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Abstract

India’s 21 million food enterprises (FEs) employed 25 million men and nearly 10 million
women with annual business of $227 billion in 2015-16. FEs comprise the sector where
poor and women differentially engage as entrepreneur and as workers. Notwitstanding its
size and importance from a development perspective, surprisingly, there is very little
research on this sector. In the paper, we try to fill this gap. We uniquely employ two large
nationally representative datasets (NSS enterprise surveys and PLFS) to understand the key
features of FEs, the entrepreneurs and those who work in them. We show that FEs remain
the most important employer of women, lower caste and poor. India’s FEs are
comparatively small with low asset base, and are overwhelmingly informal. Though the
relationship between informality and firm outcomes is not clear in case of microenterprises,
we show formality matters for firm performance in case of FEs. Similarly, lack of access to
institutional credit and not hiring non-family labor are associated with subpar performance
in productivity and profitability. FEs, the last resort for the poor are also extremely
vulnerable to economic shocks. Yet, their capital structure with low fixed capital
requirements, keeps the entry barriers low and also renders some resilience to shocks.

Introduction

There are more than 63 million unincorporated enterprises in India. One-third of all such
enterprises are in the business of manufacturing, trading, and serving food. These 21 million
food enterprises (FE) serve as vital links between India’s 146 million farmers and 1.3 billion
consumers, employ millions of women and men, and make a significant contribution to India’s
economy.

In 2015-16, 25.3 million men and 9.6 million women worked in FEs as employees or
entrepreneurs and contributed $42.6 billion in gross value added (GVA) to the economy. These
off-farm enterprises have been the biggest driver of the growth in India’s food economy in
recent years. Between 2010-11 and 2015-16, the Gross Value Added (GVA) of FEs increased at
a compound annual growth rate (CAGR) of 8.6% compared to less than 2% CAGR in

agriculture and allied activities. The total number of FEs increased by 2.4 million (13%) and



they employed 4 million (12.9%) more people between the two periods of enterprise surveys
that are 5 years apart (2010-11 and 2015-16).

Despite large and growing importance of FE for the food system and the overall
economy, there is very little research on food enterprises in India. There are several papers on
small and micro-enterprises in general (see Jaychandran 2020), but analysis of food enterprises
per se is conspicuous by its absence. This is important because FEs provide employment and
earnings to largest number of poor in the non-farm sector and is most important for
employment of women. Any poverty reduction strategy has to assess the roles played by these
enterprises. FEs are different from non-food enterprises (NFEs) in significant ways that matter
for development policies and outcomes.

This paper makes three significant contributions. First, it analyzes the size, scale, and
significance of unincorporated FEs for India’s food system and its economy, using large
nationally representative dataset (the enterprise survey). It also assesses the income, skill levels
and the economic status of people employed in FEs using the latest Periodic Labor Force
Surveys in 2018-19. Second, we identify the factors associated with better firm performance in
terms of productivity and profitability (firm registration, access to credit, capital structure) of
FEs but also the attributes of FEs in India that makes them highly vulnerable when faced with
economic shocks like the recent COVID 19. Third, small and micro food enterprises are a key
component of food systems across South Asia and many other developing regions of the world.
Our analysis, though focused on India, highlights the special features of FEs, the challenges
they face, and the kind of policy support that may be required for their performance and for the
outcomes for those employed in FEs. The findings for this sector here would be relevant in
many other developing countries. We locate several differences netween FE and NFE in terms
of size (employment, capital invested) and outcomes such as productivity, earnings of those
engaged and association with poverty.

In a comparative sense, FEs in India are smaller, seem to have shorter life span, and
are more likely to be informal, and comparatively credit constrained. Yet, from a gender
perspective, FEs hold particular importance. Werwick (2014) based on evidence from different
countries argues for female labour force participation as one of the drivers of economic growth.
Like Middle East and North Africa, South Asia has less than one-third of women of working-
age participating in labor market principally led by India (compared to two-thirds in East Asia
and sub-Saharan Africa). In neighboring Bangladesh, women labor force participation has
increased over time due to growth in textile sector and spread of microcredit. India remains

exceptional with falling labor force participation of women (from 34.1% in 1999-00 to 27.2%
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in 2011-12). In this context FEs in India play a particularly important role. No other sector
employs women to the extent that FEs in India do. Food, Beverages, Tobacco (FBT)
manufacturing is one of the rare sectors where women have a relatively greater share in
employment than men. Likewise, FEs are also large employer of lower caste workers.

With such a large potential to affect overall economy and developmental outcomes
like poverty, women employment, surprisingly almost no research exists on FEs in India. In this
paper we try to conduct analysis of the FEs covering manufacturing, retail, wholesale as well as
other food services to characterize and understand their working and their potential effects on
outcomes related to employment, income and poverty.

