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Abstract

Previous research studies directed at the influehogormation on consumers’
preferences and choices of food in the contexeaggcally modified (GM) food assume
that information is exogenous, in that this is jpded to consumers from external
sources. Information made available to consumeatsstypically treated as being
received and processed. Other literature and oaenvsuggests that these two features
tend not to apply in practice. Using data fronhaice experiment on consumers’
choices for genetically modified food in which resgents were able to voluntarily
access information, this study allows informatiorbé endogenous; consumers’ product
choices and information access decisions are exahwithin a simultaneous choice
framework. We find that these two types of dedcisiare related, but not entirely as
might be expected from the existing agriculturairemmics literature since those with
more negative attitudes toward GM food were mas&tyi to access information made
available. Our results are consistent with resefinclings in the social psychology
literature. There is heterogeneity across consumele relationship between
information access and consumer choices which mi#gct differentiation in attitudes to
GM food.

Keywords: Genetically modified food; informationeseh; multinomial logit models;
simultaneous modeling.

JEL Codes: Q13, Q18; C8

Introduction

Genetically modified (GM) foods pose uncertaint@sonsumers from possible
implications of modern agricultural biotechnology human health, the environment, or
for associated ethical or social concerns. Witbentainty, the influence of information
on consumer behaviour and markets becomes of stt&xmongst many recent studies of
genetically modified food, relatively few focus dixfily on the role of information (Lusk
et al, 2005). Studies that assess the impacfafmation on consumer choices in the
context of GM food typically assign respondentsdliféerent information treatments and
compare product choice behaviour in stated chai@iction experiments (for example,
Rousu et al, 2002; Onyango et al, 2004). Thes#estdound information to have
impacts on consumers’ choices, with positive infation (citing potential benefits of
GM technology) tending to reduce adverse produmttiens, and negative information
(citing risks of the technology) tending to reirdemegative responses.

Generally it has been assumed that consumers esartV process information

that is provided. If this assumption does not hotihclusions about consequent



consumer and market behaviour may be misleadindgack, some individuals may
choose not to seek for, access or process infawmatiStigler (1961) recognized that
consumers search for information only when the imaidenefits of search exceed
marginal costs. Indeed, survey participants daahways process (GM) information
even if this is singled out from the product lahet presented directly and separately
(Noussair et al, 2002).

In contrast to previous studies of information asceelative to GM food we did
not directly give information to respondents, brdgyided those surveyed with
opportunities to voluntarily access informatiorhiSfwas implemented through
hyperlinks in the course of a computer-based erpaErt on consumers’ stated choices
for food. We believe that this approach betteresents processes of information search
than directly presenting information to respondemsoviding for voluntary information
access allows us to model explicitly the choicéheftypes of information that are
accessed as a function of consumers’ charactetigti@ddition to modeling impacts on
an individual's stated purchase intentions. I8 #hiuation, decisions on product choices
and whether/what type of information to accesdikedy to be made simultaneously,
raising issues of endogeneity and the possibifityias if the two processes are modeled
separately. The approach used in this study maklelsvo decisions jointly through a
simultaneous choice model. These estimates arpamaueh with initial results from
modeling the two processes separately.

Modelling the Simultaneous Process

Many of the widely used models of simultaneowssidite / continuous decision
processes are derived from studies originally dgpe to account for self-selection bias
by Amemiya (1978) and Heckman (1979). The thecaéframework for self-selection
bias treats decision processes as two implicit kamaous stages: the decision of whether
to participate (e.g., to work or consume) and thendjity decision (e.g., how many hours
to work or how much food to purchase). The firstidion has a discrete outcome (yes or
no) and the second has a continuous outcome (nuohibeits). The approach used in
this study differs from these models. Rather tiwamimplicit decision processes,
behavior involved in product choices relative tdl @®od and whether/what product
information to access are two distinct (yet cotela choices. Secondly, both decisions



are discrete. This introduces different challengeshmidt and Strauss (1975) proposed
a simultaneous discrete choice model by allowingrfteractions between two decision
processes, but maintaining the basic structuredf endividual model. This is the
approach from which our method is derived.

