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Abstract  
It is widely documented that credit is an important instrument among resource poor farmers in 
developing economies. However, accessing loans from formal credit institutions has proved almost 
impossible for small and resource poor farmers leading to reliance on the least regulated informal 
credit sources such as the Grameen type institutions (Micro-Finance Institutions-MFIs) that peg 
lending to memberships in social networks such as groups. In spite of the growing preference to this 
type of lending, very little is known on their contribution among farm related productive activities in 
Kenya. This paper attempts to illuminate the role of lending via groups on economic performance of 
smallholder farmers via changes in purchased factor use between borrowers and non-borrowers. We 
employ endogenous switching regime approach (accomplished via heckman selection correction 
model) on a sample of 401 respondents made up of 180 borrowers and 221 non-borrowers from two 
districts in Kenya. Results show significant effects of group based lending on production via 
improved factors such as fertilizer, planting materials and crop chemicals, as well as on investment 
in non-farm businesses, hired labour, and in renting in more land. However, descriptive results 
indicate high fungibility of this type of credit, with over 20% use on non-productive activities, which 
infringe on expected output effects. Supervision and or issuing of credit in form of inputs could 
generate expected impact. 
Key words: Informal Micro-Credit, Rural Smallholder Farmers, Productivity, Kenya 
 
1.0 Introduction 
1.1 Agriculture and Credit Market in Africa 
By the early 1980s, the formal financial sector in many countries in Africa had typically achieved a 
certain degree of diversity because of the efforts of the newly independent governments to re-shape 
the post-independence financial landscape. As part of their efforts for independent nation-building 
programme, they established indigenous formal institutions and attempted to diversify the 
institutional structure of the financial system by extending bank branch networks. However, the risk-
management capacity of formal financial institutions remains very impairing to handle risk levels in 
agricultural sector in Africa (Alderman and Paxton, 1992; Conning and Udry, 2005). This is made 
worse by the state involvement in running most of the institutions, which hinder development of 
institutional capacities among financial institutions. Most state owned banks in Africa operate on a 
soft budget, leading to their failure to develop the capacity for risk assessment and monitoring of 
their loan portfolios, with saving mobilization often not actively pursued (Nissanke and Aryeetey 
1998; Brownbridge and Harvey 1998). As a result, many formal institutions have had neither active 
liquidity nor liability management incentive to increase efficiency, often resulting in increased costs 
of financial intermediation, with the result of rationing out the poor. The persistence of formal 
lending conditions has restricted diversification to small and micro enterprise lending, thus 
preventing improvement in the latter’s operational practice (Nissanke and Aryeetey, 1998). Besides, 
the inflexible formal institutional environment explains the paucity of poor savings mobilization, 
and low-lending trap to agriculture. 
 
1.2 Agriculture and Rural Credit Market in Kenya 
Like most of Africa, Kenya heavily depends largely on the growth of the agricultural sector, where 
over 60% of the country’s population lives. Agriculture accounts for 24.2% of the country’s Gross 
Domestic Product (GDP), over 60% of exports, 75% of the total labour force, and over 80% of 
industrial raw materials (RoK, 2002). Despite the importance of agriculture, value addition to the 
sector has been gradually declining (Worldbank data, 2004). A number of factors have been blamed 
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for this, credit being one major component.  The credit market in Kenya is divided into formal, 
semiformal and informal sectors. Formal credit comprises mainly commercial banks. These 
institutions rarely lend to the agricultural sector except to large-scale farms. They often exhibit little 
interest in smallholder agriculture. Consequently, accessing credit from formal institutions by 
smallholders has proved almost impossible owing to stringent conditions such as demand for 
collateral and fears by lenders that such small investments are endowed with many risks such as 
vagaries of weather, diseases and absence of a single marketing channel to facilitate loan recovery.  
A study by Atieno, (2001) confirms the low participation of formal credit institutions among the 
smallholder farmers.  
 
