 0.85 | 0.87 | 0.86 | 0.86 | 0.87
FAVAR | 3 89 1.00 [ 094 | 0.89 | 088 | 086 | 0.86 | 0.87 | 0.85 [ 0.87 | 0.86 | 0.86 | 0.87
4 99 1.02 | 0.96 | 090 | 089 [ 0.87 | 0.86 | 0.88 [ 0.86 | 0.84 | 0.83 | 0.83 | 0.84

Z 1) AR(1)32 &4 AIE5A|Al(forecasting horizon)E 2 Al4tgt RMSEQ] gholu, UHX] i sid 29
RMSEE &Y cl5A1A0l1412] AR 232 RMSE o2 Use Y.

2) Y32 2 AN FEHL OFo2 3719 901& FEsto] 2AFH Aol ‘2, 3,4 291" A 74744&
/330 2] B5, £8/33/289 37/l &=, OECD4Q/8|0ECD48/33/282 47] S50 224
2 719 9918 F53 2.
MAEE o] &3 Hla o A= GRS WH O & F58%1& F2E3 5, 0|5 450 o83 GRS =¥
3.2 GRS-dms 20| t)A12| 0.2 9% i o 2 UEelyith

4.3 U= 7H8 A 2t

2] A7 ol et 2 RS2 o] Z38-& RMSEE W w & Avh= <E 3> A|AIE 0t o
D ST 7H ] B4 A |3t S B F, 4
ZAA 27180 9712 2] 57] =M= GRS ol 7HE 948 A o2 YERtA| Tk 10712
oAl 1271€ Abol 9] ¢ &2 DI Wi o] 217} 973k 21 0 2 UEltth 183 ThE 15| 7991 H]
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E 3. RMSE 7|= 28 033 H|m: Oj=

Ol & AR 1 2 3 4 5 6 7 8 g 10 | 11 12

AR(1) 470 | 930 | 13.1 | 17.3 | 21.0 | 244 | 27.4 | 29.3 | 31.1 | 31.3 | 30.7 | 29.9

DI 1.12 1 099 | 095 | 090 | 0.83 | 0.77 | 0.73 | 0.72 | 0.70 | 0.69 | 0.66 | 0.66

GRS 1.11 1 0.95 | 0.88 | 0.80 | 0.75 | 0.72 | 0.71 | 0.71 | 0.70 | 0.72 | 0.76 | 0.81
GRS-dms 1131 098 | 0.90 | 0.82 | 0.76 | 0.71 | 0.69 | 0.69 | 0.68 | 0.69 | 0.70 | 0.72
DI-AR 1.04 1 098 | 0.95 | 091 | 0.86 | 0.81 | 0.77 | 0.76 | 0.73 | 0.73 | 0.71 | 0.72
GRS-AR 1.02 | 094 | 0.89 | 0.81 | 0.76 | 0.73 | 0.71 | 0.72 | 0.72 | 0.76 | 0.82 | 0.88
GRS-dms-AR 1.04 | 1.07 | 1.05 | 1.04 | 1.03 | 0.99 | 0.97 | 0.97 | 0.95 | 0.94 | 0.91 | 0.87
=93 Q9 | 1.04 | 098 | 0.95 | 0.91 | 0.87 | 0.85 | 0.83 | 0.80 | 0.78 | 0.80 | 0.81 | 0.80

DI- 2 Q91 1.07 1 0.98 | 0.94 | 0.88 | 0.85 | 0.83 | 0.82 | 0.81 | 0.81 | 0.83 | 0.84 | 0.85
FAVAR 3 89 1.07 1 0.98 | 0.94 | 0.88 | 0.85 | 0.83 | 0.82 | 0.81 | 0.81 | 0.83 | 0.84 | 0.85
4 Q91 1.08 1 098 | 0.93 | 0.88 | 0.84 | 0.81 | 0.80 | 0.76 | 0.74 | 0.75 | 0.76 | 0.75

=393 99l | 1.04 | 097 | 093 | 0.88 | 0.84 | 0.82 | 0.80 | 0.78 | 0.76 | 0.77 | 0.78 | 0.79

GRS- 2 891 1.04 | 096 | 092 | 0.88 | 0.84 | 0.82 | 0.81 | 0.80 | 0.80 | 0.82 | 0.83 | 0.84
FAVAR 3 89l 1.05 | 0.96 | 092 | 0.88 | 0.84 | 0.82 | 0.81 | 0.80 | 0.80 | 0.82 | 0.83 | 0.85
4 Q91 1.06 | 0.97 | 0.92 | 0.88 | 0.83 | 0.80 | 0.79 | 0.76 | 0.73 | 0.73 | 0.73 | 0.72