In this study, the choice of product is observedrdiie distribution of product-
specific attributes while the choice of the typenddrmation to access is explained by
individual respondent characteristics. Followirgh®idt and Strauss (1975), the
outcome of one decision process will affect chormesle in the other decision. This
allows explicit definition of separate models faich of these two decisions. Thus, in a
random utility framework, the indirect utility ohdividualn’s choice of product

alternativei and information accegsan be written as:

Uy =X,B +D’% +e€, (1.1)

UZ =Y.y, +D'A, +e] (1.2)
where subscriptindexes products anndndexes informationX is a vector of variables
that explains choice behavior in thh decision; Y denotes individuals characteristics
thee’s are unknown disturbance terms with the assumpltiatﬁ:o»{eﬁi,eﬁi] =0; andp
andy are vectors of parameters to be estimatédirid F are specific values &f @,
which is a vector of dummy variables measuringahieome of choice, taking the

following form:

i d=1 D™ =D? =1if j=23..,°ischosen
otherwise0

i d=2 D™ =D!=1if i =23,...,1 “"ischosen
otherwised

Thus product choices and information access arafgakby the superscriptd(= 1 or 2)

andJ?and 19 are the total numbers of alternatives availabkbnrespective-th

decisions. Note that the alternative inded] in each decision starts from the second

alternative, since including the entire set of oate dummy variables would cause



perfect collinearity. Therefore, an arbitrary“dlternative” in both decisions is
normalized.

If respondenh makes utility-maximizing product choices and imhation access
decisions, and if the two error terms in the twadele are assumed to be independent
and distributed as iid type | largest extreme valiséributions, the conditional
probabilities of choosing thieth andj-th alternatives in the two decisions respectively

can be written as:

1Y) exp(Xni|3+D2a)
(Pni (Di -11D )_ ZLGXF(XnkB + Dza) (2.1)
(Pn?(D,-Z :1XD1): edenyj + Dlxj) (2.2)

S exelY, v, + D', )

Note that the joint probabilitie¥D? =1, D? =1)= P(D? =1, D} =1). With| and
J alternatives in the two decision processes, therea total of C J joint probabilities.
Recognizing the property thE‘E‘i zj P(Dil, Df)=1, the expression of each individual
joint probability can be derived:

P(D!=1DZ=1)=A

P(D! =1 DZ =1) = exgX,,B)A i=23..,
P(D! =1 D? =1)=exgY, v, )A j=23...] 3)
i,j=23..1(3)
where A is:
A:%-*_ Z:ZZGXF(XmB)'i‘Z?:ZEXF(YnY]-)+z:zzz?:26XF(XmB+Yn'y]- +a+)“])
i,j=23..103)

and parametersand/ reflect linkages between the two decision procesHds
expected that there may be unobservable factoogiassd with the respondents or the
survey that determine the direction and magnitddbaese parameters. In this case, a
random parameter structure may be assumed. Fatioral convenience,

defined = (@, 1) as the combination afand/ . If the density of is given byf (8), the

overall likelihood function can be derived:



L= PPk =102 =1)t (6)de (4)
Data

The data are from a 2003 Canada-wide internet-bsiseey focused on pre-
packaged sliced bread. The 445 respondents tsuhigy were drawn from a large
representative panel maintained by a research fdemographic characteristics of the
sample are reasonably representative of the Camadjaulation. On beginning the
survey, respondents chose, from lists of breatbatés, the features of their normally
purchased bread, including the types of bread,dsreame, flour and loaf price.
Subsequently, stated choice tasks were presentedich each respondent chose one of:
their normally purchased bread (based on theiregadsponses); a bread product in
which the first alternative was modified, at ditfat prices, and with one or more new
attributes; or a third alternative of not making démead purchase. These alternatives are
termed Options A, B and C, respectively. Additioaidributes in the second product
alternative were determined by a fractional faeiadiesign based on four design
variables with main and first-order interactioneeffs. Design variables are: the product
could contain health benefits (“contains healthtgwins”); it could have environmental
benefits (“produced environmentally friendly”);abuld contain GM ingredients; finally,
price varied, with four levels. Each respondent veaslomly assigned eight choice tasks.

Whenever health and environmental attributes agpolearproduct descriptions, a
hyperlink to an information statement also appeatthen the health attribute appeared
this stated “To find out more about the vitaminghis bread, please click here” or “To
learn why vitamins are important, please click tieleespondents who clicked either are
classified as accessing health information. Feraitivironmental attribute, the statement
was “To find out why this product is environmenydiliendly, please click here” or
“Why is reducing herbicides in agriculture importanPlease click here.” Respondents
who clicked either were assumed to have accessaemental information.

