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Time to Eat?
The Relationship Between Household Proxies of TinfeResources and Food Spending
Patterns.

Introduction

Understanding the relationships between time-camstrg household characteristics and
food spending behavior is important for policy makeutritionists and anti-hunger advocates
interested in the cost of a nutritious diet anegkassients of the food price environment. The
frequency of grocery shopping and the allocatiofool spending have implications for
methods of estimating food costs. Because timdimited resource for households, failure to
account for the labor and time costs of purchaamd) preparing low-cost but healthy meals may
lead to underestimates of the cost of nutritioetsdand overly optimistic assessments of their
feasibility and appropriateness. A household thatause of time constraints, chooses to make
larger but less frequent shopping trips may beebatble to take advantage of quantity or bulk
discounts. The typical market basket of a houseti@tiis more time-constrained may also
differ in composition from that of other householBsr instance, it may feature a greater
allocation of the budget to more convenient formiod, which could entail a price premium.

In this paper we use Consumer Expenditure Surv&XjClata to examine a set of
explanatory variables that serve as proxies fotithe constraints facing US consumers and
their relationship to household food spending balra®@ur overall strategy is to study several
different food spending outcomes that are espgdiakresting because they may affect the
nutrition quality of the diet, and they may be aféxl by explanatory variables that reflect the
severity of time constraints. First, we identifget of six household characteristics that are
closely tied to the time resources of householtese include characteristics related to the
composition of the household, namely householdgira, household size, number of children,
and number of elderly members, and variables afig¢he opportunity cost of time for the
household, namely fulltime work status and vehosiaership.

We then estimate regression models where the siables related to household time
constraints are the main explanatory variablestefrest and two different food spending
outcomes are the dependent variables. The firsbm# is the number of grocery shopping days
during a two-week period, which serves as a measfuisod shopping frequency.
Characteristics that constrain household time nessuare expected to reduce the number of
shopping days. The second outcome is food spersthiawge. For this outcome, we run models for
food spending at three different levels of detad @xamine spending on pairs of food categories
requiring contrasting levels of labor and time reses in order to highlight the choices
consumers make based on the convenience attribitesd. At the broadest level, we look at
spending on food at home as a share of total fpedding. Time-constraining household
characteristics are expected to reduce the shdomdfat home spending and, by definition,
increase the share of food away from home spendingn intermediate level, we compare
spending on fresh and processed vegetables aseadgtiaod at home spending with spending
on prepared food of all types as a share of fodobate spending. Time-constraining household
characteristics are expected to increase the sh&omed at home budget going to prepared food
and reduce the share going to vegetables, whicbrgiynrequire more preparation time before



they can be eaten. Finally, at the most detaileelJeve compare the share of food at home
spending allocated to fresh vegetables to the sdireated to processed vegetables. Time-
constraining household characteristics are expdotattrease the share of their food at home
budget going to processed vegetables and reduchéne of their food at home budget going to
fresh vegetables, which may require more prepardime to clean, slice and prepare.

While this analysis could be conducted for a manapgrehensive set of food items or
groups, we select pairs of foods that are expdotbe sensitive to time constraints but in
opposite directions due to differences in convergenr time-saving attributes. Although
differentiating the selected food items based arveaience attributes is possible given the
structure and detail of the CEX data, not all foodhe CEX can be distinguished based on
convenience or time-saving attributes. For instarég not possible using CEX data to
distinguish between uncooked grains like rice dr&irtmore convenient forms, such as
parboiled or instant forms, in the same way onedistinguish between fresh vegetables and
canned or frozen vegetables.

This paper addresses the issue of household timstramts and their impact on food
spending patterns in three novel ways. While tieean extensive literature looking at socio-
demographic covariates of food expenditures, thidysdiffers from previous studies by
focusing specifically on household characteridtitzg are closely tied to the time resources of
households and that can serve as proxies for holesetme constraints. To our knowledge, this
is one of the first studies to use CEX informatoonthe date of purchase for food items to
calculate the number of shopping days for foodomtd and examine correlations with proxies
for household time constraints. While other studli@ge looked at visits to food away from home
establishments (Binkley 2006) or spending allocaismong major food groups like fruits and
vegetables (Ziol-Guest et al 2006), this studynigjue in its attention to consumer choices based
on the convenience attributes of food. It doesysodmparing spending on food categories
requiring different levels of labor and time resmas in order to highlight consumer response to
time constraints.

Few, if any, studies on the food price environntemnte examined the issue of time costs
of preparing food at home and the price premiumsdovenience and time-saving attributes in
food items. One of the existing methods for assgssiod costs relies on a market basket
approach, which involves selecting a set of foethd to be priced at different stores or
locations. Researchers are free to decide whasitenmclude in the market basket and the
composition of the market basket used is genenaditivated by the research questions to be
addressed. Those interested in the cost of a herattiet have created market baskets featuring
food items with more desirable nutritional attriésior that comprise a diet that is considered
healthy (see Chung and Myers, 1999; Andrews &(dl]; Jetter and Cassady, 2006; Anderson
et al, 2007). Efforts to estimate the cost of aihats diet have generally focused on the cost of
food ingredients and have either ignored or undpharsized the time costs of purchasing and
preparing these ingredients.

This exploratory research will help researcherstigvand modify methods for
measuring food prices in ways that better accoamthfe time cost of shopping for and preparing
food at home. Findings from this paper could belusadevelop market baskets to measure food
costs for time-constrained households that arablet spend as much time shopping for and
preparing food or are not able to shop as frequeRdr instance, market baskets that are more
appropriate for time-constrained households coelddveloped that feature more convenient
food items or larger package sizes. The price @¢lmore convenient market baskets could then



be compared to reference market baskets to estimaf@ice premium for convenience
attributes in food.

Background and Literature Review

Researchers have noted the rise in consumptiomoof dway from home and packaged
and ready-to-eat foods (Stewart et al 2004; Jabavine 2006) and the coincident rise in
obesity (Cutler et al 2003). The link has beernlaited to the response of individuals and
families to time constraints and the feeling ofdipressure, seeking to reduce the time involved
in acquiring and preparing food. Individuals anchilees may shift consumption towards
relatively unhealthy prepared food, such as ceftaod from fast food restaurants, and away
from relatively healthier ingredients, such asliresgetables, that require further preparation
(Guthrie et al 2002). This creates a potentialdddflbetween nutrition and convenience (Ziol-
Guest et al 2006).

Studies using time use surveys, such as the Anmefitae Use Survey (ATUS), have
found a downward trend in the amount of time Amangspend preparing food (Zick and
Stevens 2010). Individuals and households withagetharacteristics may face time constraints
that compel them to spend even less time on foladeck activities like grocery shopping and
food preparation. For example, gender, work stand,presence of children have been found to
correlate with time spent on food preparation ateiofood-related activities (Hamrick and
Shelley 2005; Cawley and Liu 2007; Mancino and Nenrg007).

