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ABSTRACT

Development institutions and projects frequently seek to target poorer segments
of the population. Y et, existing methods for evaluating their outreach are generally
unsuited to most operational settings, since they are either too costly and cumbersome
(e.g., detailed income or household surveys), or they produce results that are not
comparable between villages or regions within a country (e.g., participatory poverty
appraisals).

This paper presents a new and operationally suitable method to measure the
poverty of clients of development projectsin relation to the general population of
nonclients. The method was devel oped in response to demands by donors and
development practitioners for alow-cost evaluation instrument that could be used as a
regular operational tool for assessing the poverty outreach of a development project or
ingtitution. While the method was originally devel oped for the purpose of assessing the
poverty outreach of microfinance institutions (MFIs), we believe the method can be used
for any development policy or project that pursues an explicit objective of reaching
poorer people.

The paper begins by discussing existing methods of poverty assessment. Next, the
paper presents heuristic steps for identifying indicators of poverty to be tested in the case
studies, including the questionnaire that was field tested in four countries with large
differences in poverty-level, socioeconomic, and cultural contexts, and with MFIs that

worked either in urban, rural, or mixed areas with different target clientele and financial



products. The authors then describe the method of principal component analysis used to
construct a poverty score as the measure of relative poverty. The paper concludes with a
summary of results from four country case studies (two in Sub-Saharan Africa, onein

South Asia, and onein Central America).
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1. INTRODUCTION

The reduction of poverty isan explicit or implicit objective of most development
policies and projects, so that targeting of policies and project servicesto the poor is
important in developing practice. However, the lack of simple, low-cost tools for
assessing whether a project reaches the poor resultsin either no project monitoring or
monitoring activities that use simple but crude descriptions of project beneficiaries (such
as the share of women, farm size, or occupation of program beneficiaries), or in rapid or
participatory assessments that are not well-suited for within- or between-country
comparisons.

This paper describes an operational tool developed over the past two years by the
International Food Policy Research Institute (IFPRI) with technical and financial support
of the Consultative Group to Assist the Poorest (CGAP). The tool was designed to assess
the poverty level of project beneficiariesin relation to the general population in the
intervention area. To be useful to policy analysts, donors, and development practitioners,
the tool must meet reasonable time as well as cost constraints, i.e., the evaluation
procedure must be completable in afew months, with the average cost per assessment not
exceeding US$10,000.

After areview of the different methods of poverty assessment that guided our
choice of methodology, we describe the properties of the poverty assessment tool in
detail. The tool wastested in collaboration with microfinance institutions (MFIs) in four

case studies; onein Latin America, two in Sub-Saharan Africa, and onein Asia. We



believe the tool has a potential for broader application, however, not only in the field of
microfinance. The methodology is applicable for other development interventions, with
clearly defined target groups such as various types of income transfer and public work
programs as well as other food and social security-related interventions. However, it is
recommended that future research studies validate the tool by comparison with

established national poverty benchmarks.EI

2. CHOICE OF METHODOLOGY

DESIGN CONSTRAINTS FOR THE DEVELOPMENT OF THE POVERTY
ASSESSMENT TOOL

At the outset of the research project, a number of design parameters for the

development of the poverty assessment tool were defined:

* Thetool should be implementable by national research organizations and
consultants in devel oping countries that have prior experience with

socioeconomic surveys and statistical analysis;

! The tool was developed by IFPRI with technical and financial support of CGAP. Among the different
development interventions, microfinance is increasingly viewed as a way to enable the poor to carry out

profitable self-employment activities. The need to reach out to the poor through microcredit was
reemphasized at the Micro-Credit Summit in 1997, but many practitioners, donors, and researchers
perceive atrade-off between financial sustainability and depth of outreach, although the exact nature of the

trade-off is not well understood (see, for example, Hulme and Modley 1996). At present, no operational,
low-cost tool exists for measuring the depth of poverty outreach of MFIsin away that allows for within- or

between-country comparisons. The lack of a practical poverty assessment tool was the motivation for this

collaboration.



* Thecost of implementing the tool should be relatively low (averaging
US$10,000);

* Thetime frame for assessment should be short, i.e., the final results available
within a couple of months;

» Thetool should measure the poverty level of microfinance clientsin relation to
the genera population in the operational area of the MFI;

* Thetool should be flexible and general enough to be suitable for usein both
urban and rural areas in developing countries;

* Results should be readily interpretable and comparable across programs within

countries and, if possible, also between countries.

SELECTION AMONG ALTERNATIVE METHODS FOR ASSESSING POVERTY

The characteristics of poverty are multidimensional, encompassing various
aspects of a household’s economic and social status. Capturing these dimensions requires
both qualitative and quantitative indicators. In devel opment practice, three major types of

poverty assessment methods are generally used:

» Construction of a poverty line and computation of various poverty measures that
take into account the way in which actual household expenditures fall short of the
poverty line (Ravallion 1994; Foster, Greer, and Thorbecke 1984; Moser et al.

1994, Streeten 1994);



* Rapid appraisal and participatory appraisal methods in which households are
ranked with respect to their wealth by community members themselves
(Bilsborrow 1994);

» Construction of a poverty index using a range of qualitative and quantitative

indicators (Hatch and Frederick 1998; Chung et al. 1997).

The discussion below of the advantages and disadvantages of the three methods

lays the basis for our choice of atool based on the third method.

Method 1. Computation of a Poverty Line Based on Household Expenditures

The standard practice in poverty analysis has been to use household total
expenditure as the primary measure to evaluate the standard of living of households
(Grootaert 1983, 1986). Nationally representative household surveys such asthe Living
Standard Measurement Survey conducted by the World Bank are typically used to
estimate poverty line and measure incidence of poverty.

The criteriaused in ng whether a household is poor is based on an
evaluation of whether household income is sufficient to meet the food and other basic
needs of all household members. To make the assessment, a basket of goods and services
corresponding with local consumption patterns and satisfying a pre-set level of basic
needs for one person is constructed and valued at local consumer prices to compute its
minimum cost. The value of this basket is called the “ poverty line,” and is most

commonly expressed in per-capitaterms. If the per-capitaincome of household members



is below the poverty line, the household and its members are considered poor. If this does
not hold, the household is categorized as nonpoor (Aho, Lariviére, and Martin 1998;
Lipton and Ravallion 1995).

The advantage of Method 1 isthat it isawidely accepted measure of poverty—as
far asits economic dimension is concerned. However, the data requirements of this
method are very steep, and very comprehensive questionnaires are needed to collect it.
The standard practice isto record food expenditures, using arecall period of one week
and a combination of monthly or yearly recall periods to collect information on various
nonfood expenditures. Even though poor households in devel oping countries consume a
small number of goods, given the long recall periods, accuracy in reporting isavalid
concern. Second, even if consumption items can be accurately recalled, ways have to be
found to value home-produced foods when market prices are lacking; irregular weights
and measures cause problems in computation of quantities; and information on a number
of high-value items (e.g., rental value of housing) is likely to be seriously deficient. Of
course, the scale of these problems can be substantially minimized through extensive
training of interviewers, multiple household visits, and cataloging of informal weights
and measures. However, the effect on the survey cost and the time required to address
these problems are likely to be prohibitive. Moreover, the analysis of expenditure data
necessitates advanced skillsin statistical data analysis, which tranglates into high costs
for dataanalysis as well.

The costs of the survey could potentially be reduced if the evaluator had access to

data on a national benchmark poverty indicator established in a previous national



household survey on poverty. If these data are accessible, one could choose to undertake
asimilar household survey only for MFI clients and to compare these results with the
national poverty benchmark for the general population. This kind of comparison has been
recently done by Navajas et al. (2000) in Bolivia. One of the major strengths of this
approach is that a nationally accepted poverty measure is used and the issue of how to
measure poverty isavoided. In the case of Bolivia, the national poverty benchmark isthe
so-caled Index of Fulfillment of Basic Needs (IFBN), similar to the Method 3 discussed
below. Thisindex comprises about 10 indicators capturing housing quality, access to
public services, education, and access to informal and formal health services; the
indicators are combined using weights that have been determined by a form of
consultative process among national poverty experts and policy analysts. Navagjas et al.
(2000) obtained information on these indicatorsin their survey of MFI clients (with the
exception of access to health services) and computed the index so as to be comparable to
the already-available national benchmark. Thisis auseful approach especially in the case
where arelatively simple poverty index has been established at the national level.
However, the approach of comparing information on the MFI clients with a
national poverty benchmark for the general population in the country is not universally
applicable for the following reasons. First, the method is only applicable in developing
countries that have already undertaken a national poverty study on the basis of which a
poverty benchmark index or a poverty line has been established. Second, even when
countries have an established poverty measure, the measure is usually based on

expenditure data rather than on arange of qualitative indicators (as indeed isthe case in



Bolivia). When thisis so, avery detailed and time-intensive expenditure survey of MFI
clientsisrequired, usually violating the design parameters. Moreover, whenever a
substantial time lapse occurs between the national survey and the assessment exercise,
factors such as inflation and changes in relative prices are likely to make comparisons
difficult or even plainly inadvisable. Usually, tackling such issues requires advanced
analytical skills and access to the source data from the nationa survey. Third, in many
countries, thereislikelihood that access to the national data may be restricted or the
government is reluctant to release it. Other countries (e.g., China) sell the data at costs
that exceed the field research budget envisaged for thistool. In still other countries, the
data may be poorly documented so that considerable time is needed for a skilled poverty
analyst to make the data comparable and resolve the issues of inflation and changesin
relative prices. Fifth, to assure valid comparison, data collection methodology used in the
program assessment exercise must closely replicate the method used in the national
poverty assessment. Thisrequiresalevel of collaboration that may either be unfeasible or
too expensive. Finally, as MFIs are expected to operate in above-average regions or cities
of a country, an assessment should be able to account for selection bias in program
placement (Sharma and Zeller 1999).