2 1) AR(1)32 & AE5AAl(forecasting horizon)E 2 A4tgt SES’J wolu, UmA] g2 i 239
RMSEE &Y d5AIAo412] ARZEPS RMSE 3o 2 U 3t
2) B 3202 AA| JEH, T o 2 3709] QRIS FEsto] Mgt Anto|n] 2, 3,4 Q91" A= 27t Q.
/52 2N B, £0/33/289 371 &2, OECD4Q/H|OECD4 9 /3a/2-82 47] E=2oA =24

2 1719] 2018 F&3 AY.
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# T L BO B1 BZ Series source

1 1 1 CPI 2 1 BR CPI OECD Data
2 1 4 CPI 11 AU CPI OECD Data
3 1 1 CPI 2 1 EY CPI OECD Data
4 1 1 CPI 11 FR CPI OECD Data
5 1 0 CPI 1 1 BD CPI OECD Data
6 1 1 CPI 2 1 IN CPI OECD Data
7 1 0 CPI 2 1 ID CPI OECD Data
8 1 0 CPI 11 IT CPI OECD Data
9 1 1 CPI 11 JP CPI OECD Data
10 1 1 CPI 11 MX CPI OECD Data
11 1 1 CPI 2 1 PH CPI OECD Data
12 1 1 CPI 2 1 RS CPI OECD Data
13 1 1 CPI 2 1 SI CPI OECD Data
14 1 1 CPI 2 1 SA CPI OECD Data
15 1 0 CPI 11 KO CPI OECD Data
16 1 0 CPI 2 1 TH CPI OECD Data
17 1 1 CPI 1 1 US CPI OECD Data
18 1 1 CPI 1 1 UK CPI OECD Data
19 1 1 CPI 2 1 UR CPI OECD Data
20 1 0 CPI 2 1 VI CPI OECD Data
21 1 1 CPI 2 1 CH CPI OECD Data
22 1 1 IP 2 1 AG INDUSTRIAL PRODUCTION INDEX OECD Data
23 1 4 IP 1 1 AU INDUSTRIAL PRODUCTION INDEX OECD Data
24 1 1 IP 2 1 BR INDUSTRIAL PRODUCTION INDEX OECD Data
25 1 2 IP 1 1 BD INDUSTRIAL PRODUCTION INDEX OECD Data
26 1 2 IP 2 1 ID INDUSTRIAL PRODUCTION INDEX OECD Data
27 1 2 IP 1 1 IT INDUSTRIAL PRODUCTION INDEX OECD Data
28 1 1 IP 11 JP INDUSTRIAL PRODUCTION INDEX OECD Data
29 1 2 IP 1 1 MX INDUSTRIAL PRODUCTION INDEX OECD Data
30 1 2 IP 2 1 PH INDUSTRIAL PRODUCTION INDEX OECD Data
31 1 1 IP 2 1 RS INDUSTRIAL PRODUCTION INDEX OECD Data
32 1 2 IP 2 1 SA INDUSTRIAL PRODUCTION INDEX OECD Data
33 1 1 IP 11 KO INDUSTRIAL PRODUCTION INDEX OECD Data
34 1 1 IP 2 1 TH INDUSTRIAL PRODUCTION INDEX OECD Data
35 1 2 IP 1 1 UK INDUSTRIAL PRODUCTION INDEX OECD Data
36 1 1 IP 1 1 US INDUSTRIAL PRODUCTION INDEX OECD Data
37 2 1 UR 1 1 AU UNEMPLOYMENT RATE OECD Data
38 2 1 UR 11 CN UNEMPLOYMENT RATE OECD Data
39 2 4 UR 11 FR UNEMPLOYMENT RATE OECD Data
40 2 1 UR 11 JP UNEMPLOYMENT RATE OECD Data
41 2 1 UR 2 1 PH UNEMPLOYMENT RATE OECD Data
42 2 1 UR 2 1 RS UNEMPLOYMENT RATE OECD Data
43 2 1 UR 1 1 KO UNEMPLOYMENT RATE OECD Data
44 2 1 UR 2 1 TH UNEMPLOYMENT RATE OECD Data
45 2 1 UR 2 1 UR UNEMPLOYMENT RATE OECD Data
46 2 1 UR 11 US UNEMPLOYMENT RATE OECD Data
47 2 0 CON 1 1 BD IFO BUSINESS CLIMATE INDEX OECD Data
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EM INDUSTRIAL CONFIDENCE INDICATOR
FR SURVEY: MANUFACTURING OUTPUT LEVEL -
IT BUSINESS CONFIDENCE INDICATOR SAD]
MX BUSINESS TENDENCY SVY
TH BUSINESS SENTIMENTS - ACTUAL NADJ]
TK BUSINESS CONFIDENCE INDICATOR NAD]J
US ISM PURCHASING MANAGERS INDEX
OE COMPOSITE LEADING INDICATOR
FR COMPOSITE LEADING INDICATOR
BD BUSINESS EXPECTATIONS
IT COMPOSITE LEADING INDICATOR
JP LEADING DIFFUSION INDEX NAD]