In analyzing this large and diverse sector, we employ data from two large, nationally
representative surveys—the Survey of Unincorporated Non-Agricultural Enterprises (excluding
construction) 2015-16 [henceforth ‘The Enterprise Survey’] and the Periodic Labor Force
Survey (PLFS) 2018-19. We look at who owns the different types of FE, and the employees
who work there and what are the characteristics of these mostly microenterprises. Combining
findings from enterprise survey with labor force survey is a significant strength of the paper.

While the Enterprise Survey helps us identify various characteristics of FEs in terms
of its scale, capital employed of different types, employment, revenues and other firm level
attributes, the PLFS 2018-19 helps us understand issues about the entrepreneurs and workers
running or working in these enterprises. Interalia, enterprise surveys cannot answer questions
related to labor force characteristics like age of the entrepreneur, caste and religion, education,
experience or training of the workers. Most importantly PLFS provides information on different
types of employment that households engage in viz. self-employment, casual labor or regular
salaried work.

The types of employment underscore the degree of vulnerability of the workers in
FEs. We show that types of work in FE are also related to earning as well as job protection
determining the vulnerability to different types of economic shocks. Poor often combine
entrepreneurship with some form of employment like part-time work or casual labor. The
diversification or specialization and choices of workers across types of employment reflect
behavioral choices of the entrepreneurs, micro-entrepreneurs and workers in FEs.

Based on these nationally representative surveys, more than three quarters of FEs in
India are informal (not registered under any authority or regulatory Act) and more than 90% of
them do not maintain any financial records or balance sheets. These firms also do not have
contractual agreements with other firms upstream or downstream in the value chain. The lack

of formal status and the absence of any financial records or collateral makes it difficult for these
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enterprises to receive support from the government or access loans from financial institutions
further adding to their vulnerability. Moneylenders, friends & family, and the suppliers or
buyers remain their main sources of credit rather than financial institutions. Based on data for
the time of initiation of the firm, we assess that FEs in India are generally shortlived even
during normal times. 22% of FE firms in 2010-11 did not survive till 2015-16.

Moreover, we show that FEs attract or are compelled to employ less skilled
workforce. There are more women and Dalits (Scheduled-Caste) among entrepreneurs and
workers in FEs compared to NFEs. Further, employees and entrepreneurs in the sector earn less
money as wages or business profits and live in families with lower monthly per capita
consumption expenditures (MPCEs) compared to similar people in NFEs. The fate of FEs,
therefore, affects some of the most vulnerable sections of Indian society.

We use the Enterprise Survey and the PLFS data to identify characteristics (of
entrepreneurs, firms and workers) that are associated with higher productivity and profitability
of FEs, that also matter for coping with shocks and recovering from them. Firms that have low
productivity, low profits, or have been stagnant or shrinking will likely face greater hardship
during an economic slowdown and will struggle in recovery from shocks like COVID 19.

We employ OLS, ordered logit regressions, and quasi-experimental methods to test
for associations in case of FEs between registration status, access to credit and hired labor
(compared to employing family labor only or being self-employed) and firm outcomes like
earning, scale, and productivity. Apart from looking at the issue of formalization, we also delve
into skill levels, access to credit and earnings (relative to outside options) which helps us probe
the issue of the poor becoming FE microentrepreneurs by necessity or by choice. It also
indicates, to what extent, FEs do not advance because of constraints like lack of credit (the so-
called constrained gazelles in Grimm et al. (2012) or gung-ho entrepreneurs, term as in
Banerjee et al (2017).

22.6% of food entrepreneurs in India are women and 18.2% are Dalits (SCs) or
Scheduled Tribes (STs), the lowest caste in hierarchy. In some segments of FE like Food,
Beverage, and Tobacco Manufacturing, the share of women entrepreneurs is as high as 54%.
We compare FEs owned by women and SC/ST entrepreneurs with other FEs to understand and
underline the social differentiation in FEs and the challenges it entails.

The 73" round of Enterprise Survey has data on years since each enterprise has been
under its current owner, but it does not have any data on enterprises that went out of business
i.e. those which died. Hence, there is no measurable way to look at firm death. Also, we cannot

directly test for characteristics of firms (or their promoters) that make them more or less
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resilient in face of shocks. Hence, we try to identify factors that can account for resilience such
as access to institutional credit, low fixed costs to total cost ratio that lends firms pliancy, some
formal registration (leading to access to credit, wider market and also access to government
support if it were on offer).

Firms with high fixed to total cost ratios do have more favorable firm outcomes in FE
but are also likely to suffer more when the turnover goes down in an economic slowdown. Most
FEs have very low FC: TC ratios. With the discount on firm productivity and profitability, the
low FC to TC ratios also implies that such FE firms can quickly close down their operations
without incurring big losses and can restart quickly conditional on some financial support. The
access to restart finance, either as cash transfers or concessional loans, is essential for restarting
businesses as most small entrepreneurs tend to exhaust most of the working capital for
operations and are generally left with no money in hand to restart. Our analysis highlights this
conditional resilience of FEs in India.