Whenever the GM attribute appeared, a standarditiefi of genetic
modification was given. Information scenarios ia gtudy included a “no GM
information” control. Thus, when the GM attribitppeared in the alternative product



description, additional information might or migfut be offered through hyperlinks.
Respondents assigned to the scenario that didroeide any further links for the GM
attribute are excluded, leaving effective sampte sit 384 respondents. Whenever the
GM attribute appeared, options to access GM inftionavere: “To find out whether
genetically modified foods are safe to eat, pledisk here” or “To find about
information on environmental effects of geneticafipdified crops, please click here.”
Respondents who clicked either were consideredve hAccessed information about the

GM attribute. Only about 50% of respondents choseccess any information.

Estimation of Single Equation and Simultaneous Mode of Choice and Access

The simultaneous logit models introduced earliersamplified based on features
of the choice experiment. Respondents chose otiewed alternatives: options A (base
case), B (includes new attributes) and C (no pwwefhdased on product attributes. The
conditional logit model is appropriate for this.owever, information access decisions
applied to the choice of any combination of theed¢htypes of information (health,
environment, GM) involving eight different situati®, which ranged from accessing
none of the information links, to any one of thesm®y two, and so on, to all of them.
Since these choices are not directly based onhwacteristics of the offered information
(are not known before access), but on respondenésacteristics, a multinomial logit
model is appropriate for this process.

Relative to a conditional logit model of producbate, assuming the choice of A
is the base case, with zero coefficients associaitothe attributes, based on equation
(2.1) it can be seen that:

_P(B|D2)__ B B B

In F(W) —XniB+ah DhB+ae DeB+ag DgB (51)
" P(c|D?)]

In P(A4|D2) =X,p+ayD,C+a;D,LC+a;D,C (5.2)

! Different information scenarios applied to informatidfeced on the GM attribute. These varied across
information types (positive, negative or both) and source.



where vectoK , in this study is composed of [B, C, Price, GMO, H, GMOHE,
GMOEN]. B and C are alternative specific constdotgproduct choice alternatives B
and C; GMO, HE and EN are dummy variables indicptuether the GM, health or
environmental attributes appear in an alternatBddOHE and GMOEN are interaction

terms between variables GMO and HE and between @MCEN;D,,, D, andD are

dummy variables indicating whether individuehccessed any of the three types of
information. The interactions between these aceasables and alternative specific
constants are represented by variables HEB, ENBBGAMEC, ENC and GMC

respectively;a’s andp are parameters to be estimated.

Similarly, relative to a multinomial logit model offormation access, the
decision of accessing no information can be asswandde base case, with zero
coefficients associated with all explanatory vaeab Denoting N, H, E and G as dummy
variables indicating whether a respondent accessaaformation, health information
only, environmental information only and GM infortizen only, respectively, the
multinomial logit model for choosing only healthated information suggested in (2.2)
can be further decomposed into:

ln{P(H|Dl)} =Y, vy, +AZB+A°C (6)

W nin h h

where vectoV . is a series of demographic variables: [constantN6D), male (MALE),

employed (EMP), consumer group member/donator (CQ&gbec resident (QUB), rural
resident (RURAL), age (AGE), number of children (CH), respondent’s years of

education (EDU), household income (INC)]s and vectoy are parameters to be

estimated. As noted earlier, joint probabilities &ny one of th&J = 24 situations will

be the same, ieF,’(B, H ) = P(H , B). Based on equations (5) and (6), a natural stralct

property of this relationship is that® = A7 anda; = A7 . This result is generalized to:
a; =y, wherel=B,Cand2=H,E,G (7)

Given this property, the multinomial logit modekncbe rewritten, replacing

parametep’s by a’s.



P(D \Dl)

=Y,y +agB+asC 8.1
PN‘Dl Th D D (8.1)

In

whereD =H,E,G
P(D ‘Dl) _ D B c

In W =Y, vn +Y apB+Y _asC (8.2)
where D is any combination of two or three typesédrmation.