The second category is the semiformal credit market. This consists of institutions that do not fall 
under the Banking Act but are structured and registered to lend to specific clients, such as farmers or 
artisans. Included under this category are the Agricultural Finance Corporation (AFC), savings and 
credit co-operatives and the Grammen Bank type-lending model popularly referred to as Micro-
Finance Institutions (MFI). Despite being instituted to lend to agriculture, AFC loans are biased 
towards large-scale farmers, with small-scale farmers accounting for only 10.5 % of all the loans 
advanced (Kibaara, 2006). Savings and credit cooperatives on the other hand face major challenges 
such as managerial problems because of their weak operating principles. Besides, cooperatives in 
Kenya tend to operate mainly among cash crops such as Tea and Coffee. Micri-Finance Institutions 
on the contrary have been very popular among small and micro-enterprises. They are rapidly 
replacing the role of banks and AFC among the smallholders. MFIs lend via credit groups, a strategy 
borrowed from the Grammen Bank model. The main Micro-Finance Institutions (MFIs) in Kenya 
include; Kenya Rural Enterprise Programme (K-REP), Promotion of Rural Initiatives and 
Development Enterprises (PRIDE - Kenya), Women Development Company (WEDCO), Faulu 
Kenya, Kenya Women Finance Trust (KWFT), Family Finance and Equity Bank, among others 
(RoK, 2006).  
 
The last category is the informal credit market.  This is made up of small groups such as Rotating 
Savings and Credit Associations (ROSCAs) Accumulating Saving and Credit Associations 
(ASCRAs) and Mutual Assistance Groups (MAGs), and individuals such as relatives, neighbors, 
friends, moneylenders and shopkeepers. They informally engage in micro-finance activities.  
However, they are not regulated by the Kenya Banking Act nor specifically licensed to disburse 
loans by the state. The most organized in this are the credit groups. Studies on credit groups have 
established that they are characterized by social homogeneity because of location, economic activity, 
kinship, religion, living standards and education levels, and they significantly contribute to 
productivity and rural development (Huppi and Feder, 1990; Aryeetey and Gockel, 1991; Chipeta, 
et, al, 1991; Owuor, et al, 2004). In the New Institutional Economics (NIE), they are defined within 
the concept of collective action (Clague, 1997).  
 
Evidence show that credit groups compliment formal financial institutions in credit provision 
(Nissanke, (1994). However, high group credit demand relative to low supply results in low input 
use and low yields (Owuor, 2002). Many groups in striving to resolve this dilemma seek credit 
linkages mainly with the popular MFIs for the benefit of their members. The groups act on behalf of 
individual members who eventually become loan beneficiaries. The decision to link the group with 
the MFI is a strong expression of social collateral in the new institutional economics (Grootaert, 
1998). The benefit of groups’ social collateral is seen when individual members access credit, which 
they would not have accessed if they operated individually. This paper evaluates the effect of MFI 
lending via credit groups on households economic performance as measured in values of productive 
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income. The plan of the paper is as follows: the next section provides a background of the study area 
and sampling procedure, with the formal conceptual framework, and then the model underlying 
empirical analysis. This is then followed by a discussion of empirical results. The last section 
discusses the implications of the results. 

 
 2.0 Material and Methods  
2.1 Description of Study area  
  The study covered two districts; High tropics and Low tropics districts in Kenya. Low 
tropics District is located in Western Kenya around Lake Victoria categorized as Moist Mid-altitude 
(MM) zone (Hassan, 1998). The area produces moderate yields. Elevation ranges between 1110-
1500 meters. The district ranks second among districts with the largest overall number of households 
living below poverty line (64.5%),   (ROK, 1999).  The district also represents low potential areas, 
where traditional technologies still coexists with modern farming methods, and where any credit 
policy that would empower technology uptakes would have substantial impact on household 
livelihoods. High tropics District falls within the Highland Tropics (HT). The zone has high crop 
yields, with elevation ranging between 1600-2900 meters. It is one of the districts in Kenya that 
harbor many different cropping and livestock activities and viewed as the bedrock of food security 
in Kenya. In this study, the district represents high potential areas where settlement competes for 
land with agriculture. Poverty levels here average 46.2 % (ROK, 1999).  
 
 
2.2 Sampling and sample design 
 A multi-stage random sampling methodology was used, with a total sample size of 400 
smallholder farmers. The selection of 400 farmers was based on the proportionate to size sampling 
approach as enumerated below: 

 n=(Z 2 PQ)/d 2  ……………………………………………………….  (1) 