Recently, the government of India announced two bail-out packages worth $2 billion
to help FEs deal with the economic disruption due to COVID 19 —one to help street vendors
(including those not in the food business) affected by the lockdown and a second package to
help upgrade the existing FEs. We highlight, some of the challenges in ensuring that this
financial support reaches deserving entrepreneurs and, possible ways of deploying this money
effectively.

The rest of the paper is organized as follows. Section 2 provides details about the data
from two sources viz. NSS enterprise surveys and Periodic Labor Force Surveys (PLFS).
Section 3 presents the results on firm characteristics of FEs and how they relate to their
performance and the likely effects on their vulnerability or resilience to the economic

disruption. Section 4 concludes the paper.

1. Data

We use data from the 67" (2010-2011) and the 73" (2015-2016) rounds of the Enterprise
Survey, conducted by the National Statistical Organization (NSO) to collect information on
unincorporated non-agricultural enterprises in India. Enterprises registered under Companies
Act, 1956, the units using electricity registered with the Central Electricity Authority (CEA),
Government and public sector enterprises and Cooperatives were not included in the survey.

The 73" round of the NSS Enterprise Survey covered more than 290,000 enterprises across all



the states and union territories (UTs) of India.! The sample is representative at the national,
state, and NSS-region levels. In 2015-16, the National Statistical Organization (NSO) divided
the 36 states and UTs of India into 88 NSS-regions.

An enterprise is defined as an undertaking engaged in the production or distribution of
goods and services meant primarily for sale and excludes enterprises that have operated for less
than thirty days at the time of the survey. The Enterprise Survey collects data on various
characteristics of firms including a) the 5-digit National Industrial Classification (NIC) 2008
code to delineate the sub-sector of its activity; b) type of ownership (proprietary or partnership)
and the gender and the social group of the owner(s); ¢) nature of operation (perennial vs
seasonal or casual), ¢) years under current ownership, d) if the enterprise is registered with any
authority or under any Act; d) size in terms of turnover, expenditure levels, Gross Value Added
(GVA), the value of own and hired assets, and the number of employees; e) detailed breakdown
of fixed and variable costs; f) use of bank accounts, own books of account, and outstanding debt
from different sources; g) location of the enterprise and the infrastructure facilities like the type
of structure (temporary or permanent or no structure), use of electricity, computers, internet and
waste disposal systems; and h) the skill levels and gender of the employees and the total
monthly compensation paid to them.

We use the 5-digit NIC codes to identify FEs. The 85,622 FEs in the 73" round of the
Enterprise Survey are in 5 broad sets of activities: 1) Manufacturing of food, beverage &
tobacco products, i1) Wholesale of agricultural raw materials, live animals, food, beverage &
tobacco products, iii) Retail sale of food, beverage & tobacco products in non-specialized
stores, iv) Retail sale of food, beverage & tobacco products in specialized stores and v) Food
and beverage service activities. There are 204,490 NFEs in the sample from various sectors of
the economy. We use data on NFEs for comparison to highlight how FEs are different from
them.

As discussed above, in addition to the Enterprise Survey, we also use data from the
Periodic Labor Force Survey (PLFS) 2017-18 and PLFS 2018-19. PLFS is also conducted by
the National Statistical Office (NSO) to estimate the key employment and unemployment
indicators in rural and urban areas of India. In 2018-19, PLFS surveyed 4,20,757 individuals
from 1,01,579 households in 6,983 villages and 5,737 urban blocks of the country.

PLFS collects information on the monthly consumption expenditure of the sampled

household, different household characteristics, age, education, skill levels (if vocationally

! Excluding some districts in Andaman & Nicobar Islands, Chandigarh, Dadra & Nagar Haveli and Lakshadweep.
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trained), occupation and wage and business incomes of all working members in the family,
including NIC Codes of the firms that they work in. While the Enterprise Survey has rich data
on firm characteristics, PLFS helps us learn more about the people who work in FEs or own
them and their families, including their consumption levels. Thus, the two data sets complement
each other and help us address issues relating to earnings and poverty.

Using PLFS data we try to test if the more skilled, educated, and experienced FE
entrepreneurs realize higher incomes and also if workers and entrepreneurs in FEs earn more or
less than their counterparts employed in other occupations. A key question in the literature on
small entrepreneurs in developing countries is what proportion of them are self-employed out of
necessity and would rather work elsewhere as employees if there were opportunities
(Jaychandran, 2020). We try to answer this question to an extent by comparing the incomes of
people who own FEs with employment guarantee wages.

It could be argued that entrepreneurs who earn less than the minimum wage offered
by India’s Mahatma Gandhi National Rurual Employment Guarantee Scheme (MGNREGS),
would prefer to work elsewhere. Is it that these self-employed food entrpreneurs are there as
there is no alternative (TINA) for livelihood. However, factors like expectation of income
growth, relative status and flexibility in self-employment versus working for someone are also
possible reasons for being self-employed. With non-experimental data, there is no way to
decipher which of the two reasons are behind the choices. Yet, by comparing to the most basic
outside option i.e. wages in employment guarantee schemes, it provides some indicative
evidence on what all may characterize distress entrepreneurship in the food sector.