Another issue in simultaneous estimation is thatitfiormation access
multinomial logit model does not need to (and irdleannot) take the panel nature of the
data set, since respondents’ demographic charstatsrare fixed for the course of the
survey. However, in product choices, each respanaas assigned to eight choice
situations and this format allows a panel conddldogit model. As a preliminary
approach to simultaneous estimation, this discrepaetween the requirements to
jointly estimate the two models is reconciled bmo®ing the panel nature of the
conditional logit model. A procedure was developegick randomly one choice
situation from each respondent to a total of 384 @ample size) observations.
Comparing estimated parameters of the conditiamwit In the simultaneous model and
estimates of the conditional logit for all choidgriations suggests this data loss does not
lead to serious bias in coefficient estimateginally, thea coefficients are specified as
random coefficients with normal distributions tgtre unobserved heterogeneity in the
links between the two choice processes. A simdlagesion of the likelihood given in
(4) was maximized based on 100 randomized Haltawslir
Results of Separate and Simultaneous Models

Space precludes tabular presentation of initiphssely estimated results of
conditional and multinomial logit models explainjmgspectively, product choices and
decisions of whether/what combinations of informatio access. Both include variables
linking the two decision processes. RegardingiBgamt explanators of the initial
conditional logit model of bread choice, priceign#ficantly negative (the higher the

price, the lower the probability of purchase). ignsficant positive value for the

2 However, in a future revision of this paper we progosepeatedly select a sample from the set of choice
tasks (bootstrap) and will present averages of theseates.



alternative specific constant (ASC) denoting cha@t®ption B indicates that, holding
bread attributes constant, consumers favourablyadenew bread products, which
contrasts with the significantly negative ASC fgotion C. The other highly significant
variables in this model denote the presence oGtMeattribute (significantly negative),
health attribute (significantly positive), and irdeted environment-GM effect
(significantly positive}. However, no information variable (interactiomts between
information access and variables denoting threesyys information) is significant.
Based on the initial model, significant impactsrdbrmation access on product choices
were not observed.

Regarding significant explanators in the initialltmomial logit model of bread
choicé: the top panel of Figure 1 summarizes the sigribese marginal effects; (zero
indicates insignificant effects). Relative to fdesa males were less likely to access
information, except on health and environmentlaites. Negative effects of CHILD
influence most categories of information access:ntiore children in the household, the
less likely were respondents to access informasinggesting time constraints for
respondents in households with young children. lifkedummy variable indicating
choice of Option B was not significant. Howevesngpared with accessing no
information, respondents who chose Option C (“nicpase”) were more likely to access
the environmental attribute information alone ochmose information on both the health
and environmental attributes, while being lesslyike access GM information when this
was the only information offered or to access GM health information when both were
offered.

Estimation results for the simultaneous model ar€able 1. As with the initial
model of bread choices, Option B is preferred tetile C is least preferred; increased

price has a strong negative impact on utility drelgrobability of purchase, which is also

3 Marginal values are derived from total differentiation @& timderlying utility function for the model and
calculated as the ratio of the coefficient in question andphesite of the coefficient of the price variable.
* Marginal effects for continuous variables (AGE, CHILD,EBnd INC) were calculated by taking the
derivatives of the probabilities with respect to the varifdni@ach individual in the sample and averaging
these. Marginal effects for dummy variables (MALE, EMP, C@BB, RURAL, and link variables
showing product choice of options B and C) are calculatadKigg the difference of the probabilities
when the dummy variable is assumed to be zero or one, Valuedch individual, and averaging the
individual measures. Standard errors associated with all meffects are calculated by 3000 simulation
repetitions. These estimates are available on request.
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the case for the GM attribute, while the healthlaite has a significant positive impact.
The environmental attribute is not significant listinteraction with the GM attribute is
significant and positive. Marginal values of thésetors differ very slightly from the
single equation approach. The lower panel of dusummarizes the directions of the
marginal effects reported in the lower section ablE 1. Relative to the relationship
between household factors and information acchesetwho accessed all the types of
information that were offered tended to be olderehfewer children, were not employed
and had lower income. Children in the househatdéd to have a consistent negative
influence on decisions to access information, winety indicate that respondents in
these households experience shortage of time alailar information search.
Respondents belonging or donating to consumer groxgpe consistently more likely to
access information than those who were not, perimalisating a higher level of
“consumer interest” for these individuals.