KO LEADING COMPOSITE INDEX NADJ
MX INDEX OF LEADING INDICATORS SAD]
SA COMPOSITE BUSINESS CYCLE LEADING
INDICATOR
TH LEADING ECONOMIC INDEX SADJ
TK CLI - TREND RESTORED TRND
UK COMPOSITE LEADING INDICATOR
US THE CONFERENCE BOARD LEADING
ECONOMIC INDICATORS INDEX SAD]J
AG CONSUMER CONFIDENCE INDEX
AU MELBOURNE/WESTPAC CONSUMER
SENTIMENT INDEX NAD]J
BR CONSUMER CONFIDENCE INDEX
EM CONSUMER CONFIDENCE INDICATOR
FR SURVEY - HOUSEHOLD CONFIDENCE
INDICATOR
BD CONSUMER CONFIDENCE INDICATOR -
GERMANY
ID CONSUMER CONFIDENCE INDEX (CCI)
IT HOUSEHOLD CONFIDENCE INDEX
TK CONFIDENCE INDEX - REAL SECTOR VOLN
UK CONSUMER CONFIDENCE INDICATOR
US CONSUMER CONFIDENCE INDEX SAD]
ARGENTINE PESO TO US $ EXCHANGE RATE
AUSTRALIAN $ TO US $ EXCHANGE RATE
BRAZILIAN REAL TO US $ EXCHANGE RATE
CANADIAN $ TO US $ EXCHANGE RATE
CHINESE YUAN TO US $ EXCHANGE RATE
US $ TO EURO EXCHANGE RATE
US $ TO GBP EXCHANGE RATE
INDIAN RUPEE TO US $ EXCHANGE RATE
JAPANESE YEN TO US $ EXCHANGE RATE
KOREAN WON TO US $ EXCHANGE RATE
MEXICAN PESO TO US $ EXCHANGE RATE
PHILIPPINE PESO TO US $ EXCHANGE RATE
SAUDI RIYAL TO US $ EXCHANGE RATE
RUSSIAN ROUBLE TO US $ EXCHANGE RATE
THAI BAHT TO US $ EXCHANGE RATE

OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data

OECD Data

OECD Data
OECD Data
OECD Data

OECD Data
OECD Data
OECD Data

OECD Data
OECD Data

OECD Data

OECD Data

OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
OECD Data
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OECD Data
OECD Data
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OECD Data
OECD Data
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OECD Data
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UKRAINE HRYVNIA TO US $ EXCHANGE RATE
VIETNAMESE DONG TO US $ EXCHANGE RATE
SOUTH AFRICA RAND TO US $ EXCHANGE RATE
INDONESIAN RUPIAH TO US $ EXCHANGE RATE
TR AUSTRALIAN DOLLAR 3M DEPOSIT
EBF EURIBOR 3M DELAYED
INDONESIA INTERBANK 3M
JAPAN INTERBANK 3M OFFSHORE
KOREA NCD 91 DAYS
MEXICO CETES 91 DAY CLOSING
PHILIPPINE TREASURY BILL 91D
RUSSIA INTERBANK 31 TO 90 D'DEAD'