While time use surveys like the ATUS provide infatmon on how individuals and
families allocate their time across different fomtated activities, such as grocery shopping,
food preparation, or restaurant visits, they ugualtk detailed information on the specific types
of foods being purchased, prepared or consumethvEstigate household food choices in
greater detail, other studies, as this paper debspn household expenditure data, such as the
CEX, or dietary intake data, such as the Contindagvey of Food Intakes by Individuals
(CSFII) or National Health and Nutrition Examinati8urvey (NHANES). However, these
datasets have their own limitations, since theyakogenerally collect detailed information on
time use or time resources. This paper fills anargnt gap in the literature by using available
information on household characteristics in the G&¥fer household time costs and resources
and to examine the relationship of these time-eélaroxies to detailed food spending patterns.

Household structure is expected to have strongigaipbns for the time resources of
households. Others have found that households tdmda single adult spend less time on food
preparation (Mancino and Newman 2007), spend mofead away from home (Zick et al
1996; Stewart et al 2004; Ziol-Guest et al 2006y spend less on fruits and vegetables than
two-adult households (Ziol-Guest et al 2006). Wpest that households headed by single adults
will be more time constrained than those headetivbyadults, since the latter may have more
flexibility and ability to share household respdnilgiies.

Some studies have found that larger householdsidpsa on food away from home
(Stewart et al 2004) and shop for groceries maguently (Bawa and Ghosh 1999), while
others have found that larger households havedradkedules that results in less time preparing
and eating family meals (Jabs and Devine 2006)e¥yect that household size will vary in its
effect on a household’s time resources. Additidmalsehold members allow for greater
flexibility in sharing household responsibilitiescluding shopping and preparing food. In this
case, increasing the number of household membetd potentially ease time constraints
related to food acquisition and preparation. Initaid, larger household size may have



economies of scale effects that make food preperati home more economical in terms of both
time and cost. It allows for purchasing food inkosiizing, which tend to cost less per unit. Labor
time involved in food preparation per household rhenalso goes down. For instance,
preparing and cooking food for four people maynegjuire much more time than cooking for
three people. However, after a certain point, iasigg the household size further could increase
the time constraints that the household facesrasist manage the increasingly complex task of
food acquisition and preparation for a large nundfgreople.

The presence of children and elderly members imthesehold is expected to influence
the time resources of a household. Householdsakitdren have been found shop for groceries
less frequently (Kim and Park 1997) and spend areased amount of time on housework,
including food-related activities (Jabs and De\20@6). We expect that caring for children
increases the time constraints on households. fidsepce of elderly member could potentially
increase the time resources of a household ottineeaconstraining factor. Retired elderly
members may have more time to attend to househaltibns, including food acquisition and
preparation (Bawa and Ghosh 1999). However, ceefdierly members may also require
additional care from other household members, asing the time constraints facing the
household. We expect that on the whole, elderlgnbers tend to be retired and no longer
working, increasing the time resources of the hbakkand reducing household time
constraints.

Studies have found that working adults shop focgnes less frequently (Kim and Park
1997; Bawa and Ghosh 1999), spend less time onrgatkd activity (Hamrick and Shelley
2005; Cawley and Liu 2007; Mancino and Newman 208 more likely to purchase prepared
food (Cawley and Liu 2007), spend more on food aftay home (Stewart et al 2004; Binkley
2006; Ziol-Guest et al 2006), and are more likelyetel that time pressure is a barrier to healthy
eating (Welch et al 2009). We expect that full ttwark among household adults will be a time-
constraining characteristic, since these adultshawe less time for food-related activities such
as grocery shopping, food preparation and cleanup.

Vehicle access or ownership has been associatbdeiter health outcomes even after
controlling for income (Macintyre et al 2001), fosdcurity (Martin et al 2004), reduced
consumption of fruits and vegetables (Rose andd@sh2004), increased consumption of
vegetables (Bodor et al 2007), and less frequesp@hg (Clifton 2004). Vehicles influence the
manner in which households interact with the foodm®nment. We expect that vehicle
ownership will reduce the time constraints facirtgpasehold. Access to a vehicle can reduce the
time cost of traveling to and from food retail agand the number of food retailers that are
accessible to the household. It also increasesatyw-carrying ability of the household
compared to other forms of transportation, makrigstto food retail more time-efficient.

The first outcome we consider is the number of phapdays. Retailing and marketing
studies have found that households with certaimagieristics, such as full-time employment
among adults, presence of children, smaller houdetire, or younger household head, shop for
groceries less frequently (Kim and Park, 1997; Bamna Ghosh, 1999). In addition, a negative
relationship exists between shopping frequencyraarket basket size (Kim and Park, 1997;
Bell and Lattin, 1998; Bawa and Ghosh, 1999). Wedtlyesize that households with time-
constraining characteristics, such as full-time Eympent or presence of children, are expected
to consolidate their food shopping activities ahdgsless frequently in order to reduce the time
and opportunity costs associated with food shopping



The second outcome we look at is food spendingesloarthe composition of food
spending. A number of studies have looked at catesiof spending on or consumption of food
away from home. Demand for food away from homeoisedated to many factors, including
income, household structure, presence of childatityudes towards nutrition, and convenience
(Stewart et al 2004; Binkley 2006). The literatorethe relationship between time-constraining
household characteristics and spending allocatiofood at home is less extensive. Ziol-Guest
et al (2006) found differences in food budget alam patterns between dual parent and single
parent households. We expect that households wwitr¢onstraining characteristics will allocate
a greater share of their food budget to food categdhat require less time to prepare and a
smaller share of their budget on food categoriasrdguire more time to prepare, all else equal.

Data

This paper uses public use microdata from the Dganywey component of the 2008 CEX.
The CEX is conducted by the US Census Bureau wuatdract with the Bureau of Labor
Statistics and provides yearly information on tpersling habits, income, assets and liabilities,
demographic and socioeconomic characteristics ofgan consumers. The survey sample is
designed to provide population estimates thategpeesentative of the total non-institutionalized
population in the US.

The CEX consists of two parts, the Interview andrlpicomponents, each with its own
sample. The sample for each component consistsarit&,500 Consumer Units. In this paper
we use the terms Consumer Unit and household hdageably. The Interview component is a
guarterly survey that collects information on exgieures that respondents are able to recall over
a time period of three months or more. Becaushefelatively long time frame, this survey
captures larger expenditures, such as spendingopey, automobiles, and major durable
goods, and those that occur on a regular basik,asicent or utilities. The Diary component
collects information on spending occurring during ttonsecutive one-week periods, or a total
of 14 consecutive days. The shorter time framesgghed to capture smaller, more frequently
purchased items, such as food and beverages. Resysruse a diary to record virtually all
expenses incurred during the two consecutive orekweriods. Participants receive each
weekly diary during a separate visit by a Censue8ul interviewer.

Information on expenditures in the public use mietta is aggregated at the Universal
Classification Code (UCC) level (see Appendix Aefe are over 600 expenditure UCCs in the
2008 CEX, of which 165 are food and beverage reélatéth UCCs, it is possible to distinguish
between spending on fresh apples and on fresh haplnt not between spending on different
varieties of apples. Furthermore, only food itetregt tapture a significant share of overall
population expenditures are assigned their owimndistyCC. For example, there are distinct
UCCs for apples, for bananas and for oranges,|batieer fresh fruits are grouped into a single
UCC, “other fresh fruit.”