Turning to the impacts of information access oniad®in the simultaneous
model: compared to those who chose Option A (threnably purchased product),
respondents choosing Option B (products with nerbates) generally did not access
information; marginal effects are negative for deoof environmental information only;
for health and GM information presented togethed, for environment and GM
information presented together (none of these bkasawere significant in the initial
multinomial logit information access model). Thehaviour of those who chose new
products presented in Option B choices suggesttively little motivation to access
attribute information. Information access behavioiuthose who chose Option C over
their regular bread product is somewhat differértiese respondents tended to access the
combination of information on the environment and &ttributes, but not to access
these information topics when they were presemtdvidually.

Table 1 also reports estimation of the six linkialles with a random parameter
specification. These help to interpret the impdcéhformation access on bread choices.
Variables HEB and ENB are significantly negativedicating that those who accessed
any information on the health- or environmentaatedl topics were less likely to choose
Option B than Option A as their desired productich@lternative. Accessing
information about the GM attribute did not seenafiect product choice. Since the

11



mean estimates of variables HEC, ENC, and GMC lanesggnificant, the choice of
Option C over Option A is not well explained by asfithe three types of information
access dummy variables. However, the analysisidd&sate that bread choice behavior
is associated with information access decisions.

We note that the standard deviations of variableB ldnd GMC are both
strongly significant and that the standard deviatdHEC is marginally significant.
These significant standard deviations indicateettistence of heterogeneity among the
sampled consumers in terms of their individual dilletween these two decisions. For
coefficient HEB, although the mean estimate is tiegaits associated standard deviation
implies that about 33.4% of respondents would beertikely to choose Option B if they
accessed health-related information. Since thenrasimate of coefficient GMC is not
significant, its significant standard deviation irates that about equal numbers of
respondents chose, as did not choose, Option C thiegrclicked GM-related
information. A similar interpretation exists fdret coefficient HEC and its standard
deviation.
Further Discussion and Conclusions

The results of our study indicate that informatudfered, even on issues that are
widely considered to be contentious, like GM foisdhot always accessed or processed.
This may occur because of time constraints arltfoause the issue or topic is not
considered to be of interest by some individuatsn& previous studies in the agricultural
economics literature have provided different typemformation to surveyed
respondents and have found that these influenagidecbehaviour. This is not evident
from our study where information was offered rattiem provided. Although those who
chose Option B might be viewed as variety-seekongamers, and those who chose
Option A as habit-preferring consumers who weratnatly more inclined to seek
information, interpretation of our findings seemsrencomplex than this. There does
appear to be an interaction between the decisiagdess information and the product
choices made by respondents. Further, theredeptly much heterogeneity in the
relationship between those who accessed informatoithe nature of their product
choices. A plausible explanation of our resultates to our finding that those who
tended to access information also tended to hole: rstwongly adverse opinions about

12



GM food than those who did not. Further, reseaegorted in the social psychology
literature on information and GM food (Scholdered &rewer, 2003) suggests that
where negative attitudes to GM food are well-erthenl, these are unlikely to be
changed by information strategies. It appearstthatmay be the case for numbers of

respondents to our survey.

13



Table 1. Estimation Results of the Simultaneous Maxl

Random
Variables Coefficients Std. Error Variables Coefficients Std. Error
B 1.323%** 0.3379 HEB -0.653*** 0.224
C -3.487*** 0.253 SDHEB 1.493*** 0.389
PRICE -0.443%+* 0.168 ENB -0.545*** 0.194
GMO -2.310%** 0.372 SDENB 0.277 0.287
HE 0.723** 0.319 GMB 0.105 0.219
EN 0.070 0.303 SDGMB -0.428 0.267
GMOHE 0.486 0.337 HEC -1.107 0.923
GMOEN 0.841%** 0.325 SDHEC -0.798* 0.474