2. Results
Based on the data on food enterprises, we try to characterize them in terms of factors that relate
to their performance and viability given that a vast majority of them are near to poverty wage in
terms of earnings. This analysis with some stylized facts also indicates the vulnerabilities of this
extremely large but fragmented sector i.e. food enterprises in India.
Most FEs are small, informal, and short-lived and have low productivity

Table 1: Comparison of firm characteristics across Food and Non-Food Enterprises

Variables Food Enterprises Non-Food Enterprises
Mean S.D. Mean S.D.
Sub-Industry (In %)
Manufacturing 27.4% 0.44 32.8% 0.46
Trade (Retail/Wholesale) 58.4% 0.49 25.5% 0.43
Services 14.2% 0.34 0.3% 0.05
Age of Firm (In Years) 10.37 8.34 10.54 8.81



Total Number of Workers 1.67 1.42 1.80 4.25

Firms with <5 workers 98.3% 12.6% 96.8% 17.4%
Total Gross Value Added (In $) 169.5 468.4 265.4 3,226.3
Productivity (GVA/Worker in Rs.) 6081.5 7577.1 8109 10362
Total Asset Value (In Rs.) 204728 1452786 419651 4540843
Share of hired/total assets (In %) 15.53% 32.39% 23.37% 37.28%
Total Receipts (In Rs.) 58695.3  292609.2  68703.7 511689.1
Fixed/Total Cost Ratio 5.12% 13.59% 15.63% 24.10%
Firms Registered (In %) 24.3% 42.9% 34.1% 47.4%
Skilled Working Owner (In %) 53.7% 49.9% 70.3% 45.7%
Gender of Ownership (Female) 22.6% 41.8% 18.1% 38.5%
Share of Female Workers (In %) 29.13% 39.99% 22.53% 38.70%
Dalit/Tribal Caste Firm Owners (In %) 18.2% 38.6% 15.2% 35.9%
Region of Firm (Rural) 61.0% 48.8% 46.4% 49.9%
Have outstanding institutional loans (In %) 3.5% 18.5% 6.1% 23.9%
Firms that closed between 2011 and 2016 (In %) 22% - 26% -
Type of Ownership (Proprietary) 98.0% 14.1% 97.9% 14.2%
Type of Enterprise (Own Account Enterprise) 89.8% 30.3% 81.5% 38.9%
Have a bank account (In %) 54.5% 49.8% 60.0% 49.0%
Maintain book of accounts (In %) 7.7% 26.6% 14.1% 34.8%
Use Internet & Computer (In %) 0.5% 7.0% 5.1% 22.0%
Location

Within Household 46.8% 49.9% 42.7% 49.5%
Fixed Premises 43.8% 49.6% 42.0% 49.4%
Mobile/Street Vendor 9.3% 29.1% 15.4% 36.1%
Status over past 3 years (Expanding vs 29.7% 45.7% 30.2% 45.9%
Contracting/Stagnant)

Received Government Assistance (In %) 0.6% 7.8% 2.2% 14.8%
Daily Earnings of Firms < Employee Guarantee 31.0% - 14.12% -

wages (In %)

Total Observations (N) 85,622 204,491

Source: NSS Enterprise Survey (2015-2016) and PLFS (2018-2019)
Table 1 compares FEs and NFEs across a whole range of parameters. Apart from informing

about the state of FEs in India in terms of important characteristics, these distinctions are
important for designing and targeting government programs to support/upgrade India’s food
economy. Government programs including some that were announced very recently (as part of
COVID recovery plan) under the PMGKY (Prime Minister Poor Welfare plan) to reinvigorate
the food economy through food enterprises requires some degree of formality in the sector.
Micro-enterprises with no employees or fewer than five employees numerically
dominate the food emterprises where the definition follows from the literature on the topic

(Jayachandran, 2020). The numerical dominance is comparatively high in the food sector.



89.7% of India’s FEs are own account enterprises (OAE) that work without any hired workers
employed regularly and 98.3% have five or fewer employees. 81.5% of non-food enterprises
are OAEs and 96.8% have 5 or fewer employees. FEs, on average, have a smaller asset base
and lower turnover or sales receipts. The mean GVA of FEs is about 20% lower than the NFEs
($92.5 vs. $115.2 per month). Similarly, the median labor productivity of FEs, as measured by
GVA/worker/month, is also significantly lower compared to NFEs ($66.9 vs. $93.6 per worker
per month).

These characteristics of FEs might underscore the well-analyzed pattern in the
literature that most microentrepreneurs exist out of necessity (entrepreneurship by compulsion
and not by choice). Donovan et al. (2019) using panel data do show that transitions from self-
employment to being an employee are much more common in poor countries revealing
entrepreneurship out of necessity. We do not have panel data on FE workers. In a cross-section,
we can only compare earnings of FE micro entrepreneurs with possible alternatives for them,
one of which is earning at least minimum wage. If a self-employed person earns less than even
the minimum wage from her business, then there is a high probability that she is a reluctant
entrepreneur as in Banerji et al (2015). de Mel et al (2008) do find that microentrepreneurs
resemble more the wage earners than other comparatively more productive entrepreneurs.