 Where, ‘n’  is the sample size ‘Z’=1.96, ‘P’  is the proportion of the population of interest ie. 
smallholder farmers who access credit through informal sources. Given that from previous studies 
approximately a half of smallholder farmers belong to informal lending systems such as groups 
(Owuor, et al, 2004) P is set to 0.5. Besides, statistically a proportion of 0.5 results in a sufficient 
and reliable size, particularly when the population proportion is not known with certainty (Daniel, et 
al, 1975). The variable ‘d’ is the significance level and is set at 0.05 because 95% confidence level 
was used as a cut off point for significance in this study. This also leads to ‘Z’  value of 1.96. 
Variable ‘Q’  is the weighting variable and is computed as 1-P. Therefore, based on the above 
proportionate to size sampling formulae, the sample size proposed was: [1.962 x 0.5 x 0.5] / [0.052] 
= 385. However, this figure was approximated to 400 to conveniently meet the sampling procedure 
The sampling procedure was as follows: in the first stage a purposive sample of 2 districts; High 
tropics and Low tropics Districts was made.  In stage two, a stratified random sampling of 40 credit 
groups (20 per district) was selected. Out of the 20 groups, 10 were those that were linked to MFIs 
and the other 10 were those who had no linkages.  Finally, in stage three, 10 borrower farmers from 
each of the groups were randomly selected, making a total of (1 x 20 x 10) = 200 per district. The 
list of credit groups was obtained from the Ministry of Culture and Social services and community 
development officers. The Micro-Finance institutions in the study were those linked to the groups 
sampled 
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2.3 Conceptual and Econometric Specification 
 Credit is an important element in agricultural production systems. It allows producers to satisfy 
the cash needs induced by production cycle, which characterizes agriculture such as land 
preparation, planting, cultivation, and harvesting, which are typically done over a period of several 
months. In effect, cash income from production is received a short time after harvest, yet 
expenditures on purchased inputs must be made during the production period. Consequently, in the 
absence of credit markets, farmers would have to maintain cash reserves to facilitate production 
cycle. The availability of credit allows greater investment in inputs and subsequently increases in 
farmers’ production. However, in developing economies informal credit markets where the poor can 
access credit is confronted with many problems such as  asymmetric information, adverse selection 
and contract enforcement problems which make lending complex and lead to frequent credit 
rationing (Ghosh, Moorkerjee and Ray, 1999). When credit is rationed, some borrowers cannot 
obtain the credit as they desire. In such circumstances, liquidity becomes a major constraint in 
production.  
 
The marginal contribution of credit is therefore to bring input levels closer to the optimal levels, 
thereby increasing output and, because the quantity of land is fixed, yield increases. The existence of 
a large number of resource poor farmers and the potential gain in productivity via access to credit is 
one motivation underlying many governments in developing countries to promote lending via groups 
as used by Grameen Bank of Bangladesh lending model. An important issue in the context of 
agricultural credit policy is the magnitude of the expected productivity effect. If the marginal 
productivity of the credit programmes is insignificant and small, then it would be advisable for such 
credit programmes to be diverted to other sectors where its impact would be beneficial. Following 
this conceptual framework, we evaluate expected gain in output via purchased inputs by comparing 
coefficients between borrowers and non-borrowers. Direct use of credit variable in an output 
function leads to endogeneity problem. Besides, credit is also exogenous to purchased factors such 
as fertilizer and hired labour in the same function. In this respect, inclusion of credit variable would 
lead to biased estimates. To resolve this problem we employ endogenous switching regime model 
approach as in Madalla (1993) and used by Main and Reilly (1993), and Millimet (2003). In our case 
we use Heckman’s maximum likelihood estimation routines using stata 8.2 to arrive at consistent 
and efficient estimators. Next is a detailed elaboration of the model. 
 
Endogenous Switching Regime Model  
We begin by expressing the general output function with credit variable as a dummy as follows:  

iiiii XDY εβλ ++= …………………………………………(2) 

Where Y is the outcome, D is a dummy ( D=1 if borrowed from MFI, D=0, otherwise), Xi  is a 
vector of conventional production factors which include purchased inputs and other socio-economic 
factors such as, extension, market access,  fixed land area, fixed capital and household specific 
factors such as education, age, transfers and others depending on the nature of the problem at hand. 
In the above function, D is endogenous to Y, and also exogenous to some of the X i, implying that D 
cannot be estimated by Two Stage Least Squares (TSLS) or treatment model. Using any of the two 
would simply lead to predicting D and including the predicted values into the second stage equation, 
yet the predicted values of D solves only endogeneity problem and not the second problem where D 
influences some Xi,. To overcome this problem we employ endogenous switching regime model 
(akin to switching regression) estimated via heckman sample correction approach (Heckman, 1979; 
Madalla, 1993). The model involves splitting the sample into borrowers and non-borrowers and then 
estimating the structural equation for each sub-sample. The first stage involves a probit model to 
predict the probability of borrowing status. From probit estimation, inverse mills ratio (IMR) is 
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generated which is included as a regressor in the second stage. This procedure solves the sample 
selection problem and enables comparison of the coefficients to establish effect of borrowing via 
purchased factors. The effect of borrowing does not show up as a dummy variable, but rather in the 
fact that the constant term and the betas may differ from the borrowers to the non-borrowers sub-
samples. The difference in the betas tells one how the returns to different purchased inputs including 
hired labour vary by borrowing status, while the difference in the constant term yields the difference 
in average income if a borrower and non-borrower farmer have not considered any other production 
factor.  
 