ENC 0.024 0.557

SDENC -0.840 0.587
GMC -1.670 1.131
SDGMC 0.844** 0.432

Variables Marginal Effects  Std. Error Variables Marginal Effects  Std. Error
CONST1 -0.159%** 0.052 CONST2 -0.148*** 0.037
MALE1 -0.027*** 0.007 MALE2 -0.017** 0.009
AGE1 -0.043** 0.022 AGE2 0.037** 0.019
CHILD1 -0.017 0.011 CHILD2 0.009 0.013
EDU1 0.104*** 0.037 EDU2 0.036** 0.016
EMP1 -0.002 0.006 EMP2 -0.019 0.014
INC1 -0.007 0.005 INC2 0.027 0.018
CGP1 0.063*** 0.019 CGP2 0.093*** 0.024
QuB1 0.028** 0.010 QuUB2 -0.018** 0.008
RURAL1 -0.089** 0.033 RURAL2 0.054** 0.015
B1 -0.003 0.006 B2 0.272%* 0.043
C1 0.001 0.002 Cc2 0.037** 0.015
CONST3 0.073** 0.042 CONST4 -0.148*** 0.036
MALE3 0.001 0.012 MALE4 0.027** 0.016
AGE3 -0.311%** 0.092 AGE4 -0.048** 0.022
CHILD3 0.004 0.015 CHILD4 -0.025** 0.017
EDU3 -0.074%** 0.026 EDU4 0.086*** 0.024
EMP3 -0.006 0.019 EMP4 0.000 0.022
INC3 0.074*** 0.023 INC4 0.005 0.016
CGP3 0.093** 0.033 CGP4 0.095%** 0.026
QUB3 -0.022** 0.008 QuUB4 0.012 0.020
RURAL3 -0.043** 0.017 RURAL4 -0.017 0.011
B3 -0.002 0.001 B4 0.017 0.013
C3 0.000 0.000 C4 -0.011 0.007
CONST5 -0.077* 0.030 CONST6 -0.060*** 0.020
MALES -0.011** 0.004 MALEG6 -0.034*** 0.010
AGE5 0.074** 0.026 AGE6 -0.083*** 0.022
CHILD5 -0.023** 0.009 CHILD6 -0.022** 0.008
EDU5 -0.067*** 0.020 EDU6 0.020 0.016
EMP5 0.071*** 0.022 EMP6 0.026** 0.011
INC5 0.009 0.008 INC6 -0.004 0.009
CGP5 -0.093*** 0.029 CGP6 -0.102*** 0.033
QuUB5 0.056*** 0.017 QUB6 0.033 0.014
RURALS 0.021** 0.010 RURALG6 -0.038** 0.017
B5 0.005** 0.002 B6 0.063*** 0.019
C5 0.001 0.002 C6 -0.021** 0.009
CONST7? 0.131** 0.052 adj. pseudo-R?
MALE7 -0.072** 0.032 LL -746.781
AGE7 0.437*** 0.062
CHILD7 -0.076** 0.038
EDU7 -0.054 0.040
EMP7 -0.126%** 0.035
INC7 -0.072** 0.032
CGP7 0.149** 0.065
QuUB7 -0.067** 0.026
RURAL7 0.048** 0.023
B7 -0.001 0.001
Cc7 0.000 0.000

Note: Labels 1 through 7]
identify, respectively,
those accessing
information related to
health only,
environmental only, GM
only, health and
environment only, health
and GM only,
environment and GM
only, and all three types
of information.

*, ** and *** indicates significant at the 10%, 5%, and 1% significance level respectively.
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Figure 1. Summary of Marginal Effects in the Singleand Simultaneous Multinomial

Models
Single Model
Consumer Characteristics Information Access Probabilities by Category (Compare to No Access)
Health Health Health  Env. and
Only Env.Only GM Only and Env. and GM GM All
Male - - 0 + - - -
Older = 0 = 0 + = +
More children - 0 0 - - - -
High education + + = + > 0 >
Employed 0 - 0 0 + + -
High income = + + 0 0 0 =
Member of consumer group + - + 0 0 0 -
Quebec resident + 0 = 0 + + =
Rural resident - + - 0 + - 0
Chose Alt. B 0 0 0 0 0 0 0
Chose Alt. C 0 + - + - 0 0

Simultaneous model

Consumer Characteristics

Information Access Probabilities by Category (Compare to No Access)

Health Health Health  Env. and

Only Env.Only GM Only and Env. and GM GM All
Male - 0 + 0 0 0 0
Older = + = = + = +
More children 0 0 0 0 - - -
High education o o - i - 0 0
Employed - + + 0 0 - -
High income = 0 + 0 0 0 =
Member of consumer group + + + + - - +
Quebec resident = = + 0 = 0 +
Rural resident - 0 + 0 0 - 0
Chose Alt. B 0 - 0 0 - - 0
Chose Alt. C 0 - - 0 0 + 0
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