The Diary Survey sample of the 2008 CEX consistg,486 Consumer Units. Not all
Consumer Units participate in both weeks of theeyrFor analysis related to food spending
shares, only units participating in both weekshef $urvey with valid food expenditure data are
retained. The final sample for these analyses stmef 6,554 Consumer Units. For the analysis
examining the number of shopping days, househoittsmissing purchase date information are
also dropped. The sample for shopping frequencgistsof 6,064 Consumer Units.

The CEX uses stratified random sampling with syst@rsampling within the strata
rather than a simple random sample. To calculaiégased and design-appropriate standard



errors using the CEX, this complex survey desigistbe accounted for using replication
methods. These methods select sub-samples repetiadithe full sample, calculate the
statistic of interest for each sub-sample, andhiseariability among the sub-samples to
estimate the standard error of the full-samplastiat(Blaha 2003). The standard errors reported
in the Results section of this paper are estimasey this replication method. All regressions
described below were run using STATA version 1&thia Corp, 2007).

Methods

This paper examines the relationship between afsex socio-demographic variables
that serve as markers for household time resoameswo different household food spending
outcomes. The following linear functional form imdiuces the basic structure of the approach:

Yi=h+ X+ BRhZ+e (1)

Yij Food spending outcome for consumer uaibd food category

Xi Vector of eanelated explanatory variables for consumer iunit
Z; Vector of sumer unit control variables

Explanatory Variables

The set of explanatory appearing on the right-leadd are the same in each of the
regression models. Six variables serve as proxiesaokers for the time constraints facing the
Consumer Unit and are the explanatory variablestefest. Rather than develop an index of
time-constraint, we examine each characteristitviddally to see if it is a significant covariate
of food shopping days or food spending shares. lBecthe CEX does not collect actual time
use information, it is not possible to estimatedffects or relationships in terms of hours or
minutes in this analysis. We include additionaliafalles on the right-hand side to control for
other socioeconomic and demographic characteristics

Time-Related Variable 1: Household Structure

Consumer Units are classified into one of founyany household structures: single adult,
two adults, and all other households. All else gqua expect Consumer Units with two adults
to have more flexibility and ability to share hohskl responsibilities, making it easier to
manage demands on their time. Consumer Units wi¢ghaalult are expected to have fewer
shopping days, reduce the share of the food bugtaeg to food at home, and increase the share
going to prepared foods and processed.

Time-Related Variable 2: Household Size

The number of members in the Consumer Unit is arotariable we expect to affect
household time resources. Additional household nesllows for more flexibility in sharing
household responsibilities, including shopping preparing food. In this scenario, increasing
the number of household members could potentia #ae constraints related to food
acquisition and preparation. Larger household siag have economies of scale effects that
make food preparation at home more economicakmd®f both time and cost. It allows for
purchasing food in bulk sizing, which tend to dess per unit. Labor time involved in food
preparation per household member may also go deaminstance, preparing and cooking food



for four people may not require much more time tbaoking for three people. On the other

hand, increasing the household size may add coriyptexthe household routine and schedule
and could increase the time constraint facing thestmer Unit. We therefore include a
guadratic term for household size to capture nealireffects. We expect that increasing the
household size will increase the number of shoppangs but that the marginal effect is
decreasing. Increasing household size is also &qgbéa increase the share of the food budget
allocated to food at home, and reduce the shargdoiprepared food and processed vegetables.
The marginal effect will be decreasing.

Time-Related Variable 3: Number of Children

We include the count of children under 18 yearag#d. Increasing the number of
dependent children is expected to increase thedonstraints faced by the Consumer Unit,
reducing the number of shopping days and the sifdood at home, while increasing the share
of prepared food and processed vegetables.

Time-Related Variable 4: Number of Elderly Members

We include the count of elderly members over the@igh4. The presence of elderly
members could reduce the time constraints facatidZonsumer Unit by providing additional
help and experience in handling household chonefjding food acquisition and preparation.
Increasing the number of elderly members is expettteeduce the time constraints faced by the
Consumer Unit, increasing the number of shopping @ad the share of food at home while
decreasing the share of prepared food and procesgethbles.

Time-Related Variable 5: Work Status

We look at the effect of Consumer Unit work stdiyscreating a dummy variable
indicating that the reference person and spougeesfent, each work 40 or more hours a week.
Full-time work status is expected to increase itime tonstraints on the Consumer Unit,
reducing the number of shopping days and the gifdood at home, while increasing the share
of prepared food and processed vegetables.

Time-Related Variable 6: Vehicle Ownership

The CEX has information on vehicle ownership itaccess to a vehicle. We include a
dummy variable that indicates that the Consumet dlmns at least one vehicle. Vehicle
ownership may provide greater logistical flexilyilib carry out household functions and reduce
the opportunity cost of traveling to food retailimay also facilitate travel to different food
retailers on different days. In this sense, vehigl@ership could increase the number of
shopping days. On the other hand, the cargo-cayrigapacity of vehicles may allow Consumer
Units to consolidate shopping and make fewer, éngidr shopping trips. Vehicle ownership may
reduce the opportunity cost of travel, freeing uprértime to prepare food at home. It may also
increase the ability to participate in activitiegay from home, including eating out, resulting
less time to prepare meals at home.

Other Control Variables

In addition to the time-related explanatory vargabihat are the primary interest of this
paper, we control for a number of other demographit socioeconomic characteristics. These
are meant to capture factors such as taste anerenekes as well as geographic variations in



food prices and food retailer density and distitrutWe control for household income by
including the percentile ranking of the househaltbime, Food Stamp Program participation in
the past month, urban residence, geographic regimahreference person characteristics, namely
age, race/ethnicity, and educational attainment.

Outcome Variables
Outcome 1. Number of Shopping Days

The first outcome we consider is the number of phapdays for food at home. We
expect that households that are more time-constlaiill consolidate their shopping and shop
on fewer days in order to reduce the time coshopping for food. Shopping frequency has
implications for the cost of food. Households thmgtke fewer but larger shopping trips may be
better able to take advantage of lower unit cogestd bulk or quantity discounts. To our
knowledge, this is one of the first studies to indermation on the date of purchase in the CEX
to create a measure of shopping frequency for &adebme. In this analysis we use the number
of times a Consumer Unit shops for a food itemroug of food items during a given time
period. CEX Diary Survey respondents record the dateported expenditures, but not the time.
While it is not possible to precisely count the toemof times a Consumer Unit shops for a
given food item or group of food items, it is pdisito determine whether or not the Consumer
Unit made a relevant purchase on a given day.iémtlodel, the number of shopping days is
defined as the number of days during the 14-day diiariod that the Consumer Unit reported
expenditures on food at home.

Outcome 2: Food Spending Share

The second outcome we consider is food spending shhe typical market basket of a
household that is more time-constrained may diffeomposition from that of other
households, such as the relative importance ofeence foods. To highlight choices that
consumers make based on the convenience attribiitesd, we compare spending shares on
pairs of foods that require different amounts dblaand time. If more convenient forms of food
carry a price premium, this has important implicas for the cost of food.

In this model, we define food spending shares éenfttiowing manner:

1. Calculate the total spending by each consumeramihe food category in the
denominator (see below) over the 14-day surveygeri

2. Calculate the total spending by the consumer unthe food category in the numerator
(see below) over the 14-day survey period.

