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Missing data problems are always prevalent and inevitable in survey
data such as national nursery survey when we investigate the

FCS Predictive Mean Matching Method (Continues Variable) [4]
» Fit a linear model for each continuous missing variable (x;) given
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We showed that the FCS method is more robust and superior than the
MCMC method. However, the further performance of the FCS method
should still be thoroughly investigated by simulations. Since the FCS
method is more flexible, different conditional distributions can be
tailored for different types of covariates with missing information. An
extension of exploring the performance of the FCS method under
different conditional distributions would be useful and valuable.

Note: r: Relative Increase in Variance, A: Fraction of Missing Information,
RE: Relative Efficiency
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