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Table 1. Description of Actual Distributio%s and Statistics for the samples

Used by DEMP,

_ Normal Triangular Uniform
g X X Xy 2! %2
Actual _
Min. Value - - -24.64  -7.49 -14.49  -2.95
Max. Value - - 44 .64  23.49 34.49 18.95
Mean 10 8 éo 8 10 8
Variance 200 40 200 40 200 40
Correlation 0 0 0
Generated for }
Quadratic Utility } |
. S . ; 1
Min. Value -37.78 -9.04 -22.68 -6.68 -14.37  -2.94
Max. Value 58.54 31.19 - 42.88 © 23.10 34.46 18,94
Mean 9.32 7.91 10.36 7.97 9.46 7.98
Variance 193.45 43,27 202.91 41.26 195.67  38.75
Correlation 0.05 -0.02 =0.02
) ] v
Generated for f
Neg. Exp. Utility |
Min. Value -32.35 -10.29 -22.83 -6.13 -14.30 -2.95
Max. Value 47.60 27.58 43,77 22.71 34.49 18.93
Mean 9.72. 7.91 9.93 8.01 9.94 8.27
Variance 209.78 41.73 206.}5 38.70 192.10 39,00
Correlation 0.01 }0.0l 0,02
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Table 2, Analytfc and CQmputed Solutions. 4¢“1-”: B SR B
Quadratic v'@w | it ‘Negative Exponential
. Normal‘Tr1angu]ar nlnqrmi; aormal Triangu1ar Uniform
Analytic Solutions o ‘t %ﬁ
g REEN 1} oo |
T x 100 - 50,82 50.82 ;'@ .50 . 8.75 | 7.02
E(u) b - 759.02 759.02 . 75 =3.97 -0.60
' B B 1 Lo
DEMP Solutions 2/ R |
T x 100 #4276 56.71. 42, 1.3 |8.89
E(u) 727.52 773.57 73 -1.70 -0.47
 DEMPQ-1 Solutions &/ i ; |
T x 100 . 52,60  50.82 50,82 | 17 8.94 7.01 "
t(u). b/ 1 753.47  759.02 759.02 [4176.93  -4.18  -0.59
E(u) Error Estimate =" 235.91 0.93 | 0,00 '¥19Z4~69 1.17 1 0.04
DEMPQ-2 Solutions & e o
, R | L 1 )
T x 100 . 50.68 50.82 50,82 |17, - 8.75 17.02
E(u) b/ 758.37 759.02 759“923‘%4114 56 -3.97 -0.60
E(u) Error Est1mate 4,98 0.93 | ©.0.00" ' {0 12 0.01 ‘O 00
Number of Points - 1365 341 21 }‘5461‘ 5461 f1365 ‘
v : ;i L - I ! ! -
i ]‘ ?ti» | |
| V””f': b |
a/ DEMP and DEMPQ-1 used 1000 and 341 po1¢f$g Lesb‘ lvely, to evaluate the
integral, The number of points for DEM QIZ‘was,determ1ned dynamically so
that the error estimate would be no‘;prger &han one percent of ‘the
: optlmal expected utvllty computed by DEIQ-I.r . ;
. ) 1‘ B 3 o X
5 1he expected ut1l1ty error estimate reféhbfl,«, error computed by DEMPQ
in the lntegral evaluat1on process .ﬁiﬁwk i %3q‘ RN S
% | \ﬁu %
; N LR I
{ .
:
g ;
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