3. Divide the result in 2) by the result in 1) to ad&te the spending share.

We run this model for three different levels of dogpending. At the broadest level of
food spending, we examine the share of total fgmhding allocated to food at home. We
expect that households with time-constraining otterestics will allocate a smaller share of their
food budget to food at home and, by definitionr@ater share on food away from home.
Purchasing, preparing and cleaning up food prepairedme represent the less convenient
option for time-pressed households.

At the intermediate level of food spending, we pane the share of food at home
spending allocated to vegetables and to prepa fdfome examples of prepared food include
canned soups, frozen meals, and prepared salagsriig vegetables for meals at home will



tend to require more preparation time than preptred, which may require nothing more than
reheating. We expect that households with time4taimsng characteristics will allocate a
greater share of their food budget to prepared &wtla smaller share of their budget on
vegetables.

At the most detailed level of food spending, we pane the share of food at home
spending allocated to fresh vegetables and to pseckvegetables. Processed vegetables include
frozen, canned and dried vegetables. We expechthegteholds with time-constraining
characteristics will allocate a greater share eirtftood budget to processed vegetables and a
smaller share of their budget on fresh vegetables.

Descriptive Statistics

Table 1 presents summary statistics for the expdaypaariables used in the models. The
average Consumer Unit has 2.5 members, lives urlzan area (92 percent) and owns a vehicle
(89 percent). About a third of Consumer Units hawvkast one child under 18. In about a third
of Consumer Units, both the reference person aadss if present, typically work 40 hours or
more a week. In approximately a quarter of Consuomits, the reference person is of nonwhite
race, and 60 percent of reference persons havetimeme high school education.

Table 1: Summary Statistics for Explanatory Variales

Variable Description Mean S.D.
ONEADULT 1=0One adult Consumer Unit 0.33 0.47
TWOADULT 1=Two adult Consumer Unit 0.48 0.50
OTHCU 1=0ther Consumer Unit 0.19 0.39
FAM_SIZE Consumer Unit size 2.51 1.45
FAMSQ (FAM_SIZEY 8.41 10.19
PERSLT18 Number of children under 18 0.65 1.07
PERSOT64 Number of members over 64 0.31 0.62
FTEARN 1=all adults work fulltime 0.34 0.47
VEHICLE 1=vehicle owner 0.89 0.31
INC_RNKM Ranking of Current Income 0.51 0.29
SNAP_MO 1=Food Stamps in past month 0.06 0.24
AGELT35 1=Reference person age < 35 0.24 0.43
AGE3549 1=Reference person age 35-49 0.30 0.46
AGE5064 1=Reference person age 50-64 0.27 0.44
AGEOT64 1=Reference person age > 64 0.20 0.40
NONWHITE 1=Reference person non-white¢  0.27 0.45

race/ethnicity
HSORLESS 1=Reference person education 0.40 0.49

HS or less
URBAN 1=Urban 0.92 0.28
NORTHEAST | 1=Northeast region 0.18 0.39
MIDWEST 1=Midwest region 0.23 0.42
SOUTH 1=South region 0.36 0.48
WEST 1=West region 0.22 0.41

Source: 2008 CEX Diary Component

Table 2 shows the sample distribution for the finstcome, the number of shopping days
for food at home. The mean and median number gfmhg days are 4.4 days and 4 days,



respectively. Given that the time period for th@ficomponent is 14 days or two weeks, this
amounts to roughly 2 shopping days per week foatregage Consumer Unit. However, the
modal value for shopping days is 2 days. Althodgs &analysis did not examine the time
interval between shopping days, this is suggestiveeweekly shopping pattern for many
Consumer Units. A little over 2 percent of Consutdaits did not report any food at home

spending during Diary period while less than 1 petshopped every day during the two-week

Diary period.

Table 2: Distribution of Number of Shopping Days ér Food at Home in a 14-Day Period

# of Shopping Days

Share of all Consumer Unit

UJ

0 2.4%
1 7.9

2 19.7
3 14.3
4 14.5
5 11.9
6 9.3

7 7.1

8 4.5

9 3.5
10 2
11 1.2
12 0.7
13 0.5
14 0.6

Mean = 4.37 S.D.=2.72 Median = 4

Source: 2008 CEX Diary Component

Table 3 presents descriptive statistics for theseéoutcome, food spending shares.

Nearly 40 cents out of every dollar spent on foahinto food away from home. Combined with
prepared food, 45 cents, or nearly half, of evepdfdollar was spent on food that was prepared

by some entity other than the Consumer Unit. Inras, slightly more than a nickel out of
every food dollar was spent on vegetables.

Table 3: Average Annual Food Spending, 2008

Food Group Average Share of Total | Share of Food
Annual Food at Home
Expenditure Spending Spending
All Food $6,256
Food at Home 3,885 62.1 %
Cereals and Bakery Products 532 8.5 137 %
Cereals and Cereal Products 178 2.8 4.6
Bakery Products 355 5.7 9.1
Meats, Poultry, Fish, and Eggs 866 14.2 22.8
Beef 249 4.0 6.4
Pork 172 2.7 4.4
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Other Meats 112 1.8 2.9
Poultry 167 2.7 4.3
Fish and Seafood 133 2.1 3.4
Eggs 53 0.9 1.4
Dairy Products 452 7.2 11.6
Fresh Milk and Cream 176 2.8 4.5
Other Dairy Products 275 4.4 7.1
Fruits and Vegetables 691 11.0 17.8
Fresh Fruits 233 3.7 6.0
Fresh Vegetables 222 3.6 5.7
Processed Fruits 122 2.0 3.1
Processed Vegetables 113 1.8 2.9
Other Food at Home 1,324 21.2 34.1
Sugar and Other Sweets 136 2.2 3.5
Fats and Oils 110 1.8 2.8
Prepared Foods 440 7.0 11.3
Snacks, Condiments, and Seasonings 77 2 4.4 7.1
Nonalcoholic Beverages 361 5.8 9.3
Food Away From Home 2,371 37.9

Source: 2008 CEX Diary Component

Regression Model Results

The number of shopping days is a count outcomémBashg this limited dependent variable
using linear regression can result in estimataas dhe inefficient, inconsistent, and biased (Long
1997; Wooldridge 2003). A common statistical resggoto this problem is to treat the process as
Poisson and estimate the Poisson regression nR&l) using maximum likelihood. A Poisson
process is a stochastic process in which eventg @onitinuously and events are mutually
independent. It assumes that variation is due $emed heterogeneity and that the mean and
variance are the same. Because of these and sw@nptions, this model may not be realistic
for economic processes and often does not fitactpre (Long 1997).

A slightly more flexible variation of the Poissorodel is the Negative Binomial
Regression Model (NBRM). It is used to fit modelsount outcomes where there is more
variation than would be expected under Poissongsses. It allows for variation due to different
values of the independent variables but also dumobserved heterogeneity. It is more
appropriate than Poisson if there is overdispersidiere variance is greater than the mean
(Long 1997). The negative binomial can be viewed Beisson model with specification error,
with the error accounting for individual variatione determined that NBRM is more
appropriate than PRM in modeling food shopping ba&ragiven the degree of individual
variation. We also ran diagnostic tests and detexdithat the variance is in fact greater than the
mean, indicating that the NBRM is more approprfatanodeling the number of shopping days.