In summary, while comparison with existing national benchmarks may provide
valid assessment of poverty outreach of aMFI, it is, in practice, often unfeasible. We
conclude that the tool, to be universally applicable, must collect poverty datafor

nonclients to assess the relative poverty of MFI clients.



Method 2: Rapid Assessment and Participatory Appraisal

Rapid Appraisal (RA) and Participatory Appraisal (PA) are grouped together as
the second method. The two approaches are often thought to be the same, since they seek
input from community members using similar techniques, e.g., wealth ranking and
community mapping. There are differences, however (Bergeron, Morris, and Medina
Banegas 1998). The ultimate goal of PA is empowerment of the target group. This
necessitates extensive participation by the community and assumes an open research and
development agenda. This can hardly be done within one or two days. RA methods, on
the other hand, are meant to provide evaluators data on the community in avery short
time. RA requires the participation of the community, but the timeframe is usually a one-
day visit to the community and the agenda of the inquiry is predetermined.

RA and PA methods are widely used and accepted tools for identifying vulnerable
groups in acommunity (Bilsborrow 1994; Boltvinik 1994; Hatch and Frederick 1998).
They are extensively used by development programs and institutions, including MFlIs, for
targeting services to poorer clients. The RA method, in particular, has relatively low time
requirements for data collection. While these methods can be well suited for targeting and
for the participatory design of development projects and services, a number of
disadvantages exist for assessing poverty for purposes of regional, national, or
international comparisons (see, aso, Chung et al. 1997). First, the results are difficult to
verify, because they stem from the subjective ratings of community members. Thus, the
results are difficult to compare across geographic locations or programsin a country

(Chung et al. 1997). Second, the approach is likely to find poor people in any community,



and the percentages of poor people may not vary much across villages. In other words,
the method may be consistent in finding the poorest third in one village, but it may not be
consistent in finding in which communities the poorest third of an entire region reside.
Third, asthe results are hard to verify—a problem with household expenditure as well,
strategic responses that make everybody or certain groups of the community poorer
cannot be ruled out as the respondents may expect to receive benefits, such as accessto
financial services, after the completion of the poverty assessment. To avoid this kind of
bias or strategic responses, verifiable indicators should be used as much as possible.
Finally, the PA method requires skillful and experienced communicators who will
command higher salaries than enumerators who are required only to apply a structured
and formalized questionnaire. For national and international comparisons, there could be
concern about the bias introduced by the way that PA isimplemented. Thus, while we
agree with Chung et a. (1997) that these methods are useful and operational for targeting
services by specific development programs, including MFIs, they considerably violate the

design constraints spelled out above.

Method 3: Constructing a Poverty Index Based on a Range of Indicators

A third method of assessment isto identify arange of indicators that describes
different dimensions of poverty and for which credible information can be quickly and
inexpensively obtained. Once information on the range of indicators has been collected,
the indicators may be aggregated into a single index of poverty by using some weighting

scheme. One well-known application of this method is the Human Development Index
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(HDI) (UNDP 1999; Annand and Sen 1994), which is based on three components:
educational attainment, life expectancy at birth, and per-capitaincome adjusted for
purchasing-power parity. The national poverty index for Bolivia, mentioned above, also
follows this method.

A particularly popular example of the indicator method is the housing index used
by many MFIs (in particular, in South and Southeast Asia) for targeting financial services
to poorer clients (Hatch and Frederick 1998). Among its major advantages is that the list
of indicators contributing to the housing index, such as quality of roof or walls of the
house, can be obtained very quickly through inspection. Also for this reason, strategic
misrepresentation in responses can be minimized. Another strength of the housing index
isthat the housing indicators can be easily adjusted to local peculiarities. For example,
different types of roofs used for the housing can be distinguished in consideration of
locally available roofing materialsin the area. Because of its operationa ease and the low
costs of obtaining and analyzing information, the housing index iswidely used by MFI
practitioners, particularly in Asia, where the concept originated. At present, its maor use
isto identify poor households for targeting by program services. Among the
disadvantages is that the weights assigned to individual indicators in the aggregation
process are somewhat arbitrarily set by the development institution that applies the index.
In fact, because of differing housing conditions across (or even within) countries,
proponents of this approach call for adjusting the weights from country to country as well
asincluding aternative indicators of poverty (see Hatch and Frederick 1998; Gibbons

and DeWit 1998). However, precisely because of the arbitrarily set weights, comparisons
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within and across countries can be questionable. Another mgjor disadvantage of the
housing index is that the index only focuses on a single dimension of poverty (e.g.,
housing), neglecting other important dimensions such as food security, vulnerability, and
human capital.

In principle, the time and cost requirements of the indicator method in terms of
data collection and analysis can be relatively low. It can be valid if several dimensions of
poverty are included. For these reasons, the indicator method was chosen as the basis for
the poverty assessment tool. The tool seeksto build on the many strengths of the housing
index, but allows for arigorous and standardized procedure for determining the weights
and including alternative, location-specific indicators. Moreover, the measurement scale
has been standardized to alow comparisons of programs between countries.

The choice of the indicator method led to the following working stepsin

developing the tool:

1. ldentifying alarge number of indicators that reflect poverty levels powerfully and

for which credible information can be quickly and inexpensively obtained,

2. Designing a survey methodology that facilitated the collection of information on

these indicators from households living in the operational area of the MFI; and

3. Applying a suitable statistical methodology for summarizing information
contained in the various indicators into a single summary index that could be used

to make poverty comparisons between households.
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Theinitial compilation of indicators for this approach was based on a detailed
review of results of large, in-depth surveys on household economics as well as of
indicators and methods used by MFIs, famine early warning systems, and national
monitoring systems for food security, nutrition, and vulnerability (see, for example,

Wratten 1995; Radimer et al. 1992).

3.MULTIPLE DIMENSIONS OF POVERTY AND CHOICE OF INDICATORS
FOR CASE STUDIES

Because of the multifaceted nature of poverty, we do not recommend reliance on
any one dimension such as housing, food security, or access to education. Rather, to
capture different dimensions of poverty, we used two groups of indicators to develop a
generic questionnaire that was then field-tested with four MFIs, onein Latin America,
two in Sub-Saharan Africa, and onein Asia

The first group of indicators expresses the means to achieve welfare. These reflect
the income potential of households and their members and relate to the household' s
human capital (family size, education, occupation, etc.), physical capital (type and value
of assets owned), and social capital (for indicators on social capital, see, for example,
Grootaert 1998). The second group includes indicators related to achievementsin
consumption in order to fulfill present and future basic needs (namely access to health
services, food, electricity, energy, water, shelter and clothing, human security, and

environmental quality). Studies comparing different indicators based on income and
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consumption conclude that recommending one measure over another is difficult
(Skoufias, Davis, and Soto 2000). However, consumption over time (seasons or years) is
more stable than income, and households provide information more easily on what they
consume than on what they earn. For this reason, our method heavily relies on
consumption indicators, athough the first group of indicators expressing means available
to the household to increase its standard of living is also included.

In coming up with reliable indicators, the key challengeisto identify key
components of consumption that are either unambiguous measures of poverty (such as
incidence of hunger) or those that correlate well with—or are good proxies for—total
household expenditures. Hence, it is not necessary to compile all the food and nonfood
expenditures of a household, since some types of expenses are closely related to the level
of poverty of a household, and others not. For example, studies have shown that the
proportion of clothing expenditures in the household budget remains stable, around 5-10
percent of total expenses (Aho, Lariviere, and Martin 1998; Minten and Zeller 2000). A
recent study by Morris et al. (1999) found clothing expenditure to be one of the
expenditure components that increased proportionally with total household expenditures.
Since clothing, unlike food commodities, usually requires the purchase of either the
finished garment or materials to make a garment, it also avoids the valuation problem
associated with imputing costs for home-produced goods.