SA T-BILL 91 DAYS (TENDER RATES)
THAILAND REF. RATE 3 MONTH
UKRAINE INTERBANK 3M
US REPO RATE 3M - TR COMPOSITE
UK TREASURY BILL TENDER 3M
US T-BILL SEC MARKET 3 MONTH (D)
FTSE 100 - PRICE INDEX
DOW JONES INDUSTRIALS - PRICE INDEX
FRANCE CAC 40 - PRICE INDEX
FTSE MIB INDEX - PRICE INDEX
HANG SENG - PRICE INDEX
IDX COMPOSITE - PRICE INDEX
KOREA SE COMPOSITE (KOSPI) - PRICE INDEX
MDAX FRANKFURT - PRICE INDEX
MEXICO IPC (BOLSA) - PRICE INDEX
MSCI EUROPE U$ - PRICE INDEX
NASDAQ COMPOSITE - PRICE INDEX
NIKKEI 225 STOCK AVERAGE - PRICE INDEX
PHILIPPINE SE I(PSEi) - PRICE INDEX
RUSSIA RTS INDEX - PRICE INDEX
S&P 500 COMPOSITE - PRICE INDEX
S&P/ASX 200 - PRICE INDEX
S&P/TSX COMPOSITE INDEX - PRICE INDEX
SBF 120 - PRICE INDEX
SHANGHAI SE A SHARE - PRICE INDEX
TOPIX - PRICE INDEX
Crude Oil-WTI Spot Cushing U$/BBL-DSMIDPRICE
Crude Oil Dated Brent U$/BBL
Crude Oil Cocktail JCC CIF Import
Crude Oil Dubai Cash U$/BBL
Crude Oil-Brent Cur. Month FOB U$/BBL
OPEC 0il Basket Price U$/Bbl
Crude Oil-Africa FOB Bonny Lght $/BBL
Crude Oil-N.Sea FOB Forties U$/BBL
Crude Oil-CIS Urals MED. U$/BBL
Crude Oil-Arab Gulf Dubai FOB U$/BBL
London Brent Crude Oil Index U$/BBL
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SEHRQIRYS o] &3 FAFE M 4= 51
142 1 0 Oil 0 3 Crude Oil-WTI Near Month FOB U$/BBL EIA
143 1 0 Oil 0 3 Crude Oil-Brent IMth Fwd FOB U$/BBL EIA
144 1 0 Qil 0 3 Crude Oil-WTI 2nd Month Fwd U$/BBL EIA
145 1 0 Oil 0 3 Crude Oil-Brent Dated FOB U$/BBL EIA
146 1 0 Qil 0 3 Crude Oil-Dubai 1 Month Fwd. $/BBL EIA
147 1 0 Oil 0 3 Crude Oil-Dubai 2 Month Fwd. $/BBL EIA
148 1 0 QOil 0 3 Crude Oil-Iranian Heavy FOB $/BBL EIA
149 1 0 QOil 0 3 Crude Oil-Malaysia Tapis FOB $/BBL EIA
150 1 0 Oil 0 3 Crude Qil-Brent M UK Close U$/BBL EIA
151 1 0 Oil 0 3 Crude Oil-Brent M+1 UK Close U$/BBL EIA
152 1 0 Oil 0 3 Crude Oil-Brent M+2 UK Close U$/BBL EIA
153 1 0 0il 0 3 Crude Oil-Brent M+3 UK Close U$/BBL EIA
154 1 0 0il 0 3 Crude Oil-Dtd Brent UK Close U$/BBL EIA
155 1 0 0il 0 3 Crude Oil-Dubai M UK Close U$/BBL EIA
156 1 0 Qil 0 3 Crude Oil-Dubai M+1 UK Close U$/BBL EIA
157 1 0 Qil 0 3 Crude Oil-Dubai M+2 UK Close U$/BBL EIA
158 0 2 Temp 0 3 NINO3.4X]| H5}| 4 H-2 ZALO] IRI
159 0 2 Temp 0 3 2] xmax(Temp,0) IRI
160 0 2 Temp 0 3 2] e dummyif Temp>0.5 IRI
161 0 2 Temp 0 3 2t U-MIN(Temp,0) IRI
162 0 0 CBOT 0 2 U _v]AMA O T A A CBOT
163 0 0 CBOT 0 2 0= v/ dema2X1d CBOT
164 0 0 CBOT 0 2 | AR R RN B CBOT
165 0 0 CBOT 0 2 2 v axA]A CBOT
166 2 0 grain 0 3 iSRS USDA
167 2 0  grain 0 3 RSN E=3 USDA
168 2 0 grain 0 3 =S USDA
169 2 0 grain 0 3 AR A& USDA
170 2 0 grain 0 3 7M1 USDA
171 1 0  grain 0 1 NG USDA
172 1 0  grain 0 3 IS USDA
173 1 0 grain 0 1 LA AH|TF USDA
174 1 0 grain 0 3 2SI EF USDA
175 1 0 grain 0 1 NI USDA
176 1 0 grain 0 3 A7 2R 2k USDA
177 1 0  grain 0 1 o= NG USDA
178 1 0 grain 0 3 i R=vN A USDA
179 1 0 CBOT 0 2 UME71A CBOT
180 1 0 CBOT 0 2 LANNEIA CBOT
181 1 0 CBOT 0 2 =M 2714 CBOT
182 1 0 CBOT 0 2 e CBOT
i T W40] W ol UEhUl: 2102 02 0[S 12 P82 Wk 21 ALRWSHS oju]. BIS W4 250
2 1=0ECD, 2=Non-OECDZ 9|ujs}l, B2E W4 2202 1=49 2-25, 3=23%42 oju]. AR-of2
FEJL, BR-BalA, AU-QAEFYajo}, CN-7juitt, CH-52, EY-0]AE, FR-Z2tA BD-£, [N-0l%

YxJo}, ID-91%, IT-o]ekejo}, JP- 2, MX-2}4| 2, PH-Bej, RS-2iAlo}, SA-olzel7} 33}, SI-At

STjofehulo}, KO-§, TH-E}Z, US-0I3, UK-%3, UR-$-3efolL}, VI-H|Ew.
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