Multivariate linear regression analyses (OLS)uwsed to model food spending shares.

Outcome 1: Shopping Days

Figure 1 shows the sample distribution of shoppiags for food at home and the
expected number of shopping days as predictedéb?RM and NBRM.
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Figure 1: Histogram of Predicted and Observed Fregeancies of Number of Shopping Days
for Food at Home
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Source: 2008 CEX Diary Component

The NBRM appears to do a better job predictingsraple frequencies throughout the
distribution, although neither model is able todacethe spike in observed values for Consumer
Units that shop twice during the two-week periode Variance of the number of shopping days
for food at home, 7.40 shopping days, is greatan the mean of 4.4 shopping days, indicating
that the NBRM may be more appropriate than the RiRModeling this count variable.
Furthermore, post-estimation diagnostic tests cor@d the presence of overdispersion,
suggesting that the NBRM may be more appropriate the PRM in modeling the number of
shopping days.

The multivariate results of the Negative Binomiagression Model for the number of
shopping days for food at home appear in Table 4.

Table 4: Negative Binomial Regression Model of Nuber of Shopping Days, Food at Home

Time-Related Variables Coefficient Standard Error
ONEADULT -0.080 *** 0.029
OTHCU -0.079 *** 0.025
FAM_SIZE 0.175 *** 0.028
FAMSQ -0.011 *** 0.003
PERSLT18 -0.031* 0.017
PERSOT64 0.033 0.036
FTEARN -0.047 ** 0.020
VEHICLE 0.057 * 0.031

Other Control Variables
INC_RNKM 0.037 0.041
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SNAP_MO 0.108 ** 0.043
AGELT35 -0.116 **= 0.027
AGE5064 0.077 *** 0.027
AGEOT64 0.002 0.056
NONWHITE 0.010 0.023
HSORLESS -0.077*** 0.019
URBAN -0.046 0.034
MIDWEST -0.097 *** 0.027
SOUTH -0.064 ** 0.025
WEST 0.004 0.020
CONSTANT 1.221 *** 0.073

Pseudo R-square 0.020

*p<0.1;* p<0.05 * p<0.01
'Omitted category: TWOADULT
Omitted category: AGE3549
*0mitted category: NORTHEAST
Source: 2008 CEX Diary Component

All of the time-related explanatory variables, witle exception of the number of elderly
household members, are significant at the 10 pessgnificance level or better. This suggests
that each of these time-related variables captudistinct effect on household time resources.
Furthermore, the number of shopping days for fadibane responds to time-constraining
characteristics in expected ways.

Households headed by a single adult have fewerpshgplays than two-adult
households. The coefficient of -0.080 for this ahle implies that the expected number of food
shopping days for households with only one adudtisut 8 percent lower than for households
with two adults. Households headed by two adultsjddfinition, have more person-hours
available to manage household maintenance funcliiemshopping for food. They are also able
to share responsibilities for tasks like shoppimgfdod.

Household size has a positive, but decreasing malrgffect, on the number of shopping
days. This suggests that initially having a few enbousehold members may allow for more
flexibility in terms sharing food shopping respdniiies and increase the number of shopping
days, but eventually, the complexity of managingieeds, logistics, and schedule of a large
household may reduce this effect.

A household with more children, all else equal, teager shopping days for food at
home. The extra time that goes into caring for la@othild shifts time away from other
activities, including shopping for food. Full-timmeork status among adults in the household is
negatively related to the number of shopping dayfitime work reduces household time
resources available to manage other householdifunsctincluding shopping for food.

Vehicle ownership has a positive effect on the nemdb shopping days, suggesting that
the convenience and logistical flexibility that ehicle affords may have a stronger effect in
increasing the number of shopping days than trecedf cargo-carrying capacity has on
decreasing the number of shopping days.

Turning to the other control variables in the bottbalf of the table, the number of
shopping days increases with the age and edudaaititve reference person. Households
residing in the Northeast shop on more days thasetim the Midwest and South. The bivariate
correlation between income and the number of simgpgays is positive and significant, but this
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association is no longer significant after coningjlfor all the other variables. Consumer Units
that received Food Stamp benefits in the past mioae more shopping days, all else equal.
This finding is at odds with those of Wilde and Ray (2000), who found that Food Stamp
participants tend to shop less frequently than @aige non-participants. In that study, 42
percent of Food Stamp participants shopped oncerdmor less frequently. The sample used in
this analysis only included households with foodmsing information during the 14-day diary
period, so it is possible that our sample includetisproportionate share of program participants
with a preference or need to shop more frequently.

Outcome 2: Food Spending Shares

Next we turn to the multivariate results for tleeend outcome, starting at the broadest
level of food spending. The results of the OLS esgion models for food at home spending as a
share of total food spending are presented in Table

Table 5: OLS Regression Model of Share of Total Fml Spending

Food at Home
Time-Related Coefficient Standard Error
Variables
ONEADULT -0.039 ** 0.015
OTHCU -0.027 ** 0.013
FAM_SIZE 0.029 * 0.014
FAMSQ -0.002 0.001
PERSLT18 0.007 0.010
PERSOT64 0.000 0.013
FTEARN -0.034 *** 0.011
VEHICLE -0.009 0.015
Other Control
Variables
INC_RNKM -0.193 *** 0.021
SNAP_MO 0.070 *** 0.021
AGELT35 -0.076 *** 0.011
AGE5064 0.045 *** 0.011
AGEOT64 0.070 *** 0.022
NONWHITE 0.003 0.011
HSORLESS 0.025 *** 0.009
URBAN -0.026 0.022
MIDWEST® -0.003 0.017
SOUTH -0.026 * 0.013
WEST 0.012 0.017
CONSTANT 0.724 *** 0.033
R-square 0.108

*p<0.1;*p<0.05 *p<0.01
'Omitted category: TWOADULT
Omitted category: AGE3549
*0mitted category: NORTHEAST
Source: 2008 CEX Diary Component
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Because food at home and food away from home cempnutually exclusive and
exhaustive categories for total food spending, Inadllels will have the same coefficients and
standard errors, with the exception of inverteahsign the coefficients. We expect that
households that are more time-constrained will cedheir food budget allocation to food at
home. Among the time-related variables, householitire appears to have the largest
practical significance. As expected, one-adult rbotds spend a smaller share of their total
food budget on food at home compared to two-aduiskbholds. The coefficient of -0.039 for
this variable implies that, other factors beingagbouseholds headed by one adult spend about
3.9 percentage points less on food at home asra shtotal food spending than households
headed by two adults. Household size has a positidesignificant effect on food at home
spending, suggesting that economies of scale m&g foad preparation at home more
economical. As expected, full-time work has a niegatnd statistically significant effect on
food at home spending share. Vehicle ownershipntimeber of children, and the number of
elderly members are not significant in this model.

Turning to the other control variables, income &a®gative and marginally increasing
effect on food at home spending. Recipients ofdF8tamps are more likely to allocate their
food dollars to food at home, which is not surpigsgiven program rules that restrict benefit use
to food at home purchases. Households with yourajerence persons and more educated
reference persons spend less on food at home.