The preselection of over 300 indicators belonging to the above two principal

groups that were tested in the four case studies was based on the following steps:
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1. Extensiveliterature review and expert consultation on the general availability and
use of poverty indicators, including indicators developed for operational project
monitoring and poverty targeting (see Hatch and Frederick 1998; Chung et al.
1997);

2. Useof eight-point criteriato evaluate indicator suitability, namely: suitability for
rural and urban contexts, sensitivity of question, time and cost requirements to
obtain answer, quality of the indicator in discriminating between different poverty
levels, reliability (including the possibility to verify the answer in arecheck),
simplicity, and universality in an international context;

3. Development of a generic questionnaire for testing selected indicatorsin four case
studies,

4. Adaptation of the questionnaire in the field to account for local-level specificities;

5. Obtaining information for each indicator through a structured household survey.

It is, of course, not surprising that the preselected indicators contained many that
are used by national poverty and vulnerability monitoring systems as well as
development programs, including MFIs. For example, al of the indicators used to
construct the housing index and indicators of the net worth test used by the Grameen
Bank were included.

The questionnaire was field tested in four countries with large differencesin
poverty-level, socioeconomic, and cultural contexts, and with MFIs that worked either in

urban, rural, or mixed areas with different target clientele and financial products. The
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selection of the case study countries was guided by the desire to have as much
heterogeneity as possible as well as to conduct field testing with the aim of reducing the
number of indicators to be included in the final recommended questionnaire. This was

done through the following steps:

1. identifying indicators independently for each case study that are tightly related to
poverty levels,;

2. identifying indicators that are suitable to al four countries (i.e., those that are
robust to diverse socioeconomic and cultural contexts);

3. identifying indicators suitable for capturing local specificities and evaluating their
importance in the overall assessment;

4. cataloging cost and other constraints and problems of the survey tool and related
analysis encountered in the case studies,

5. sharing the results with the selected MFls and other stakeholders so asto critically
evaluate the method;

6. developing, testing, and standardizing a method that sums up the different
indicators in one poverty index and allows comparisons of relative poverty
outreach between MFIs and countries; and

7. documenting all proceduresinvolved in auser-friendly manual to support future

independent assessments.
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4. INDICATORSIN THE FINAL RECOMMENDED QUESTIONNAIRE

Steps 1 to 6 above led to the selection of the final list of indicators (Table 1) for

the recommended questionnaire (Annex 1). The selection of thislist was based on a

number of criteria, including the ease and accuracy with which information on the

indicators could be elicited in the household survey and the significance of the correlation

of the indicator with per-capita expenditure on clothing and footwear (the poverty

benchmark indicator) .EIThe indicators that were selected for the final recommended

guestionnaire are listed in Table 1 (Henry et al. 2000) (see Annex 2 for the full version of

the recommended questionnaire).

Table 1: Indicatorsin thefinal recommended questionnaire

Human resour ces Dwelling Food security and vulner ability Assets Others
* Ageandsexof ¢ Number of rooms ¢ Number of mealsservedin last Areaandvalue ¢ Nonclient's
adult household  « Type of roofing two days of land owned assessment
members » Typeof exterior * Serving frequency (weekly) of Number and of poverty
o Levd of walls three luxury foods value of outreach of
education of » Typeof flooring * Serving frequency (weekly) of selected MF
adult household Observed oneinferior food livestock
members structural * Hunger episodesin last one resources
* QOccupation of condition of month Value of .
adult household dwelling « Hunger episodesin last 12 transportation-
members « Typeof dectric months related assets
* Number of connection « Frequency of purchase of staple  * Vaueof
(ig' L/cg:rr; kc))?lgg\g/ve * Type of cooking goods gpﬁgﬁc%
in household fuel used » Size of stock of local staplein
. * Source of dwelling
e Annual clothing/ drinking water
footwear i
expenditurefor  * Typeof latrine
al household
members

2 Per-capita clothing expenditure was chosen as the benchmark indicator since it bears a stable and highly
linear relationship with total consumption expenditure, a comprehensive and widely accepted measure of
poverty. Annex 1 shows the cumulative distributions for this benchmark indicator for the four countries.
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5. ESTIMATION OF THE POVERTY INDEX WITH PRINCIPLE COMPONENT
ANALYSIS

The use of multiple indicators enables a more complete description of poverty,
but it also complicates the task of drawing comparisons. The wide arrays of indicators
have to be summarized in alogical way, underlining the importance of combining
information from the different indicators into a single index. The creation of an index
requires undertaking the difficult task of finding a set of weights that can be meaningfully
applied to different indicators so as to come to an overall conclusion.

The usual practiceisfor the evaluator to set the weights himself, taking account
of local conditions but otherwise involving a significant degree of arbitrariness. However,
in order to allow comparisons across MFls within and across countries, an aggregation
method was required that would evaluate each indicator and determine the weightsin a
standardized and rigorous way. We expected, however, that the relative strengths of
different indicatorsin predicting poverty were very likely to vary across regions and
countries. This explained our preference for a method that allows adjusting weights for
each situation, taking into account the specific poverty context existing therein. For
example, for the case of nutritional indicators, Habicht and Pelletier (1990) show that
context matters in the choice of appropriate nutrition-related indicators. Moreover, the
aggregation method should allow the testing and eventual inclusion of indicators that are
location-specific and are recommended by national experts. Thus, while the indicatorsin

Table 1 are recommended, the poverty assessment tool allows the inclusion and testing of
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additional local indicators. For example, in Nicaragua, alarge share of rural households
had members who worked abroad and improved the living standard of the family through
remittances. Hence, aremittance-related indicator was deemed important.

The method of principal component (PC) analysis, when used as an aggregation
procedure, addresses most of the concerns raised above in an objective and rigorous way
(see, for example, Temple and Johnson [1998] and Filmer and Pritchett [1998, 1999]).EI
Specifically, PC analysis isolates and measures the poverty component embedded in the
various poverty indicators and creates a househol d-specific poverty score or index.
Relative poverty comparisons are then made between client and nonclient households
based on thisindex. Basically, the principal component technique slices information
contained in the set of indicatorsinto several components. Each component is constructed
as aunigue index based on the values of all the indicators. The main ideaisto formulate
anew variable, X', which is the linear combination of the original indicators such that it
accounts for the maximum of the total variance in the original indicators. That is, X is

computed as

X =wa Xa+t we Xotws Xs s

3 Because of lack of income and expenditure data, Filmer and Pritchett (1998) and Sahn and Stifel (2000)
use the principal component method, and apply it to national household data for India and for data from the
Demographic and Health Surveys of various African countries, respectively. Filmer and Pritchett (1998)
estimate the relationship between household wealth and the probability that a child is enrolled in school. As
a proxy for household wealth, they constructed a linear “asset” index from a set of asset indicators, using a
principal component technique. They conclude that this index is robust, produces internally coherent
results, and provides a close correspondence with available economic data at higher aggregation levels.
Filmer and Pritchett (1998) then validate this method with other datasets from Nepal, Indonesia, and
Pakistan, which contain asset indicators and consumption expenditures as well. They find that the asset
index has reasonable coherence with current consumption expenditures and works as well—or better
than—traditional expenditure measuresin predicting enrollment status.
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where the weights (the ws) are specified such that X~ accounts for the maximum
variances in Xy, Xp, and X3. Thisindex has a zero mean and a standard deviation equal to
one (Basilevsky 1994; Sharma 1996).

The PC analysis therefore extracts underlying components from a set of
information provided by summary indicators. In the case of this poverty assessment tool,
information collected from the questionnaires make up the “indicators,” and the
underlying component that isisolated and measured is “ poverty.” The first principal
component accounts for the largest proportion of the total variability in the set of
indicators used. The second component accounts for the next largest amount of
variability not accounted by the first component, and so on for the higher order
components.

In the example presented in Figure 1, PC analysis uses the information on the co-
movement among the indicators to isolate and quantify the underlying common
components, e.g., poverty and demography. The poverty component is expected to
account for most of the movements in the indicators and will be the “strongest” of all the
components. The poverty component can be easily identified by analyzing the signs and
size of theindicators in relation to the new component variable. For example, according
to theory, education level should contribute positively—not negativel y—to wealth.

PC analysis, hence, can be used to compute a series of weights that mark each
indicator’ s relative contribution to the overall poverty component. Using these weights, a
househol d-specific poverty index (or score) can be computed based on each household's

indicator values.
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Figure 1: Indicators and underlying components

Poverty Demographic
Components— characteristics
v\
. Human Dwelling Asset Food Other
Indicators— resource indicators indicators indicators indicators
indicators

In our case, the indicators contributing to the index were selected in two stages of
statistical analysis. Firgt, the strength and significance of the correlation of each of the
initial 300 indicators used in the test studies with the poverty benchmark indicator, i.e.,
per-capita clothing expenditure, was tested. Only those that are significantly correlated
(with aprobability of error less than 10 percent) with the benchmark indicator were
submitted to the second stage involving principal component analysis. In each of the four
case-study countries, 40-50 indicators passed the first stage. In the second stage, various

criteriaand cutoff values concerning the reeult@ of the PC analysis were used across all

* The following criteria or levels for accepting an indicator recommended in the manual are (1) the
component loading has the expected sign following theory; (2) the values for communality for an indicator
should be above 0.2, and the overall PC model should have a Kaiser-Meyer-Olkin (KM O) index above 0.6.
These criteria were followed in al four case studies, and led—after having them prescreened by their
correlation with the poverty benchmark—to the selection of about 20 indicators for contributing to the
country-specific poverty index.
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case studies to accept or reject indicators. Table 2 contains the list of indicators for the

four country studies that were selected by the standard two-stage selection procedure.EI
Each of the four case studies uses 14—20 indicators that combine different

dimensions of poverty concerning human resources, housing conditions, assets, and food

security and vulnerability. It is noteworthy that nine indicators (out of a potential 300)

were commonly used in three of the four cases studies.