The PLFS data shows that people self-employed in FEs in India, like in Gindling and
Newhouse (2014) work on micro enterprises, have on average less education than the salaried
employees. Negative economic shocks have been shown to often push self-employed workers
into starting a business. For example, Adhvaryu and Nyshadam (2017) find evidence of
individuals turning to self-employment after they experienced health shocks. More people may
start new FEs after economic disruptions and FEs seem to be their starting point.

Most of India’s unincorporated enterprises in both the food and non-food sectors seem
to be young. Their median age is 8 years and the average age is 10 years (Table 1). 6.4 million
new FEs came up between 2010-11 and 2015-16 while nearly 4 million old and new firms died
in this period. The 5-yearly attrition rate was the highest for the firms in the food service
industry (32%) and retail outlets (26-29%) while it was quite low (1%) for the manufacturing
units. We are not sure if the firms that shut down did so because they went out of business or
their promoters closed them down or sold them off to start a new occupation.

Our calculation using the PLFS data shows that nearly 30% of owners of FEs earned
less than the MGNREGS daily wages in 2018-19 (Table 1). The enterprise survey data also
shows similar results. Such low earnings from FEs may be a reason for high attrition rates of

FEs accounting for the age profile of firms that we have. A larger proportion of rural FEs (23%)
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closed down between 67" and 73rd rounds of Enterprise Survey compared to the urban ones
(19%) and more OAEs went out of business than establishments (22% vs. 19%). Summary
details about FEs in comparison with NFEs are presented in Table 1.

The Enterprise Survey also asks owners of all firms that have been in existence for 3
years or more if their firms were expanding, stagnant, or shrinking over that period. Less than
30% of FEs were expanding while the business of the other 70% was stagnant or contracting.
Stagnant or shrinking businesses are often more vulnerable to shocks.

India is known for some of the largest welfare schemes for households, but when we
look at government assistance to micro-enterprises, less than one percent of FEs received any
support from the government. This low coverage of public support for micro food enterprises
during normal times suggests that when faced with shocks, delivering assistance to help FEs
withstand an economic slowdown or recession is likely to be difficult. The reasons for this
comprise the dominant informality of FEs (discussed below), the low scale and lack of access to
institutional capital.

Small FE firms with no bank accounts, no registration under any government
authority or Act (no formal footprints), lack of any balance-sheets to assess creditworthiness,
and non-permanent locations are commonplace. In FEs, an enormously large number of firms
has always been difficult for the government to identify potential beneficiaries and reach out to
them with financial or other forms of assistance. Many FEs might have chosen to stay out of
formal regulations to avoid taxes and other regulatory hassles, but this choice might have
prevented an overwhelming majority from benefiting from any government assistance programs
designed to support businesses upgrade. Less than 1% firms among FEs have received any

government assistance or been part of a government run program.

Women as entrepreneurs and as workers are comparatively common in India’s food enterprises
The share of women entrepreneurs and employees is significantly higher in FEs compared to
the NFEs. Women-owned 22.6% of FEs compared to 18.1% of NFEs and the difference is
statistically significant (Table 2). Among different types of FEs, women own 56.3% of food &
beverage manufacturing units, 10.6% of retail stores, and 8.9% of food service businesses.
Women wholesale traders of grains and live animals are comparatively uncommon (<2%). If
we look at women who work as employees (casual or salaried workers) in food enterprises,

nearly half of them (49.4%) work in manufacturing units, one-third (32.1%) in retail outlets,
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and 16.9% in food services. Food manufacturing is perhaps the most gender-equal segment of
India’s economy with a high representation of women among both promoters and workers.

Table 2: Comparison of firm characteristics by gender of ownership in the food sector

Variables Women Owned Men Owned

Mean S.D. Mean S.D. t- statistic

Sub-Industry (In %)