Next we consider the multivariate results for teeasd outcome, focusing on the
intermediate level of food spending. Table 6 prées#me results of the OLS regression models
for spending on vegetables and on prepared foadshare of food at home spending.

Table 6: OLS Regression Model of Share of Food &tome Spending

Vegetables Prepared Food
Time-Related Coefficient Standard Error Coefficient Standard Error
Variables
ONEADULT" -0.009 ** 0.004 0.019 *** 0.006
OTHcU -0.005 * 0.003 0.008 * 0.005
FAM_SIZE -0.007 * 0.003 0.002 0.005
FAMSQ 0.001 *** 0.000 -0.001 0.001
PERSLT18 -0.006 *** 0.002 0.006 * 0.003
PERSOT64 0.007 * 0.004 -0.004 0.005
FTEARN 0.000 0.002 0.002 0.004
VEHICLE 0.001 0.004 0.016 *** 0.006
Other Control
Variables
INC_RNKM 0.007 0.005 0.001 0.008
INCSQ -0.005 0.004 0.012 0.009
SNAP_MO -0.006 0.003 0.016 0.006
AGELT35 0.004 * 0.003 -0.007 *** 0.005
AGE5064 -0.006 0.007 -0.002 0.009
AGEOT64 0.008 0.003 -0.024 0.005
NONWHITE 0.000 *** 0.002 -0.009 *** 0.004
HSORLESS -0.003 0.004 -0.003 ** 0.011
URBAN -0.010 0.003 0.009 0.007
MIDWEST -0.007 *** 0.003 0.005 0.004
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SOUTH 0.003 ** 0.003 0.009 0.006

WEST 0.097 0.007 0.092 0.015

CONSTANT 0.000 *** 0.002 0.002 *** 0.004
R-square 0.022 0.025

*p<0.1;*p<0.05 *p<0.01
'omitted category: TWOADULT
Omitted category: AGE3549
3omitted category: NORTHEAST
Source: 2008 CEX Diary Component

We expect that households that are more time-canstt will reduce their food budget
allocation to vegetables, which require more timé Ebor to prepare, and increase the
allocation to prepared food, which may only nedtweeging before they are ready to eat. Again,
household structure is statistically significantl dras the greatest practical significance among
the time-related variables. Households headed byadult spend more on prepared food and
less on vegetables than households headed by wits.adlll else equal, households headed by
one adult allocate nearly a percentage point le#sedr food at home budget on vegetables and
1.9 percentage points more on prepared food thaseimlds headed by two adults.

Household size matters for vegetable spending, evihddas a negative but marginally
decreasing effect, while it has a positive, butstatistically significant, effect for prepared tbo
The time and labor required to clean and prepagetables may be cumulative, so that
preparing one pound of vegetables for four househm@mbers takes approximately twice as
long as preparing half a pound for two memberss Efflect may be enough to reduce vegetable
consumption as the household size increases. The samulative effect may not matter as
much for prepared food, such as frozen microwawedininers, which require minimal
preparation time to begin with.

The effect of the number of children is statisticaignificant in both models and has the
expected direction. Increasing the number of caiidieduces spending on vegetables and
increases spending on prepared food. The numbedefly members has a positive and
marginally significant effect on spending on ve@d¢a and a negative but insignificant effect on
spending on prepared food. Elderly members may treesme and culinary experience
working with vegetables that encourages more spgnal vegetables compared to households
with fewer or no elderly members.

Fulltime work is not significant in either modeln®interpretation of this result is that
households in which all adults are working fulltist@ft more of their food dollars to food away
from home (from Table 5), but that their allocatmifood at home does not change
significantly, at least at this intermediate lewéthicle ownership has a positive effect in both
models, but is only statistically significant fgeesxding on prepared food. It is possible that the
mobility that a vehicle affords reduces the oppaitiucost of non-food-related activities even
more than it reduces the opportunity cost of foeldted activities. For instance, vehicle
ownership may make it easier for household mentiogparticipate in social activities outside of
the home, reducing the time resources availabbedpare food at home and, in turn, making
prepared food more attractive.

Turning to the other control variables, househelth younger reference persons spend
less on vegetables and more on prepared food, Bsuk®holds with white reference persons.
Geographic dummy variables are significant in tloglet for vegetable spending, but not for
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prepared food, suggesting that regional variatioriee availability or price of vegetables could
be a factor.

Finally, we consider the multivariate results floe second outcome at the most detailed
level of food spending. Table 7 presents the reqilthe OLS regression models for spending
on fresh vegetables and on processed vegetabéeshase of food at home spending.

Table 7: OLS Regression Model of Share of Food &ome Spending

Fresh Vegetables Processed Vegetables
Time-Related Coefficient Standard Error Coefficient Standard Error
Variables
ONEADULT -0.010 *** 0.003 0.001 0.002
OTHCU -0.006 ** 0.003 0.001 0.001
FAM_SIZE -0.008 *** 0.003 0.002 0.002
FAMSQ 0.001 *** 0.000 0.000 0.000
PERSLT18 -0.004 ** 0.002 -0.002 * 0.001
PERSOT64 0.002 0.003 0.005 * 0.003
FTEARN -0.003 0.002 0.003 * 0.001
VEHICLE -0.001 0.004 0.002 0.002
Other Control
Variables
INC_RNKM 0.007 0.005 -0.001 0.002
SNAP_MO -0.007 ** 0.003 0.002 0.002
AGELT35 -0.004 0.003 -0.002 * 0.001
AGE5064 0.004 0.003 -0.001 0.002
AGEOT64 0.000 0.005 -0.007 0.005
NONWHITE 0.007 *** 0.003 0.001 0.001
HSORLESS -0.003 0.002 0.003 ** 0.001
URBAN 0.004 0.004 -0.006*** 0.002
MIDWEST® -0.011 *** 0.003 0.001 0.002
SOUTH -0.009 *** 0.003 0.003 * 0.001
WEST 0.006 * 0.003 -0.002 0.002
CONSTANT 0.075 *** 0.007 0.023 *** 0.004
R-square 0.031 0.014

*p<0.1;*p<0.05 *p<0.01
'Omitted category: TWOADULT
Omitted category: AGE3549
0mitted category: NORTHEAST
Source: 2008 CEX Diary Component

We expect that households that are more time-anstt will reduce their food budget
allocation to fresh vegetables and increase tleation to processed vegetables. As expected,
one-adult households spend less on fresh vegetiddalegswo-adult households. All else equal,
one-adult households spend 1 percentage poinbfefgesh vegetables than two-adult
households. Although the coefficient appears terball, it is actually a substantive effect.
Spending on fresh vegetables as a share of foodna¢ spending is about 3 percent. One-adult
households spend more on processed vegetablabjdatfect does not rise to statistical
significance.
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Increasing household size reduces spending on veggttables, although this effect is
marginally diminishing. Like household structureukehold size is not statistically significant
for processed vegetables. The effect of the nummbehildren is negative and significant in both
instances, although the reduction in fresh vegetspénding is twice that of processed vegetable
spending. The number of elderly member has aipesind significant effect on processed
vegetable spending.