HUMAN RESOURCES

Eight indicators related to human resources were used in the four case studies.
These indicators reflect the level of education in the household and the presence of
unskilled labor force. The percentage of wage laborers in the household seemsto be
particularly important in the relatively poorer countries of Southern Africa and South
Asia (MFI-C and MFI-D). The indicator expressing the level of education of the

household head was used in three out of four countries.

DWELLING
Dweélling indicators discriminated between relative poverty levels well. In the
case of MFI-D in South Asia, 8 of 20 indicators were related to housing quality. The

importance of dwelling indicators in South Asia supports the use of the housing index as

® Cumulative frequency distribution of per-capita clothing and footwear expenditure by client and nonclient
households is provided for each of the case studiesin Annex 1.
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Table 2: Indicator s selected to represent the poverty index, by countries

Poverty indicator MFI-A MFI-B MFI-C MFI-D #
Human resour ces 1 2 2 3 8
1. Maximum level of education in household X X 2
2. Percent of adults who are wage |aborers X X 2
3. Education level of household head X X 2
4. Percent of literate adults in household X 1
Dwelling 5 4 5 8 22
1. Vaue of dwelling X X 2
2. Roof made of permanent material X X 2
3. Walls made of permanent material X X 2
4. Quality of flooring material X 1
5. Electric connection X X X 3
6. Source of cooking fuel X X 2
7. Latrinesin the house X X X X 4
8. Number of rooms per person X X X 3
9. Access to water X X 2
10. Structure of the house X 1
Assets 5 4 3 3 15
1 Irrigated land owned X 1
2. Number of TVs X X 2
3. Number of radios X 1
4. Number of fans X X 2
5. Number of VCRs X 1
6. Vaue of radio X 1
7. Vaue of electrical devices X X X 3
8. Value of vehicles X 1
9. Value of assets per person/adult X X X 3
Food security and vulner ability 4 4 7 6 21
1. Number of meals served in last two days X 1
2. Episodes of hunger during last 30 days X X X 3
3. Episodes of hunger in last 12 months X X X X 4
4. Number of days with luxury food 1 X X X 3
5. Number of days with luxury food 2 X X X 3
6. Number of days with inferior food X X 2
7. Frequency of purchase of basic good X X 2
8. Frequency of purchase of basic good X 1
9. Food stock in house X 1
10. Use of cooking oil X 1
Miscellaneous indicator 1 1 0 0 2
1. Per person expenditure on clothing X X 2
Total number of indicators 16 15 17 20
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an important indicator of poverty in that region. However, in the African cases (MFI-B
and MFI-C), where housing is relatively homogenous, only four and five housing
indicators were used, respectively. The quality of latrines appeared in all the case studies.

House size (rooms per person) was used in three countries.

ASSETS

A total of 15 indicators on the number or value of assetsis included in the four
case studies. They were particularly important (5 out of 16 indicators) in the Central
American country (MFI-A), the most well-off country in the sample. The amount of land
possessed isimportant only for MFIs serving rural and agricultural areas, asisthe casein

MFI-D.

FOOD SECURITY AND VULNERABILITY

These indicators turned out to be very important in explaining differencesin
relative poverty in all four studies, particularly in the Southern African country (MFI-C),
which isthe poorest. The indicator of chronic hunger (episodes of hunger in the last 12
months) appears in all four cases. Indicators of short-term hunger (episodes of hunger in
the last 30 days) and frequency of luxury food consumption during the week appeared in

three cases.
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6. INTERPRETATION OF RESULTS

As indicated above, principal component analysis produces a household-level
poverty index. Figure 2 gives an example of the distribution of the poverty index across

households using MFI-B data.

Figure 2: Histogram of the standardized poverty index (MFI-B)

1]

L

BRI RT I Y

Standardized Poverty Index SCare

In each case study, arandom sample of 300 nonclient households and 200 client
households was chosen. To use the poverty index for making comparisons, the nonclient
sampleisfirst sorted in an ascending order according to itsindex score. Once sorted,
nonclient households were divided into terciles based on their index score: the top third
of the nonclient households were grouped in the “higher” group, the middle third in the

“middle” group, and the bottom third in the “lowest” group (Figure 3). Since there are
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300 nonclients, each group contains 100 households each. The cut-off scores for each

tercile define the limits of each poverty group. Client households are then categorized in

the three groups based on their household scores.

Figure 3: Constructing poverty groups

Client household with Client household with scores  Client household with

scores lessthan -.70 between -.70 and 0.21 scores above 0.21
L owest Middle Higher
Poverty | Score | Index
| | | | >
-2.51 -0.70 0.21 3.75
N A A J
Bottom 100 Middle 100 Top 100
nonclients nonclients nonclients
households households households

Cutoff scores

If the pattern of the client households' poverty matches that of the nonclient
households, client households would divide equally among the three poverty groupings

just as the nonclient households, with 33 percent falling in each group. Hence, any
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deviation from this equal proportion signals a difference between the client and the
nonclient population. For instance, if 60 percent of the client households fall into the first
tercile, or poorest category, the MFI reaches a disproportionate number of very poor
clients relative to the general population. Illustrative examples from the four case studies

are provided below.

MICROFINANCE INSTITUTION A

Figure 4 presents the poverty groups by client and nonclient households. The
distribution of MFI-A’s clients across the poverty groups closely mirrors the distribution
of nonclients, indicating that MFI-A serves aclientele that is quite similar to the general

population in its operational area. Thisresult is consistent with MFI-A’ s stated objective

Figure4: MFI-A: Distribution of client and nonclient households acr oss poverty

groups
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50 Lowest 31 33
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40 7 Higher 31 33
=
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Poverty Group
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of reaching micro, small, and medium enterprises and the diversity in the financial

products that it offers.

MICROFINANCE INSTITUTION B

Figure 5 shows that the poorest households are underrepresented among MFI-B

clients. However, about one-half of the clientsfall into the two poorest categories, which

is remarkable, considering the mission of the institution (to reach all women in business),

the focus of the product (to finance businesses after submitting a business plan), and the

lack of overt targeting.

Figure5: MFI-B: Distribution of client and nonclient households acr oss poverty
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MICROFINANCE INSTITUTION C

About half of MFI-C’s clients belong to the “higher” group, while they are
underrepresented in the poorest group (Figure 6). This result reflects the fact that MFI-
C’ s membership is share-based and open to all individuals. However, poverty outreach is
significantly higher when considering only clients belonging to the new program for
women. Nearly one-half (45.2 percent) of these clients belonged to the “lowest,” and only

19 percent of the new women clients belonged to the “higher” group.

Figure6: MFI-C: Distribution of client and nonclient households acr oss poverty

groups
% Client households
60 Typical Women's % Nonclient
clients  program households
50 Lowest 20 45 33
Middle 29 36 33
40 Higher 51 19 33
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MICROFINANCE INSTITUTION D

Figure 7 indicates quite clearly that the poorest groups are strongly
overrepresented and that less poor households are underrepresented among MFI-D’s

clients. Thisresult isnot only consistent with MFI-D’ s explicit aim to serve the poorest
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householdsin its operational area, but also indicates considerable success in its targeting

practices.

Figure7: MFI-D: Distribution of client and nonclient households acr oss poverty

groups
70
60 | % Client % Nonclient
households households
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Middle 38.5 33
% 40 Higher 3.5 33
o
3
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Poverty Group

Information contained in Figures 4-7 can be further summarized by expressing it
in simpleratios that facilitate quick comparative assessments in operational settings
(Table 3). Ratiol is computed by dividing the percentage of client households that
belongs to the poorest group by 33, the percentage of nonclient households that belongs
to this group. The ratio reflects the extent to which the poorest households are
represented in the client population. A value of 1 indicates that the proportion of the
poorest households among the MFI’ s clients equal s that of the general population. Ratios

higher than 1 imply that the proportion of the poorest households among the MFI’s
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clients exceeds that of the general population. On the other hand, ratios less than 1 imply
that the proportion of the poorest households among the MFI’ s clients falls below that of

the general population.

Table 3. Relative poverty ranking of client versus nonclients

Per centagelratio MFC-A MFC-B MFC-C MFC-D

Percent (_)f client househ_ol dswho are as poor as the poorest 309 16 203 58
one-third of the nonclient population
Ratiol 0.94 0.48 0.62 1.76

Percent of client households who are as well of as the least-

poor one-third of the nonclient population L4 51 508 35

Ratio2 .95 1.55 1.54 0.11

Ratio of country HDI to HDI for al developing countries

taken together 0.98 0.79 0.75 0.79

A similar ratio, Ratio2, divides the percentage of client households that belongs to
the less poor group by 33. The ratio reflects the extent to which less poor households are
represented in the client population. A ratio above 1 indicates that, in comparison to the
nonclient population, a greater proportion of client households fallsinto the “less poor”
group.