Manufacturing 68.4%  46.5% 15.3% 36.0% 32.70%**
Wholesale 0.3% 5.3% 4.7% 21.2% -29.54 %%
Retail sale in non-specialized store 6.8% 25.1% 13.8% 34.5% -29.54##%
Retail sale in specialized store 18.9% 39.2% 49.6% 50.0% -20.54%%x*
Services 56%  23.0%  16.6% 372%  -17.61%%*
Age of Firm (In Years) 10.97 8.20 10.14 8.27 2.25%*
Total Number of Workers 1.30 0.74 1.77 1.53 -16.46%**
Gross Value Added (In $.) 31.04 137.6 1149 5142 31397
Productivity (GVA/Worker) 2704.81 291589  7078.55  8204.34  -38.97%F
Total Asset Value (In Rs.) 64641 280639 245199 1648049  -12.16™**
Total Receipts (In Rs.) 12824 86689 71930 326041  -22.70%**
Fixed/Total Cost Ratio 84%  20.8% 4.1% 10.4% 3.51xxx
Firms Registered (In %) 79%  27.0%  29.1% 454%  -23.16%*
Skilled Working Owner (In %) 732%  443%  48.0%  50.0%  12.92%%
Share of Female Workers (In %) 94.07% 1620%  9.81%  19.72%  170.81%*
Dalit/Tribal Caste Firm Owners (In %) 214%  41.0%  17.1%  37.7% 2.33%*
Region of Firm (Rural) 69.3%  46.1%  58.7% 49.2% 5.15%%*
Have outstanding institutional loans (In %) 1.8%  13.4%  3.9% 19.3% 375
Firms that closed between 2011 and 2016 (In %)  -0.31% 27%

Type of Enterprise (Own Account Enterprise) 98.3% 13.1% 87.3% 33.2% 25.87%**
Have a bank account (In %) 43.1%  49.5%  57.9% = 49.4v 12T
Maintain book of accounts (In %) 2.6% 158%  9.1% 28.8%  -l11.54%**
Use Internet & Computer (In %) 0.1% 2.3% 0.6% 7.8% -4.75%
Location

Within Household 83.6%  37.1%  36.0% 48.0%  40.44%
Fixed Premises 13.0%  33.6%  52.8% 49.99%,  -38.89%**
Mobile/Street Vendor 3.4% 182%  11.2% 31.5%  -l143%
Status over past 3 years (Expanding vs -0.98
Contracting/Stagnant) 21.7% 41.2% 32.0% 46.6%

Received Government Assistance (In %) 0.5% 7.4% 0.6% 7.9% -0.36
Total Observations (N) 9,734 74,705

Source: NSS Enterprise Survey (2015-2016)

Note: The values in the last column report t-statistics of the difference in means across all firm characteristics for female vs
male owned enterprises. *** p<0.01, ** p<0.05, * p<0.1
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The Enterprise Survey shows that a significantly higher percentage of women

entrepreneurs in the food sector are skilled compared to their male counterparts (73% vs. 48%).

This survey, however, does not have any information on the nature of the skills and the way it

was acquired. The PLFS data shows that women entrepreneurs in FEs acquire these skills

mostly through self-learning and learning on the job. Formal vocational or technical training is

not common among both women and men in most FEs (Table 3). It is interesting to note that

although years of education among women entrepreneurs is almost half that of their male

counterparts, they are three times more likely than them, to learn on the job or through informal

channels of training. This exemplifies the innate motivation among female business owners in

this sector and highlights the need for greater financial support to help them succeed.

Table 3: Distribution of workers in FE across sector and gender (%)

Year FBT Manufacturing Food Wholesale  Food Retail Food Services
2017-18 23.7 6.1 49.9 20.4
Total
2018-19 22.2 6.1 52.2 19.6
2017-18 214 7.7 46.4 24.6
Sector Utrban
2018-19 20.9 7.6 47.1 24.4
2017-18 25.5 4.8 52.7 17.1
Rural
2018-19 23.2 4.9 56.2 15.8
2017-18 49.5 1.5 32.3 16.7
Female
2018-19 43.7 2.5 37.9 16.0
Gender
2017-18 16.7 7.3 54.6 21.4
Male
2018-19 16.1 7.1 56.2 20.6
2017-18 43.5 2.1 33.8 20.6
Female
2018-19 36.1 3.6 38.1 22.2
Utrban
2017-18 16.0 9.1 49.5 25.5
Male
2018-19 171 8.6 49.3 25.0
2017-18 53.6 1.1 31.3 14.1
Female
2018-19 48.8 1.7 37.8 11.8
Rural
2017-18 17.3 5.8 58.8 18.0
Male
2018-19 15.2 5.9 61.9 17.0

Even when women entrepreneurs are comparatively skilled, FEs owned by them have

lower asset base, smaller turnovers (sales receipts), and lower productivity (GVA/worker). This

is probably because women entrepreneurs face a great many disadvantages. Gine and Mansuri

(2019) interpret lower returns to training for women as well to be because in most developing
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countries like India with strictly gendered cultural norms, they lack the agency to put the
knowledge into practice (often husbands run the business).

A much higher percentage of women-owned firms in FE are informal and fewer of
them have bank accounts or use computers and the internet. They have poorer access to
institutional credit and 98% of them are OAEs with no regular hired workers. 84% of women-
owned firms are located within the household premises (compared to 36% of firms that men
own) perhaps because of restrictions on women’s free movement and the added responsibility
to manage the household in addition to their business. Among women entrepreneurs located in
rural areas, there is a higher percentage of Dalit and tribals (STs) among food entrepreneurs.