The model is expressed as  

01111 >
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  For the borrowers sub-sample……………..(2) 
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Where; y1 and y2 are the outcomes for borrowers and non-borrower’s sub-samples respectively.   X1i 

and X2i are the conventional factors that influence outcome functions for borrowers and non-
borrowers respectively. D is a dummy (D=1, if borrowed and D=0, otherwise), Zi is a vector of 
conditional covariates that influence the probability of participating in the borrowing programme.  
β1i,   β2i  iγ     are the corresponding vectors of parameters and ε1i ε2i  εi are random disturbances. The 
(y) variables are observed conditional on the unknown criterion determined by the D function, which 
is estimated via a probit model to yield iγ  estimates. The estimated iγ  are then used to generate 
Mills ratios, which are incorporated in the second stage estimates where equations y1 and y2 with 
their mills ratio corrections are estimated using heckman maximum likelihood routines to yield 
average production estimates. Under the model assumptions, the estimated coefficients are efficient 
and asymptotically normal. Essentially this model allows for the full set of interaction terms between 
borrowing status and factors of production, particularly the purchased factors. Besides, it allows 
evaluation of the contribution of credit among other factors in production and the marginal 
differences of coefficients in purchased factors can be attributed to the contribution of borrowing. 
An alternative to switching regime model, but which would yield similar results is Two Stage 
Method of Moments (TSM), but which is not available in stata. Nonetheless, the two approaches 
yield similar results and none is superior to the other (Miranda, 2003). 
 
3.0 Empirical Results  
3.1 Structure, Lending and loan monitoring  
The general trend among MFIs studied is that they all lend via credit groups and never accept 
individuals, particularly in the rural communities. The structure of lending is such that the group 
leaders shortlist those interested in borrowing and then approach MFIs, who organize for a meeting 
with all members of the groups at a designated  location usually at the nearest chiefs’ camp. All loan 
applicants are expected to guarantee each other, known in the literature as collective liability or 
social collateral. In effect, there exists collective responsibility for every loan by a member of the 
group. In case of default, members’ savings with the group’s acts as insurance against default. 
However, when such savings cannot cover the outstanding loans, then guarantors has to collectively 
share the responsibility. Hardly any group attempts to monitor the use of loans by their members. 
Leaders indicated that they are aware that most borrowers use credit for various purposes and not 
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limited to intended purpose. Knowing this does not raise much concern in many cases, as they 
believe that members are adequately covered by group pressure. Nonetheless, in the event of a 
default, ones property is auctioned with the help of the chiefs. This activity does not involve the MFI 
at all as the MFI recovers the loan balances from savings and from the guarantors, with enforcement 
done within the group management structures. MFIs interest rates range between 5-7% per month, 
with repayment periods ranging from 3 months to 1year depending on loan amount. Usually first 
loans range between 10,000 (about 110 Euros) and 20,000 (about 220 Euros) and on average 15,000 
(about 150 Euros). The installment periods are rather awkward in some cases, with as low as a 
month, particularly where the loan is primarily for businesses. Loan applications are staggered with 
successful repayments leading to access to higher subsequent loans, which are usually twice as much 
as the first amounts.  Most of the businesses financed are those that have been in operation for at 
least 6 months. This shows a sign that the operators have had adequate experience in managing 
them, with low probability of collapse. This condition does not however apply to loans for farming 
activities. 