While Ratiol and Ratio2 provide relative poverty comparisons in the operational
area of the MFI, this information must be supplemented by country-level information
when making comparisons across countries. Thisis because the index uses relative, and

not absolute, poverty; thus, it may well be that the “poorest” clientsin arelatively rich
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country have higher standards of living than the “least poor” clientsin a poorer country.
A particularly simple way to account for between-country poverty levels using an
indicator-based framework like oursis to use the human development index (HDI)
computed by the United Nations Development Programme (UNDP). In the case studies
reported here, for example, countries had HDI indices that fell below the “ developing
country average.” To take a more specific example, the HDI for the Southern African
country where MFI-C islocated is less than 60 percent of the average for al developing
countries taken together. Therefore, even the “less poor” clients of MFI-C are likely to be
very poor according to international standards. We further suggest aratio, either based on
expert knowledge or national poverty assessments, that compares the poverty level of the
operational area (province, counties, etc.) of the MFI with the national average to
determine whether the MFI operatesin above- or below-average areas. Clearly, an MFI
operating in a better-off area of a country with ahigh HDI, and having alow ratio 1 and a
high ratio 2, will receive low ranks for poverty outreach.

Finally, a comprehensive assessment of an MFI must include an evaluation of
how its poverty outreach record reconciles with its mission and program objectives. As
the case studies themselves have shown, MFIs differ in terms of geography, their stated
mission, the type of market niche they seek, their preference for a specific type of
institutional culture, and a host of other factors. Ignoring these considerations or
providing incomplete information on institutional details failsto tell acomplete story,
and the method can be easily misused. In all of the case studies reported on here, the

concerned managers of the MFIs considered the results to be credible. The results, as
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discussed above, are also consistent with the mission, priorities, and targeting practices of

the case-study MFIs.

7. CONCLUDING REMARKS

The case studies presented in this paper contribute to the devel opment and testing
of arelatively simple tool that can be used to assess the poverty level of clients of
development projects in relation to nonclients. The main features of this new tool are that
(2) it identifies and/or constructs a small set of indicators that are powerful descriptors of
poverty and applicable across relatively diverse socioeconomic settings, (2) the chosen
indicators are such that reliable information on them can be collected quickly and
inexpensively, (3) the tool offers an objective method for summarizing overall poverty
information and unambiguously ranking households by their relative poverty levels, and
(4) it recommends computation of three simple ratios that facilitate quick comparison of
the poverty outreach of development policies and projects, even across international
boundaries. However, as with any new method, we recommend its additional testing and
validation. In particular, there is a need to compare ranking produced by this method with
rankings produced by other methods and using other benchmarks (e.g., total household
income or expenditure).

A disadvantage of the method presented here is that it does not provide
information on the absolute level of poverty. However, in many cases, it is relative rather

than absolute poverty that is of concern to the policymakers or evaluators. Further, many
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summary measures used in development policy to measure absolute poverty, such as the
cutoff of US$1-2 per day used by the World Bank and other international organizations,
are essentialy quite arbitrary, and the merits of using such measures are not clear in
many cases. More precise measures of absolute poverty based on the poverty line and the
basic needs concept are riddled with problems relating to the definition of the
representative basket of basic needsin a country. Poverty is an inherently relative
concept, and the tool developed in this paper isindeed aiming to measure relative
poverty. Therefore, the tool, and the poverty outreach ratios it generates, allows

evaluating at low cost the poverty targeting efficiency of development projects.



ANNEX 1

Cumulative Distribution for Clothing Expenditures per Capita,
by MFI and Client Status

This annex contains cumulative frequency distributions of per-capita clothing and
footwear expenditure by client and nonclient households for each of the case studies. This
indicator represents a poverty benchmark proxy (in lieu of total per-capita consumption
expenditures) and was used to screen other indicators in the poverty assessment
methodology.

In the case of MFI-D, the percentage of households that consume less than any
given level of clothing expenditure is higher for the client population, indicating that
client households are worse off at all points of the distribution. The oppositeistruein the
case of MFI-B. The client/nonclient distribution pattern is remarkably similar in the case
of MFI-A, indicating that MFI-A’s clients represent a good cross-section of the nonclient
population. In the case of MFI-C, athree-way split was made: while classical clients were
generally better off than nonclients, househol ds belonging to the newly formed women’s

groups were generally worse off.
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Cumulative distribution for clothing expenditure per
capita by client status (MFI-C)
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ANNEX 2: Recommended Questionnaire

Assessing Relative Poverty Levels of Beneficiaries of
Development Policies and Projects

International Food Policy Research Institute
A study supported by the Consultative Group to Assist the Poorest (CGAP)

Section A Household I dentification
Al Date (mm/dd/lyyyy): [ |
A2. Division code: Dj
A3. MFI unit code: Dj

A4. Group code: [ 1]

A5.Group name: |

A6. Household code: Dj
A7. Household chosen as (1) client of MFI, or (2) nonclient of MFI? D
A8. Is household from replacement list? (0) No (1) Yes D

A9. If yes, the original household was (1) not found or (2) unwilling to answer, or (3) client status was
wrongly classified:

Note: Questions A3-A9 relate to sample househol ds being clients of the development project under
consideration. In the example questionnaire presented here, the development project considered isa
specific MFI in a country. If a general development institution or project is chosen for evaluation, replace
MFI with the name of the institution or project selected.

A10. Name of respondent:

Name of the household head: |

Address of the household: |

A1ll. Interviewer code: |:|j
A12. Date checked by supervisor (mm/dd/yyyy): [/

A13. Supervisor signature:
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Section B. Family Structure

- e £._% % €5 |.%5 5 £ _=
3 0 |26, sT g o g'B.cEn g c%§ 5;& ‘ggg §E§§5‘
8 gsgz S5 31 2| =g 2| mBe=|cel 283 |z2oos
o =158 33 <|8sg| g§| =g¥|38=| E-5lS5Scs
= 2 2 =8| & §5|°E g 8|dsy~3
1 | (HH head)
2
3
4
5
6
7
8

1) single; (2) married, with the spouse permanently present in the household; (3) married with the spouse migrant; (4) widow or widower;
(5) divorced or separated; (6) living mostly away from home but contributing regularly to household.

®(1) head of the household; (2) spouse; (3) son or daughter; (4) father or mother; (5) grandchild; (6) grandparents; (7) other relative; (8) other
nonrelative.

‘1) male; (2) female.

9(1) less than primary 6; (2) some primary; (3) completed primary 6; (4) attended technical school; (5) attended secondary; (6) completed
secondary; (7) attended college or university.

¢(0) no; (1) yes.

f(1) self-employed in agriculture; (2) self-employed in nonfarm enterprise; (3) student; (4) casual worker; (5) salaried worker; (6) domestic
worker; (7) unemployed, looking for ajob; (8) unwilling to work or retired; (9) not able to work (handicapped).

9In order to get an accurate recall the clothes and footwear expenses for each adult are preferably asked in the presence of the spouse of the
head of the household. If the clothes were sewn at home, provide costs of al materials (thread, fabric, buttons, needles).

B2. Children members of household (from O to 14 years)
Clothes/

Footwear expenses
for past 12 months,
1D code Name Age inlocal currency®

Clothes and footwear expenses are asked for once those for adults have been recorded, and in
the presence of the spouse of the head of the household. In case of ready-to-wear clothing and
footwear items, include full price. In other cases, include cost of fabric, cloth aswell astailoring
and stitching charges
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Section C. Food-Related Indicators
(Both the head of the household and spouse should be present for this section.)

C1. Did any special event occur in the last two days (for example, family event, guestsinvited)? (0) No
(1) Yes

C2. If no, how many meals were served to the household members during the last 2 days? D

C3. If yes, how many meals were served to the household members during the 2 days preceding the
special event? [ ]

C4. Were there any special eventsin the last seven days (for example, family event, guests invited)? (0)
No (1) Yes

(If “Yes,” the“last seven days’ in C5 and C6 should refer to the week preceding the special event.)

C5. During the last seven days, for how many days were the following foods served in amain meal eaten
by the household?

L uxury food Number of days served
Luxury food 1
Luxury food 2
Luxury food 3
C6. During the last seven days, for how many days did a main meal consist of an inferior food

only? [ ]

C7. During the last 30 days, for how many days did your household not have enough to eat everyday?

[ ]

C 8. During the last 12 months, for how many months did your household have at least one day without
enough to eat?

C9. How often do you purchase the following?