Few women entrepreneurs in FEs hire other workers, but the ones who do, tend to
hire other women. Similarly, men entrepreneurs mostly hire other men. Women constitute only
9% of workers in men-owned FEs compared to 94% of workers in women-owned firms. This
strong gender segregation in women and men-owned FEs is evidence of the social barriers in
hiring that FE and other firms face in India. This could be one among several factors leading to
low prodctivity or productivity loss due to the gender segregation norms prevalent in society
when the best workforce may not get hired by FE firms.

27% of food enterprises owned by men went out of business or were shut down in the
5 years between the two rounds of Enterprise Survey while hardly any women-led enterprises
did so. Women-led food enterprises seem to live longer and are comparatively resilient despite
their many disadvantages and limitations. There could be two possible reasons for this
difference between the attrition rates of firms owned by women and men entrepreneurs. First,
68.4% of women food entrepreneurs own manufacturing units (compared to 15.3% of their
male counterparts) and the attrition rate is relatively lower (1%) for food and beverage
manufacturing units.

Limited occupational choices and low mobility of women, especially, in rural areas
where more than 70% of food manufacturing units and 61% of FEs are located, may be another
reason for low attrition rates of women-owned FEs. Unlike men, most women do not have
options to move on to better options for employment even if their current business is not doing
very well (Table 2). It is possible that in food enterprises, there could be a comparatively high

incidence of distress entrepreneurhip.

Attributes of Food Enterprises and Firm Performance
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We now check for different attributes of food enterprises and their association with measures of
firm performance. In particular, we try to measure the association between five attributes of FEs
and measures of firm performance viz. [i) the formal-informal status of the firm; ii) firm’s use
of institutional loans; iii) firm status as own account enterprise or as an establishment; iv) firm
engaged in food services or other types of food business (wholesale trade, retail, or
manufacturing of food, beverages & tobacco); and v) structure of cost of the firm in terms of
fixed cost: total cost ratio] and their firm performance.

The measures of firm performance in FEs are a) GVA which measures firms profits
before interest and depreciation, b) GVA/worker—a measure of productivity; c) the turnover
measured by its total sales receipts; d) average wages paid to the employees, and e) if the firm
was expanding or not over the last 3 years (subjectively perceived by the owner/manager). The
last measure is possible since enterprise surveys collected information on whether the business
had been stagnant, contracting, or expanding in the last 3 years. Notably, more than 70% of FEs
in 2015-16 were either stagnant or contracting.

A firm that is registered under an Act or public authority is considered formal (we use
‘registered’ or formal for such firms interchangeably). We consider loans from private and
government-owned commercial banks, cooperative banks, or micro-finance institutions as
institutional loans. Moneylenders, family or friends, business partners, and suppliers or buyers
are other sources of borrowing for food enterprises. Fixed costs of firms include workers’
emoluments, interest on the debt, rent on hired assets, insurance premia, and other service and

maintenance charges not linked to levels of production.

Firm registry in food enterprises is associated with improved firm performance

In the literature related to microentrepreneurship, the evidence on benefits of formality is
mixed. On one side La Porta and Schleifer (2014) argue that informal firms are inherently
different from the formal firms and would not do as well in the set up of the formal economy.
By avoiding taxes and regulation informal firms can get a benefit. At the same time if
informality adversely affects access to inputs particularly credit and output markets, it would
affect firm productivity and make them uncompetitive. How does informality affect firms
comprising India’s food enterprises? In the absence of an experimental setup, we can only
look at the association not the causal link in a robust way unless we have a justifiable
instrument to assess the impact of formal or informal status on firm performance in more detail.

As part of government’s schemes to modernize food enterprises with an ambitious agenda to
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make them export competitive, informality could be a direct reason for being left out of the
proposed schemes.

In 2015-16, 75.7% of FEs in India were not registered under any authority or Acts of
local, state, or federal governments. Formalization does come with the benefit of access to
credit and possible access to wider markets as revealed in enterprise surveys. This can lead to
greater profitability and growth, and make FE firms more resilient to shocks. However, Ulyssea
(2018) while analyzing Brazilian firms for the effects of informality finds that the vast majority
of informal firms are not being held back by their informality and do as well as formal firms.
Campos et al (2018) also do not find an increase in firm productivity from registration. Another
school of thought finds informality does hold back firm growth (Mackenzie, and Sakho 2010).
Overall, the impact of formalization on firm outcomes such as productivity, value-added, and
resilience to shocks is ambiguous and remains an empirical question. We assess this question
specifically for FEs in India based on nationally representative data.

We employ matching estimators using Coarsened Exact Matching (CEM) and
propensity score matching (PSM)-(nearest neighbor and kernel based matching with
Rosenbaum bounds to assess the impact of formality on firms in FE sector on a range of
performance indicators. As results are quite similar, between CEM and PSM, for brevity we
only present the results of CEM. A large sample of formal and informal FEs in the enterprise
survey, with similar observable characteristics, lends itself to the use of CEM.