The effect of full-time work has the expected dii@t, with a positive effect on spending
on processed vegetables and a negative effectemisyy on fresh vegetables. Only the effect
on processed vegetables is statistically signifidaowever. Like full-time work, vehicle
ownership has a positive effect on spending ongeesed vegetables and a negative effect on
spending on fresh vegetables. Neither result tssstally significant, however.

Turning to the other control variables, recipienit§ood Stamps allocate less of their
food at home spending on fresh vegetables, whilsétoolds with a non-white reference person
spend more. Urban households and households vathailngest reference persons spend less
on processed vegetables. The educational levakafeference person matters for processed
vegetables, with lower education increasing spendieographic dummy variables are
significant in the model for fresh vegetable spagdbut not for processed vegetables,
suggesting that regional variations in the avdiitytor price of fresh vegetables could be a
factor.

Discussion

Here we consider each of the proxies for housetimle constraints in turn. Among the
time-related explanatory variables, we find thaidehold structure is the most consistent, and in
several cases the most practically significantdioter of food shopping patterns across the
different regression models. Household structueesgnificant covariate in all the regression
models except for processed vegetables. Thesafjadiuggest that one-adult households
allocate their food budget differently from two-dtdwouseholds, favoring choices that have the
potential of reducing time spent on food acquisitamd preparation. Compared to two adult
households, one-adult households shop on fewer dagforming to the hypothesis that time
constraints may lead households to consolidate fthed shopping and shop on fewer days. At
the broadest level of food spending, one-adult Bbakls allocate more of their total food
budget to food away from home and less to foodatdy which is consistent with the time-
constraint hypothesis. Findings based on intermednd spending patterns are also consistent
with this hypothesis. One-adult households allocabee of their food at home budget to
prepared food and less to vegetables. Lookingeatrtbst detailed level of food spending, one-
adult households reduce fresh vegetable spenduhgharease spending on processed
vegetables, although only the effect on fresh \ages is statistically significant.

The effect of household size indicates a nuandetioaship with food spending
patterns. Larger households shop on more daysapgudue to increased flexibility afforded by
additional household members. However, the quardietm is negative and statistically
significant, suggesting that at some point the ddaenplexity of schedules and logistics for
large households may become a time-constrainirigrfdcarger households also allocate a
greater share of their overall food budget to fabdome, which could be consistent with the
economies of scale thesis, both in terms of puingdsulk food and reduced amount of food
preparation time on a per household member basigséhold size has a negative affect on
vegetable spending shares and a positive effeptepared food spending shares, but only the
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effect on vegetables is significant. Similarly, Bebold size is associated with a reduction in
budget allocation to fresh vegetables and an iseréar processed vegetables, but only the effect
on fresh vegetables is significant.

All else equal, a household with more children shiegss frequently, spends more of its
food dollars on prepared food and less on vegetablas is consistent with the hypothesized
effect. However, given associational nature of #malysis, it is difficult to separate the effett o
children’s preference and taste from the effedinoé constraints. It is entirely plausible that the
higher spending on prepared food and lower spermlingegetables is more a reflection of
children’s relative preferences rather than ancétbé constrained time resources. This
interpretation is reinforced by the fact the numdsiechildren is negatively and significantly
related to food spending on both fresh and procegsgetables.

The number of elderly members is significant inyamlo of the models, having a
positive effect on spending on vegetables and ongssed vegetables. It is possible that the
presence of elderly members may have effects im thoéctions. The presence of elderly
members could reduce the time constraints faceatidiousehold by providing additional help
and experience in handling food acquisition angb@ration responsibilities. On the other hand,
if other members have to care for elderly memieespresence of elderly members may
increase the time constraints faced by the houdehol

While the effect of full-time work status has theected direction, this effect was
statistically significant in only a few models. Agpected, full-time work status is correlated
with fewer shopping days. It is also related toe@ater share of the food budget being allocated
to food away from home. Households in which alllesdare employed full-time have higher
spending shares on processed vegetables. Theydvestespending on fresh vegetables, but this
effect is not statistically significant.

Vehicle ownership was a significant covariate mya couple of models. Vehicle
ownership had a positive effect on the number opping days, suggesting that the convenience
and logistical flexibility that a vehicle affordsay outweigh the effect of cargo-carrying
capacity. In other words, having a car could redheeopportunity cost of shopping for food, by
making travel to and from food retail more convehi¢iowever, vehicle ownership increased
spending shares on prepared food, which runs cotmtkis time-saving argument. Other
studies have found that access to car, ratheratvaership, is the more critical factor affecting
food access (Martin et al 2004). Information onaeeess, rather than car ownership, may
provide a clearer picture of the interrelation begw vehicles, food spending patterns, and time
constraints.

Finally, it is interesting that the dummy variabfes geographic region mattered most for
vegetables spending and for fresh vegetables ticpkar. All geographic region dummy
variables are significant in the model for spendihgres on fresh vegetables. In contrast, none
of them is significant in the model for spendingpyepared food. This suggests the importance
of future work on the role of regionality as wedl seasonality on fresh vegetable purchase and
consumption.

Although we attempted to control for differencedaste and preference by including
demographic control variables for education, agd,race, the cross-sectional design of this
analysis limits the ability to assess to what eixtead preferences or other confounding factors
are affecting either the explanatory variablesherfood spending outcomes. We have already
discussed the possible confounding effect of tastepreference in the relationship between the
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number of children and vegetable spending. Preterér food away from home could be
influential on a household’s decision to acquireehicle, for instance.

Another limitation of this analysis is the 14-dayé frame of the Diary component of the
CEX. The analysis neither captures nor properlgcts households that shop for food relatively
infrequently, such as once a month. Another linatats that CEX data do not indicate the time
and location of purchases, making it impossibldistinguish between one large trip to a food
retailer and several smaller trips to various foet@ilers made on the same day. These food
shopping patterns represent different demandsetirtte resources of households, but the
analysis in this paper treats them the same way.

These findings highlight the need to take accofihbosehold characteristics that have a
bearing on a household’s time resources, such @sehold composition and full-time work
status, when assessing the cost of acquiring amhgng a low cost but healthful meal. One of
the criticisms of the Thrifty Food Plan is thatldes not adequately reflect the time cost involved
in purchasing and preparing low cost meals froratsbrfor time-pressed households (Jabs and
Devine 2006; Mancino and Newman 2007; Rose 20Q#}hErmore, meeting recommendations
on vegetable consumption may be a challenge ngtfooth a taste perspective, but also from a
time perspective, if the households believe thay tho not have the time, motivation or energy
to prepare vegetables and integrate them into theals.