Staple Frequency served
Staple 1

Staple 2
Staple 3
(2) Daily (2) Twice aweek (3) Weekly (4) Fortnightly (5) Monthly (6) Less frequently than a month
C10. For how many weeks do you have a stock of local staplesin your house? D

[]
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Section D. Dwelling-Related Indicators
(Information should be collected about the dwelling in which the family currently resides.) D

D1. How many rooms does the dwelling have? (Include detached rooms in same compound if same
household.) D D

D2. What type of roofing material is used in main house? (1) Tarpaulin, plastic sheets, or branches and
twigs (2) Grass (3) Stone or slate (4) Iron sheets (5) Brick tiles (6) Concrete D

D3. What type of exterior walls does the dwelling have? (1) Tarpaulin, plastic sheets, or branches and
twigs (2) Mud walls (3) Iron sheets (4) Timber (5) Brick or stone with mud (6) Brick or stone with cement
plaster

D4. What type of flooring does the dwelling have? (1) Dirt (2) Wood (3) Cement (4) Cement with
additional covering [ |

D5. What is the observed structural condition of main dwelling? (1) Seriously dilapidated (2) Need for
major repairs (3) Sound structure D

D6. What is the electricity supply? (1) No connection (2) Shared connection (3) Own connection D

D7. What type of cooking fuel source primarily isused? (1) Dung (2) Collected wood (3) Purchased
wood or sawdust (4) Charcoal (5) Kerosene (6) Gas (7) Electricity

D8. What is the source of drinking water? (1) Rainwater, dam, pond, or river (2) Spring (3) Public well—
open (4) Public well—sealed with pump (5) Well in residence yard (6) Piped public water (7) Bore holein
residence [ ][ ]

D9. What type of toilet facility is available? (1) Bush, field, or no facility (2) Shared pit toilet (3) Own pit
toilet (4) Shared, ventilated, improved pit latrine (5) Own improved latrine (6) Flush toilet, own or
shared

Note: Information on D2, D3, D4, and D5 can be obtained by the enumerator through
visual inspection of the household’sresidence.
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E. Other Asset-Based Indicators
E1l. Areaof land owned: Agricultural Nonagricultural

Value of land owned: Agricultural Nonagricultural

E2. Number and value of selected assets owned by household. (Ask household to identify any assets
purchased with MFI loan and eliminate these from the table below.)

Asset type and code Number owned Resale value at current market price

Livestock

1. Cattle and buffalo

2. Adult sheep, goats, and pigs
3.Adult poultry and rabbits

4. Horses and donkeys

Transportation
5. Cars

6. Motorcycles
7. Bicycles

8. Other vehicles
9. Carts

Appliances and electronics
10. Televisions

11. Video cassette recorders
12. Refrigerators

13. Electric or gas cookers
14. Washing machines

15. Radios

16. Fans

E3. What is your overall assessment of the general wealth levels of MFI clients? (1) Poor (2) Average (3)
Rich (4) Don’'t know MFI D

Source of questionnaire: Henry et al. (2000).



42

REFERENCES

Aho, G., S. Lariviéere, and F. Martin. 1998. Poverty analysis manual: Applicationsin
Benin. Benin: UNDP, Université Nationale du Bénin, Université Laval.

Annand, S., and A. Sen. 1994. Human devel opment index: Methodology and
measurement. Human Development Report Office Occasional Paper No 12. New
Y ork: United Nations Devel opment Programme.

Basilevsky, A. 1994. Satistical factor analysis and related methods. New Y ork: John
Wiley and Sons.

Bergeron, G., S. S. Morris, and J. M. Medina Banegas. 1998. How reliable are group
informant ratings? A test of food security rating in Honduras. Food Consumption
and Nutrition Division Discussion Paper 43. International Food Policy Research
Institute, Washington, D.C.

Bilsborrow, R. 1994. Towards a rapid assessment of poverty. In Poverty monitoring: An
international concern, ed. R. van der Hoeven and R. Anker, 150-158. New Y ork:
St. Martin's Press.

Boltvinik, J. 1994. Poverty measurement and alternative indicators of development. In
Poverty monitoring: An international concern, ed. R. van der Hoeven and R.
Anker, 57-83. New York: St. Martin's Press.

Chung, K., L. Haddad, J. Ramakrishna, and F. Riely. 1997. Identifying the food insecure:
The application of mixed-method approachesin India. International Food Policy

Research Institute, Washington, D.C.



43

Filmer, D., and L. Pritchett. 1998. Estimating wealth effects without income or
expenditure data—or tears. Educational enrollment in India. Policy Research
Working Paper 1994. Washington, D.C.: Development Economics Research
Group, World Bank.

Filmer, D., and L. Pritchett. 1999. The effect of household wealth on educational
attainment: Evidence from 35 countries. Population and Development Review 25
(1): 85-120.

Foster, J., J. Greer, and E. Thorbecke. 1984. A class of decomposable poverty measures.
Econometrica 52 (3): 761-765.

Gibbons, D., and J. DeWit. 1998. Targeting the poorest and covering costs. Paper # 1,
Microcredit Summit Poverty Measurement Discussion Group.
www.microcreditsummit.org.

Grootaert, C. 1983 (March). The conceptual basis of measures of household welfare and
their implied survey data requirements. The Review of Income and Wealth Series
29 (1): 1-21.

Grootaert, C. 1986. Measuring and analyzing levels of living in developing countries: An
annotated questionnaire. Living Standards M easurement Study, Working Paper
No. 24. Washington, D.C: World Bank.

Grootaert, C. 1998. Social capital, household welfare, and poverty in Indonesia. Socia
Development Department, Environmentally and Socially Sustainable

Development Network. World Bank, Washington, D.C.



Habicht, J. P., and D. L. Pelletier. 1990. The importance of context in choosing
nutritional indicators. Journal of Nutrition 120 (11) (Supplement): 1519-1524.

Hatch, J., and L. Frederick. 1998. Poverty assessment by micro-finance institutions: A
review of current practice. Micro-enterprise best practices. Bethesda, MD.

Henry, C., M. Sharma, C. Lapenu, and M. Zeller. 2000. Assessing the relative poverty of
microfinance clients: A CGAP operation tool. Washington, D.C.: Consultative
Group to Assist the Poorest (CGAP).

Hulme, D., and P. Mosley. 1996. Finance against poverty. London and New Y ork:
Routledge.

Lipton, M., and M. Ravallion. 1995. Poverty and policy. In Handbook of devel opment
economics, Val. 111, ed. B. J. Behrman and T. Srinivasan. Amsterdam: Elsevier.

Minten, B., and M. Zéeller, eds. 2000. Beyond market liberalization: Income generation,
welfare and environmental sustainability in Madagascar. Aldershot, England:
Ashgate.

Morris, S. S, C. Carletto, J. Hoddinott, and L. Christiaensen. 1999. Validity of rapid
estimates of household wealth and income for health surveysin rural Africa. Food
Consumption and Nutrition Division Discussion Paper 72. International Food
Policy Research Institute, Washington, D.C.

Moser, C., M. Gatehouse, and H. Garcia. 1996. Urban poverty research sourcebook.
Module I Sub-City Level Household Survey. UNDP/UNCHS/World Bank Urban
Management Programme, UMP Working Paper Series No. 5. Washington, D.C:

World Bank.



45

Navgas, S., M. Schreiner, R. Meyer, C. Gonzalez-Vega, and J. Rodriguez-Meza. 2000.
Microcredit and the poorest of the poor: Theory and evidence from Bolivia
World Development 28 (2): 333-346.

Radimer, K., C. Olson, J. Greene, C. Campbell, and J. P. Habicht. 1992. Understanding
hunger and developing indicators to assess it in women and children. Journal of
Nutritional Education 24 (1): 36-44.

Ravallion, M. 1994. Poverty comparisons. Chur, Switzerland: Harwood Academic
Publishers.

Sahn, D. E., and D. C. Stifel. 2000. Poverty comparisons over time and across countries
in Africa. World Development 28 (12): 2123-2155.

Sharma, M., and M. Zeller. 1999. Placement and outreach of group-based credit
organizations. The cases of ASA, BRAC, and PROSHIKA in Bangladesh. World
Development 27 (12): 2123-2136.

Sharma, S. 1996. Applied multivariate techniques. New Y ork: John Wiley and Sons.

Skoufias, E., B. Davis, and H. Soto. 2000. Practical alternatives to consumption-based
welfare measures. International Food Policy Research Institute, Washington, D.C.
Photocopy.

Streeten, P. 1994. Poverty concept and measurement. In Poverty monitoring: An
international concern, ed. R. van der Hoeven and R. Anker, 15-30. New York: St.
Martin's Press,

Temple, J., and P. Johnson. 1998. Social capability and economic growth. Quarterly

Journal of Economic Growth 113 (3): 965-990.



46

UNDP (United Nations Development Programme). 1999. Human devel opment report.
New York: Oxford University Press.
Wratten, E. 1995. Conceptualizing urban poverty. Environment and Urbanization 7 (1):

11-36.



