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Methodology

We first construct Green Potential for each occupation by applying Natural Language
Processing and clustering. Then following Rutzer's (2020) methodology, we apply machine
learning techniques to identify the skills needed for smooth transitioning of occupations. We
then merge these occupations with occupation data from the American Community Survey
(ACS) to create a green job skill matrix for each community.

This Indicator represents the ease of transitioning into a green economy. A higher value of G i
means that occupation has a higher ratio of green tasks over all tasks required for this job.

By linking our Green Potential Index driven by the O*NET
data and the occupation data from ACS, we can conduct
our analysis at the PUMAs level, the lowest level of
geographic identifier available in the ACS, and map the
Green Potential geographically.

Public policy and social investment incentivize reduced
carbon emissions and greater resource efficiency In a
green economy. The shift toward a greener economy will
iInduce changes in the labor market. New industries and
jobs will emerge that are linked to the green economy.
Energy-intensive and polluting industries will reallocate or
scale down their operations while the expansion of
environmentally friendly Industries Increases. This
decreases employment in non-green jobs (Mulatu and
Wossink, 2014; Kahn and Mansur, 2013) while increasing
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employment in environmentally sustainable industries.
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a green labor market transition. Table 1: Constructing a Cluster Greenness Table 2 Green Task Potential of Occupations ;
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of green skill capital. It Is a measure of labor market
vulnerabillity to transitioning to a green economy.
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