 
 Screening of Applicants 
Screening of potential loan beneficiaries is the responsibility of the groups under the linkage 
framework. Nevertheless, socio-economic history of applicants such as potential borrowers’ 
character, previous repayment records and savings status are considered. Usually, within the groups 
there exists informal peer pressure and collective responsibility under the guarantors system that 
reduces default. The standard screening among the groups is based on the groups’ observations of 
individual’s habits and groups’ obligations towards applicants. Each group is a ware that her 
members joined because of the possibility of borrowing. Therefore, in screening applicants, 
emphasis is not necessarily on whether members can pay back loans they have taken, but on the 
commitment of members to the groups’ goals. Most of members’ screening has to be done before 
members join up. Hence, groups do not screen loans. They actually screen membership, which 
amounts to determining whether a person can be trusted to regularly meet his or her obligations to 
the group. Given the fact that they invariably have similar incomes and similar credit requirements, 
the major criterion in answering the question is the individual’s character and how reliable he/she is. 
Despite the above situation, the groups sampled did not report major repayment problems. 
Borrowers pay their loans usually at harvest, with limited default except during extreme poor 
harvest.  

Problems of Fungibility  
Fungibility is a very common practice. A majority of households indicates productive investments, 
but eventually uses large proportions of loans for non-productive activities. In our survey, results 
show that up to 22% of the loans are used for non-productive activities such as fees (11%), purchase 
of household items (2%), health expenditures (1%), smoothing food consumptions (1%), social 
events such as weddings (1%) and other un-identified uses (6%). Figure below shows different 
usage of MFI credit by borrowers in the sample.  
 
MFI Credit Use by Borrowers in Kenya (Pooled Data) 

% MFI credit use by Borrowers

Business
54%

Crops
15%

Livestock
9%

Food 
Expenditure

1%

Fees
11%

House items
2%

Other use
6%

Social 
Events

1%

Health
1%
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3.1 Factors that Influence participation in MFI credit Programmes  
Table 1 shows probit estimates of factors that influence probability of households participating in 
MFI credit programmes. Among the hypothesized factors, education of the decision maker, exposure 
to agricultural seminars, female gender, off-farm engagement, and access to other sources of credit 
had a positive and significant effect on probability of participating in the micro-finance credit 
programme. On the other hand, the higher the number of older members per household,  large group 
sizes in terms of membership and further a way a household is located from the market significantly 
reduced the probability of participating in the programme. Effects on education may indicate the role 
literacy plays in ability to easily access and conceptualize information, particularly with respect to 
loan application and credit management. The significance of exposure to the seminars in this study 
depicts the impact of access to knowledge and information on participation in the credit market.  
Female gender may imply their immense involvement in rural economy, while the positive effects of 
time spent on off-farm activity can be viewed in the context of access to extra income such as off-
farm employment income. The negative effects of larger group sizes are a possible indicator of 
collective liability problems, particularly with respect to reinforcing sanctions against default.  
 
 
Table 1: Probit Estimates of Factors that influence Participation in MFI credit 

 
N 401 

LR2 2(12) 95.020 

Pseudo R2 0.272 

Log likelihood -228.343 

If own title to land (1,0) -0.119 

Hrs spent daily on-off-farm activity 0.342*** 

Household members over 50 yrs old -0.320 

Household members below 20 yrs old -0.045 

Number of group members -0.010* 

Age of decision maker in yrs 0.009 

Education of decision maker in yrs 0.063*** 

If have constant access to transfers (1,0) -0.165 

If attended agriculture seminar last yr 0.522*** 

Distance to the local market in km -0.013 

if head is female (1,0) 0.371*** 

If accessed other credit (1,0) 0.413*** 

_cons -1.091** 
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3.2 Effects of MFI Credit on Performance via Purchased Factor Use 

 We present both borrows function against non-borrowing function (see table 2) with results 
showing that positive and significant differences exist between the coefficients of farm size (0.033), 
fertilizer (0.021), investment in feeds & planting materials (0.052), business income (0.014) and hired 
labour (0.011) between borrowers and non-borrowers functions. The inverse mills ratio is also 
significant at 1 % level, indicating appropriateness in use of sample selection correction model. Wald 
chi square for both borrowers sub-sample and non-borrowers are significant at 1% level, indicating 
significant explanatory power of explanatory variables on output. The likelihood ratio test of no 
selection problem is also significant at 1% level, thus rejecting the null hypothesis of no selection 
problem. Chow test for overall difference in coefficients between borrowers and non-borrowers has an F 
value of 34.013 which is significant at 1% with (16, 401) degrees of freedom, implying that the MFI 
credit significantly influence output via purchased factors.  
 