FCND DISCUSSION PAPERS

01

02

03

05

06

07

08

09

10

11

12

13

14

15

16

17

18

19

Agricultural Technology and Food Policy to Combat Iron Deficiency in Devel oping Countries,
Howarth E. Bouis, August 1994

Determinants of Credit Rationing: A Study of Informal Lenders and Formal Credit Groupsin
Madagascar, Manfred Zeller, October 1994

The Extended Family and Intrahousehold Allocation: Inheritance and Investmentsin Children in the
Rural Philippines, Agnes R. Quisumbing, March 1995

Market Development and Food Demand in Rural China, Jikun Huang and Scott Rozelle, June 1995

Gender Differencesin Agricultural Productivity: A Survey of Empirical Evidence, Agnes R.
Quisumbing, July 1995

Gender Differentialsin Farm Productivity: Implications for Household Efficiency and Agricultural
Palicy, Harold Alderman, John Hoddinott, Lawrence Haddad, and Christopher Udry, August 1995

A Food Demand System Based on Demand for Characteristics. If There Is"Curvature' in the Sutsky
Matrix, What Do the Curves Look Like and Why?, Howarth E. Bouis, December 1995

Measuring Food Insecurity: The Frequency and Severity of "Coping Strategies," Daniel G. Maxwell,
December 1995

Gender and Poverty: New Evidence from 10 Developing Countries, Agnes R. Quisumbing, Lawrence
Haddad, and Christine Pefia, December 1995

Women's Economic Advancement Through Agricultural Change: A Review of Donor Experience,
Christine Pefia, Patrick Webb, and Lawrence Haddad, February 1996

Rural Financial Policiesfor Food Security of the Poor: Methodologies for a Multicountry Research
Project, Manfred Zeller, Akhter Ahmed, Suresh Babu, Sumiter Broca, Aliou Diagne, and Manohar
Sharma, April 1996

Child Development: Vulnerability and Resilience, Patrice L. Engle, Sarah Castle, and Purnima Menon,
April 1996

Determinants of Repayment Performance in Credit Groups. The Role of Program Design, Intra-Group
Risk Pooling, and Social Cohesion in Madagascar, Manfred Zeller, May 1996

Demand for High-Value Secondary Crops in Developing Countries: The Case of Potatoesin
Bangladesh and Pakistan, Howarth E. Bouis and Gregory Scott, May 1996

Repayment Performance in Group-Based credit Programs in Bangladesh: An Empirical Analysis,
Manohar Sharma and Manfred Zeller, July 1996

How Can Safety Nets Do More with Less? General Issues with Some Evidence from Southern Africa,
Lawrence Haddad and Manfred Zeller, July 1996

Remittances, Income Distribution, and Rural Asset Accumulation, Richard H. Adams, Jr., August 1996

Care and Nutrition: Concepts and Measurement, Patrice L. Engle, Purnima Menon, and Lawrence
Haddad, August 1996

Food Security and Nutrition Implications of Intrahousehold Bias. A Review of Literature, Lawrence
Haddad, Christine Pefia, Chizuru Nishida, Agnes Quisumbing, and Alison Slack, September 1996




FCND DISCUSSION PAPERS

20

21

22

23

24

25

26

27

28

29

30

31

32

33

35

36

37

Macroeconomic Crises and Poverty Monitoring: A Case Sudy for India, Gaurav Datt and Martin
Ravallion, November 1996

Livestock Income, Male/Female Animals, and Inequality in Rural Pakistan, Richard H. Adams, Jr.,
November 1996

Alternative Approaches to Locating the Food Insecure: Qualitative and Quantitative Evidence from
South India, Kimberly Chung, Lawrence Haddad, Jayashree Ramakrishna, and Frank Riely, January
1997

Better Rich, or Better There? Grandparent Wealth, Coresidence, and Intrahousehold Allocation, Agnes
R. Quisumbing, January 1997

Child Care Practices Associated with Positive and Negative Nutritional Outcomes for Childrenin
Bangladesh: A Descriptive Analysis, Shubh K. Kumar Range, Ruchira Naved, and Saroj Bhattarai,
February 1997

Water, Health, and Income: A Review, John Hoddinott, February 1997

Why Have Some Indian Sates Performed Better Than Others at Reducing Rural Poverty?, Gaurav Datt
and Martin Ravallion, March 1997

"Bargaining” and Gender Relations: Within and Beyond the Household, Bina Agarwal, March 1997
Developing a Research and Action Agenda for Examining Urbanization and Caregiving: Examples
from Southern and Eastern Africa, Patrice L. Engle, Purnima Menon, James L. Garrett, and Alison
Slack, April 1997

Gender, Property Rights, and Natural Resources, Ruth Meinzen-Dick, Lynn R. Brown, Hilary Sims
Feldstein, and Agnes R. Quisumbing, May 1997

Plant Breeding: A Long-Term Strategy for the Control of Zinc Deficiency in Vulnerable Populations,
Marie T. Ruel and Howarth E. Bouis, July 1997

Is There an Intrahousehold 'Flypaper Effect'? Evidence from a School Feeding Program, Hanan
Jacoby, August 1997

The Determinants of Demand for Micronutrients. An Analysis of Rural Households in Bangladesh,
Howarth E. Bouis and Mary Jane G. Novenario-Reese, August 1997

Human Milk—An Invisible Food Resource, Anne Hatlgy and Arne Oshaug, August 1997

The Impact of Changes in Common Property Resource Management on Intrahousehold Allocation,
Philip Maggs and John Hoddinott, September 1997

Market Access by Smallholder Farmersin Malawi: Implications for Technology Adoption, Agricultural
Productivity, and Crop Income, Manfred Zeller, Aliou Diagne, and Charles Mataya, September 1997

The GAPVU Cash Transfer Programin Mozambique: An assessment, Gaurav Datt, Ellen Payongayong,
James L. Garrett, and Marie Ruel, October 1997

Why Do Migrants Remit? An Analysis for the Dominican Serra, Bénédicte de laBriére, Alain de
Janvry, Sylvie Lambert, and Elisabeth Sadoulet, October 1997




FCND DISCUSSION PAPERS

38

39

40

41

42

43

45

46

47

48

49

50

51

52

53

55

56

57

Systematic Client Consultation in Development: The Case of Food Policy Research in Ghana, India,
Kenya, and Mali, Suresh Chandra Babu, Lynn R. Brown, and Bonnie McClafferty, November 1997

Whose Education Mattersin the Determination of Household Income: Evidence from a Developing
Country, Dean Jolliffe, November 1997

Can Qualitative and Quantitative Methods Serve Complementary Purposes for Policy Research?
Evidence from Accra, Dan Maxwell, January 1998

The Political Economy of Urban Food Security in Sub-Saharan Africa, Dan Maxwell, February 1998
Farm Productivity and Rural Poverty in India, Gaurav Datt and Martin Ravallion, March 1998

How Reliable Are Group Informant Ratings? A Test of Food Security Rating in Honduras, Gilles
Bergeron, Saul Sutkover Morris, and Juan Manuel Medina Banegas, April 1998

Can FAO's Measure of Chronic Undernourishment Be Strengthened?, Lisa C. Smith, with a Response
by Logan Naiken, May 1998

Does Urban Agriculture Help Prevent Malnutrition? Evidence from Kampala, Daniel Maxwell, Carol
Levin, and Joanne Csete, June 1998

Impact of Accessto Credit on Income and Food Security in Malawi, Aliou Diagne, July 1998
Poverty in India and Indian Sates. An Update, Gaurav Datt, July 1998

Human Capital, Productivity, and Labor Allocation in Rural Pakistan, Marcel Fafchamps and AgnesR.
Quisumbing, July 1998

A Profile of Poverty in Egypt: 1997, Gaurav Datt, Dean Jolliffe, and Manohar Sharma, August 1998.
Computational Tools for Poverty Measurement and Analysis, Gaurav Datt, October 1998

Urban Challenges to Food and Nutrition Security: A Review of Food Security, Health, and Caregiving
in the Cities, Marie T. Ruel, James L. Garrett, Saul S. Morris, Daniel Maxwell, Arne Oshaug, Patrice
Engle, Purnima Menon, Alison Slack, and Lawrence Haddad, October 1998

Testing Nash Bargaining Household Models With Time-Series Data, John Hoddinott and Christopher
Adam, November 1998

Agricultural Wages and Food Pricesin Egypt: A Governorate-Level Analysisfor 1976-1993, Gaurav
Datt and Jennifer Olmsted, November 1998

Endogeneity of Schooling in the Wage Function: Evidence from the Rural Philippines, John Maluccio,
November 1998

Efficiency in Intrahousehold Resource Allocation, Marcel Fafchamps, December 1998

How Does the Human Rights Per spective Help to Shape the Food and Nutrition Policy Research
Agenda?, Lawrence Haddad and Arne Oshaug, February 1999

The Sructure of Wages During the Economic Transition in Romania, Emmanuel Skoufias, February
1999




FCND DISCUSSION PAPERS

58

59

60

61

62

63

65

66

67

68

69

70

71

72

73

74

Women's Land Rightsin the Transition to Individualized Owner ship: Implications for the Management
of Tree Resources in Western Ghana, Agnes Quisumbing, Ellen Payongayong, J. B. Aidoo, and Keijiro
Otsuka, February 1999

Placement and Outreach of Group-Based Credit Organizations: The Cases of ASA, BRAC, and
PROSHIKA in Bangladesh, Manohar Sharma and Manfred Zeller, March 1999