The results from this paper indicate that the tofideetween time costs and monetary
costs in food products merits further examinatdoes convenience in food cost more? In
attempting to answer this question, one could @mvisollecting information on two versions of
a market basket. The reference basket would asmoretime and resources to shop and
prepare food while the alternative or comparisaskbawould be geared towards households
that are more time-constrained, such as househehed by a single adult, and feature more
convenient but healthful substitutions, such asytrer pre-packaged vegetables, frozen
vegetables, canned beans, or parboiled brownTtee price of these more convenient market
baskets could be compared to the reference maak&ebto estimate the price premium for
convenience attributes in food.
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Appendix A

Food Expenditure Universal Classification Codes Q)C

UCC Title
10110 FLOUR
10120 PREPARED FLOUR MIXES
10210 CEREAL
10310 RICE
10320 PASTA CORNMEAL OTH CEREAL PRODS
20110 WHITE BREAD
20210 BREAD OTHER THAN WHITE
20310 FRESH BISCUITS, ROLLS, MUFFINS
20410 CAKES AND CUPCAKES
20510 COOKIES
20610 CRACKERS
20620 BREAD AND CRACKER PRODUCTS
20710 DOUGHNUTS,SWEETROLLS,COFFECAKE
20810 FROZEN & REFRIG. BAKERY PROD.
20820 FRESH PIES, TARTS, TURNOVERS
30110 GROUND BEEF EXCLUDE CANNED
30210 CHUCK ROAST
30310 ROUND ROAST
30410 OTHER ROAST
30510 ROUND STEAK
30610 SIRLOIN STEAK
30710 OTHER STEAK
30810 OTHER BEEF (EXCLUDE CANNED)
40110 BACON
40210 PORK CHOPS
40310 HAM (EXCLUDE CANNED)
40410 OTHER PORK
40510 PORK SAUSAGE
40610 CANNED HAM
50110 FRANKFURTERS
50210 BOLOGNA, LIVERWURST, SALAMI
50310 OTHER LUNCHMEAT
50410 LAMB AND ORGAN MEATS
50900 MUTTON, GOAT, GAME
60110 FRESH & FROZEN WHOLE CHICKEN
60210 FRESH OR FROZEN CHICKEN PARTS
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60310

70110

70230

70240

80110

90110

90210
100110
100210
100410
100510
110110
110210
110310
110410
110510
120110
120210
120310
120410
130110
130121
130122
130211
130212
130310
130320
140110
140210
140220
140230
140310
140320
140330
140340
140410
140420
150110
150211
150212

OTHER POULTRY

CANNED FISH AND SEAFOOD
FRESH FISH & SHELLFISH
FROZEN FISH & SHELLFISH
EGGS

FRESH MILK ALL TYPES

CREAM

BUTTER

CHEESE

ICE CREAM AND RELATED PRODUCTS
OTHER DAIRY PRODUCTS
APPLES

BANANAS

ORANGES

OTHER FRESH FRUITS

CITRUS FRUITS EXCL. ORANGES
POTATOES

LETTUCE

TOMATOES

OTHER FRESH VEGETABLES
FROZEN ORANGE JUICE
FROZEN FRUITS

FROZEN FRUIT JUICES

FRESH FRUIT JUICE
CANNED/BOTTLE FRUIT JUICE
CANNED FRUITS

DRIED FRUITS

FROZEN VEGETABLES

CANNED BEANS

CANNED CORN

CANNED VEGETABLES MISC
OTHER PROCESSED VEGETABLES
OTHER PEAS

OTHER BEANS

OTHER VEGETABLES MISC
FROZEN VEGETABLE JUICES
FRESH & CANNED VEGETABLE JUICES
CANDY AND CHEWING GUM
SUGAR

ARTIFICIAL SWEETENERS

25



150310 OTHER SWEETS

160110 MARGARINE

160211 FATS & OILS

160212 SALAD DRESSINGS

160310 NON-DIARY CREAM SUBSTITUTES
160320 PEANUT BUTTER

170110 COLA DRINKS

170210 OTHER CARBONATED DRINKS
170310 ROASTED COFFEE

170410 INSTANT/FREEZE DRIED COFFEE
170510 NONCARB FRUT FLAV/LEMADE NONFROZ
170520 TEA

170530 OTHER NONCARB. BEVERAGES/ICE
170531 OTHER NONCARB. BEVERAGES/ICE
170532 BOTTLED WATER

170533 SPORTS DRINKS

180110 SOUP

180210 FROZEN MEALS

180220 FROZ/PREP. FOOD OTH THAN MEALS
180310 POTATO CHIPS AND OTHER SNACKS
180320 NUTS

180410 SALT/OTHER SEASONINGS & SPICES
180420 OLIVES, PICKLES, RELISHES
180510 SAUCES AND GRAVIES

180520 OTHER CONDIMENTS

180611 PREPARED SALADS

180612 PREPARED DESSERTS

180620 BABY FOOD

180710 MISC. PREPARED FOODS

180720 VITAMIN SUPPLEMENT

190111 LUNCH AT FAST FOOD

190112 LUNCH AT FULL SERVICE

190113 LUNCH AT VENDING MACHINE
190114 LUNCH AT EMPLOYER

190115 LUNCH AT BOARD

190116 LUNCH AT CATERED AFFAIRS
190211 DINNER AT FAST FOOD

190212 DINNER AT FULL SERVICE

190213 DINNER AT VENDING MACHINE
190214 DINNER AT EMPLOYER
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190215
190216
190311
190312
190313
190314
190315
190316
190321
190322
190323
190324
190325
190326
190911
190912
190913
190914
190915
190916
190921
190922
190923
190924
190925
190926
200111
200112
200210
200310
200410
200511
200512
200513
200514
200515
200516
200521
200522
200523

DINNER AT BOARD

DINNER AT CATERED AFFAIRS
SNACKS AT FAST FOOD

SNACKS AT FULL SERVICE
SNACKS AT VEND MACHINE
SNACKS AT EMPLOYER

SNACKS AT BOARD

SNACKS AT CATERED AFFAIRS
BREAKFAST AT FAST FOOD
BREAKFAST AT FULL SERVICE
BREAKFAST AT VENDING MACHINE
BREAKFAST AT EMPLOYER
BREAKFAST AT BOARD
BREAKFAST AT CATERED AFFAIRS
BOARD AT FAST FOOD

BOARD AT FULL SERVICE

BOARD AT VENDING MACHINE
BOARD AT EMPLOYER

BOARD AT BOARD

BOARD AT CATERED AFFAIRS
CATERED AFF AT FAST FOOD
CATERED AFF AT FULL SERVICE
CATERED AFF AT VEND MACHINE
CATERED AFF AT EMPLOYER
CATERED AFF AT BOARD
CATERED AFF AT CATERED AFF
BEER AND ALC AT HOME

NON ALCOHOLIC BEER

WHISKEY AT HOME
WINE AT HOME

OTHER ALCOHOLIC BEV. AT HOME
BEER AT FAST FOOD

BEER AT FULL SERVICE

BEER AT VENDING MACHINE
BEER AT EMPLOYER

BEER AT BOARD

BEER AT CATERED AFFAIRS
WINE AT FAST FOOD

WINE AT FULL SERVICE

WINE AT VENDING MACHINE
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200524
200525
200526
200531
200532
200533
200534
200535
200536

WINE AT EMPLOYER

WINE AT BOARD

WINE AT CATERED AFFAIRS

ALC. BEV EXC BEER/WINE FAST FD
ALC. BEV EXC B/W FULL SERV
ALC. BEV B/W VEND MACH

ALC BEV EXC B/W AT EMP

ALC BEV EXC B/W AT BOARD

OTH ALC. BEV AWAY FROM HOME
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