The variable farm size is a combination of rented in area, owned area and communal area. Because of 
the small size of MFI loans, borrowers do not often use this type of credit in purchasing extra land; 
rather they rent in more land from neighbors. Therefore, the importance of farm size indicates the role of 
MFI credit in hiring in more land for cultivation. Use of fertilizer and improved seeds are common 
factors that constitute crop technology adoption in Kenya. Therefore, the significant effects and 
differences of these two inputs between borrowers and non-borrowers indicate important role of MFI 
credit on improved technology adoption and in food security. Gine and Klonner, (2006), in their review 
of the early literature point to factors such as credit constraints, aversion to risk and limited access to 
information as key factors that explain why adoption of improved agricultural technologies .  
 
Further results show that borrowers’ coefficients for hired labour are significantly higher than that of 
non-borrowers, reinforcing the important role of MFI credit. Conventionally, non-farm incomes are 
usually used on farms, therefore, the general significance of business income on farm output is expected. 
However, on positive and significant difference in coefficients of business income between borrowers 
and non-borrowers gives a dimension of the contribution of credit via investment in business on farm 
production. This indicates that those who borrowed invested substantially in businesses that generate 
regular returns enabling increased investments in maintaining their farms.  
 
These results on business incomes support descriptive results on the extent of use of MFI credit on non-
farm investment under the fungibility  of the credit.  Studies on informal credit (Aryeetey, (2002); Zeller 
et al, (1996) and Onyuma et al, (2005) show that informal credit is used on a variety of general 
household needs among resource poor households in developing countries. Ghosh, et al (1999) in their 
theoretic paper on credit rationing in developing countries observe that among farmers too poor to 
accumulate much savings, credit becomes an important instrument for smoothing consumption, and 
even in illnesses and social events such as weddings. One factor that comes out here is the important 
role of micro-credit not only on the non-productive uses as mentioned by the authors above, but also on 
productive investments such as small businesses, with consequent gains in farm production. 
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Table 2: Second Stage Heckman (MLE) of Factors That Influence Productive Income of Households 
(Heckman’s Model with Structural Shift and Dummy Endogenous variable 

 Borrowers Non-borrowers. 
N 221 180 
Wald X2 i2(13) 90.39*** 121.15*** 
ln of farm size 
 

0.293*** 
(3.680) 

0.260*** 
(3.170) 

ln value of fertilizer 
 

0.043* 
(1.760) 

0.022* 
(1.699) 

ln value of feeds/plant materials 
 

0.062*** 
(2.940) 

0.010 
(0.470) 

ln value of chemicals & vet 
 

0.003 
(0.110) 

0.046*** 
(2.330) 

ln bus income 
 

0.077*** 
(5.150) 

0.063*** 
(3.120) 

ln hired labour in hours 
 

0.040* 
(1.750) 

0.029* 
(1.692) 

ln family labour in hours 
 

0.330*** 
(2.480) 

0.193 
(1.580) 

ln value of livestock assets 
 

0.006 
(0.300) 

-0.012 
(-0.550) 

ln of age of head 
 

-0.438 
(-1.300) 

-0.182 
(-0.810) 

ln of education of head 
 

-0.302*** 
(-2.980) 

-0.018 
(-0.180) 

Ln value of transfer income 
 

0.021 
(1.260) 

0.033** 
(2.050) 

ln number of extension contacts 
 

-0.057 
(-0.420) 

0.092 
(0.860) 

ln distance to local market in km 
 

-0.057 
(-0.910) 

0.076 
(1.290) 

Intercept 
 

12.429** 
(9.550) 

8.966*** 
(9.810) 

Mills Ratio (lambda) 
 

0.715*** 
(3.420) 

0.169 
(0.710) 

Rho -0.704 0.178 
Sigma 1.016 0.948 
LR X2 Test for indep. of equations -16.96*** 0.93 

 
4.0 Conclusion and Implications 
Participation in micro-credit influence increase in purchased factor utilization and consequently 
significant effect on output. Informal credit if channeled via strong community based networks is 
likely to have gains in improved factor utilization and better performance. However, there exists 
substantial fungibility problem with significant fraction of credit being used for non-intended 
purposes. Diversion of informal credit has widely been pointed out by critics of informal credit 
lending markets, calling for intervention. One possible strategy is for governments to encourage 
MFIs to advance loans inform of inputs rather than cash. This has been successful with agricultural 
cooperative societies in Africa.  
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