Explaining Child Malnutrition in Devel oping Countries. A Cross-Country Analysis, Lisa C. Smith and
Lawrence Haddad, April 1999

Does Geographic Targeting of Nutrition I nterventions Make Sense in Cities? Evidence from Abidjan
and Accra, Saul S. Morris, Carol Levin, Margaret Armar-Klemesu, Daniel Maxwell, and Marie T.
Ruel, April 1999

Good Care Practices Can Mitigate the Negative Effects of Poverty and Low Maternal Schooling on
Children's Nutritional Status. Evidence from Accra, Marie T. Ruel, Carol E. Levin, Margaret Armar-
Klemesu, Daniel Maxwell, and Saul S. Morris, April 1999

Are Urban Poverty and Undernutrition Growing? Some Newly Assembled Evidence, Lawrence Haddad,
Marie T. Ruel, and James L. Garrett, April 1999

Some Urban Facts of Life: Implications for Research and Policy, Marie T. Ruel, Lawrence Haddad,
and James L. Garrett, April 1999

Are Determinants of Rural and Urban Food Security and Nutritional Satus Different? Some Insights
from Mozambique, James L. Garrett and Marie T. Ruel, April 1999

Working Women in an Urban Setting: Traders, Vendors, and Food Security in Accra, Carol E. Levin,
Daniel G. Maxwell, Margaret Armar-Klemesu, Marie T. Ruel, Saul S. Morris, and Clement Ahiadeke,
April 1999

Determinants of Household Access to and Participation in Formal and Informal Credit Marketsin
Malawi, Aliou Diagne, April 1999

Early Childhood Nutrition and Academic Achievement: A Longitudinal Analysis, Paul Glewwe, Hanan
Jacoby, and Elizabeth King, May 1999

Supply Response of West African Agricultural Households: Implications of Intrahousehold Preference
Heterogeneity, Lisa C. Smith and Jean-Paul Chavas, July 1999

Child Health Care Demand in a Developing Country: Unconditional Estimates from the Philippines,
Kelly Hallman, August 1999

Social Capital and Income Generation in South Africa, 1993-98, John Maluccio, Lawrence Haddad,
and Julian May, September 1999

Validity of Rapid Estimates of Household Wealth and Income for Health Surveys in Rural Africa, Saul
S. Morris, Caogero Carletto, John Hoddinott, and Luc J. M. Christiaensen, October 1999

Social Roles, Human Capital, and the Intrahousehold Division of Labor: Evidence from Pakistan,
Marcel Fafchamps and Agnes R. Quisumbing, October 1999

Can Cash Transfer Programs Work in Resource-Poor Countries? The Experience in Mozambique, Jan
W. Low, James L. Garrett, and Vitdria Ginja, October 1999




FCND DISCUSSION PAPERS

75

76

77

78

79

80

81

82

83

85

86

87

88

89

90

91

92

93

Determinants of Poverty in Egypt, 1997, Gaurav Datt and Dean Jolliffe, October 1999

Raising Primary School Enrolment in Developing Countries: The Relative Importance of Supply and
Demand, Sudhanshu Handa, November 1999

The Palitical Economy of Food Subsidy Reform in Egypt, Tammi Gutner, November 1999.

Determinants of Poverty in Mozambique: 1996-97, Gaurav Datt, Kenneth Simler, Sanjukta Mukherjeg,
and Gabriel Dava, January 2000

Adult Health in the Time of Drought, John Hoddinott and Bill Kinsey, January 2000

Nontraditional Crops and Land Accumulation Among Guatemalan Smallholders: Is the Impact
Sustainable? Caogero Carletto, February 2000

The Constraints to Good Child Care Practicesin Accra: Implications for Programs, Margaret Armar-
Klemesu, Marie T. Ruel, Daniel G. Maxwell, Carol E. Levin, and Saul S. Morris, February 2000

Pathways of Rural Development in Madagascar: An Empirical Investigation of the Critical Triangle of
Environmental Sustainability, Economic Growth, and Poverty Alleviation, Manfred Zeller, Cécile
Lapenu, Bart Minten, Eliane Ralison, Désiré Randrianaivo, and Claude Randrianarisoa, March 2000

Quality or Quantity? The Supply-Sde Determinants of Primary Schooling in Rural Mozambique,
Sudhanshu Handa and Kenneth R. Simler, March 2000

Intrahousehold Allocation and Gender Relations: New Empirical Evidence from Four Developing
Countries, Agnes R. Quisumbing and John A. Maluccio, April 2000

Intrahousehold Impact of Transfer of Modern Agricultural Technology: A Gender Perspective, Ruchira
Tabassum Naved, April 2000

Women' s Assets and Intrahousehold Allocation in Rural Bangladesh: Testing Measures of Bargaining
Power, Agnes R. Quisumbing and Bénédicte de laBriére, April 2000

Changes in Intrahousehold Labor Allocation to Environmental Goods Collection: A Case Study from
Rural Nepal, Priscilla A. Cooke, May 2000

The Determinants of Employment Status in Egypt, Ragui Assaad, Fatma El-Hamidi, and Akhter U.
Ahmed, June 2000

The Role of the State in Promoting Microfinance Institutions, Cécile Lapenu, June 2000

Empirical Measurements of Households' Access to Credit and Credit Constraintsin Developing
Countries: Methodological Issues and Evidence, Aliou Diagne, Manfred Zeller, and Manohar Sharma,
July 2000

Comparing Village Characteristics Derived From Rapid Appraisals and Household Surveys. A Tale
From Northern Mali, Luc Christiaensen, John Hoddinott, and Gilles Bergeron, July 2000

Assessing the Potential for Food-Based Strategies to Reduce Vitamin A and Iron Deficiencies: A
Review of Recent Evidence, Marie T. Ruel and Carol E. Levin, July 2000

Mother-Father Resource Control, Marriage Payments, and Girl-Boy Health in Rural Bangladesh,
Kelly K. Hallman, September 2000




FCND DISCUSSION PAPERS

94

95

96

97

98

99

100

101

102

103

104

105

106

107

108

109

110

Targeting Urban Malnutrition: A Multicity Analysis of the Spatial Distribution of Childhood
Nutritional Status, Saul Sutkover Morris, September 2000

Attrition in the Kwazulu Natal Income Dynamics Study 1993-1998, John Maluccio, October 2000
Attrition in Longitudinal Household Survey Data: Some Tests for Three Devel oping-Country Samples,
Harold Alderman, Jere R. Behrman, Hans-Peter Kohler, John A. Maluccio, Susan Cotts Watkins,
October 2000

Socioeconomic Differentialsin Child Sunting Are Consistently Larger in Urban Than in Rural Areas,
PurnimaMenon, Marie T. Ruel, and Saul S. Morris, December 2000

Participation and Poverty Reduction: Issues, Theory, and New Evidence from South Africa, John
Hoddinott, Michelle Adato, Tim Besley, and Lawrence Haddad, January 2001

Cash Transfer Programs with Income Multipliers: PROCAMPO in Mexico, Elisabeth Sadoulet, Alain
de Janvry, and Benjamin Davis, January 2001

On the Targeting and Redistributive Efficiencies of Alternative Transfer Instruments, David Coady and
Emmanuel Skoufias, March 2001

Poverty, Inequality, and Spillover in Mexico's Education, Health, and Nutrition Program, Sudhanshu
Handa, Mari-Carmen Huerta, Raul Perez, and Beatriz Straffon, March 2001

School Subsidies for the Poor: Evaluating a Mexican Strategy for Reducing Poverty, T. Paul Schultz,
March 2001

Targeting the Poor in Mexico: An Evaluation of the Selection of Households for PROGRESA,
Emmanuel Skoufias, Benjamin Davis, and Sergio de laVega, March 2001

An Evaluation of the Impact of PROGRESA on Preschool Child Height, Jere R. Behrman and John
Hoddinott, March 2001

The Nutritional Transition and Diet-Related Chronic Diseasesin Asia: Implications for Prevention,
Barry M. Popkin, Sue Horton, and Soowon Kim, March 2001

Srengthening Capacity to Improve Nutrition, Stuart Gillespie, March 2001

Rapid Assessmentsin Urban Areas: Lessons from Bangladesh and Tanzania, James L. Garrett and
Jeanne Downen, April 2001

How Efficiently Do Employment Programs Transfer Benefits to the Poor? Evidence from South Africa,
Lawrence Haddad and Michelle Adato, April 2001

Does Cash Crop Adoption Detract From Childcare Provision? Evidence From Rural Nepal, Michael J.
Paolisso, Kelly Hallman, Lawrence Haddad, and Shibesh Regmi, April 2001

Evaluating Transfer Programs Within a General Equilibrium Framework, Dave Coady and Rebecca
Lee Harris, June 2001




	FCND DP No. 111
	FCND DISCUSSION PAPER NO. 111
	Food Consumption and Nutrition Division
	ABSTRACT
	
	
	
	
	
	
	Poverty indicator







	MFI-A

	Percentage/ratio
	
	
	
	
	Age




	Livestock
	Transportation
	Appliances and electronics