The CEM results show that registered FEs have significantly higher turn-overs
(receipts), earnings (GVA), and earnings per worker (productivity). They also pay higher wages
to their employees (Table 4) and they are more likely to be expanding compared to unregistered
FEs (subjectively assessed). Thus, registered FEs tend to perform better in terms of all
outcomes relative to the counterfactual of informality. Registration is better not only for firm
outcomes but also for the employees in the food enterprises. Given the vast incidence of
informality in case of FE firms in India, policy efforts to formalize them might to an extent
improve their lot.

We do not expect to settle the debate on formality versus informality in case of
microenterprises particularly for food enterprises but one pathway is clear and i.e. borne by the
data vividly. It is that significant difference exists in access to credit and access to public
support systems like cheap startup capital for FEs that is contingent on at least some degree of
formality. As government specifically targets food enterprises to modernize and target high end
and distant markets, the support programs would thus have differential impacts based on

distribution of formality in the FE sector.
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As firms get sorted into a beneficiary and non-beneficiary state because of programs

that target based on registration status, it remains to be seen whether this would encourage more

firms in FE formalize and is an important area of research contingent on passage of time and

generation of data.

Table 4: Coarsened Exact Matching Results for Food Enterprises

Outcome Variables

Total Total Productivity Status = Emoluments
GVA Receipts (GVA/worker) Expanding (Salary/Worker)
(Rs.) (Rs.) (Rs.) (%) (Rs.)
(a) Treatment = Registered
5,482% %% 49,705%** 1,374%%%* 0.0300%** 237.0%**
(745.8) (6,285) (130.5) (0.00650) (27.76)
NSS Region FE Yes Yes Yes Yes Yes
Observations 82,133 82,133 82,133 82,133 82,133
R-squared 0.229 0.130 0.096 0.102 0.554
(b) Treatment = Own Account
-13,116%**  -73,610%** -1,092%** -0.121%** -2,164%%*
(535.6) (3,068) (94.07) (0.00812) (27.12)
NSS Region FE Yes Yes Yes Yes Yes
Observations 80,933 80,933 80,933 80,933 80,933
R-squared 0.126 0.120 0.125 0.109 0.513
(¢) Treatment =Institutional Loans
11,013%** 136,633%** 1,818%** -0.0100 350.8%**
(3,268) (30,061) (277.0) (0.00972) (59.05)
NSS Region FE Yes Yes Yes Yes Yes
Observations 71,928 71,928 71,928 71,928 71,928
R-squared 0.245 0.141 0.107 0.091 0.557
(d) Treatment =Service Sector
3,677%** -85,067*** -848.5%** -0.0102%** 383.3%%*
(1,146) (6,935) (111.3) (0.00455) (19.44)
NSS Region FE Yes Yes Yes Yes Yes
Observations 82,773 82,773 82,773 82,773 82,773
R-squared 0.281 0.155 0.145 0.105 0.543

Source: NSS Enterprise data (2015-2016)

Robust standard errors in parentheses clustered at PSU level
*** p<0.01, ** p<0.05, * p<0.1

Note: The coefficients displayed above are based on Coarsened Exact Matching Regressions for the treatment variables- a)
Registered vs Non-Registered FEs, b) Own Account vs Establishment FEs, ¢) FEs with outstanding institutional loans vs
FEs with no loans/ or non-institutional loans and d) Service Sector FEs vs Manufacturing and Trading FEs. In each
regression the treated and control samples are matched basis the following variables- type of ownership, gender of
ownership, caste of ownership, location of enterprise, age of enterprise (in years), total asset value of enterprise in last one
year (In Rs.), whether the enterprise has a bank account or not, nature of operations (perennial vs casual or seasonal) and the
region of enterprise (rural vs urban). Logarithm outcome regressions (excluding the outcome variable of status) give similar
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results in terms of magnitude and direction. They are not included for the sake of brevity and are available at request.

Degrees of formality

There is a growing recognition in the literature that informal entrepreneurs and enterprises often
display varying levels of informality. Formality of firms is thus necessarily not binary in nature
in most developing countries including India and applies to FEs as well. This is even more
pronounced in microenterprises which constitute a staggering share of firms in FEs. Such firms
may conform to the formal rules and regulations in some regards but not in others (Andrade et
al, 2013; Bruhn & McKenzie, 2013; Williams et al 2016). The level of formalization of FEs
may matter for the successful utilization of government programs.

There are several elements of informality in India’s FE. For example, 45.5% of FEs in
India do not have bank accounts in the name of the enterprise or its owner and only 7.5% of
them (one in 14) maintain an audited or unaudited book of account. Less than 2% of the food
sector firms are covered by the Food Safety Act and only 14 (out of more than 85,000) in the
enterprise survey are listed on any stock exchange.

India’s $1.33 billion program for strengthening and upgrading 0.2 million food firms
is planned to offer credit-linked subsidies to selected firms. Commercial banks, however, are
unlikely to lend money to firms that do not have balance sheets or bank accounts even if they
are registered under an Act or an authority. This is evident from the fact that only 3.5% of FEs
in 2015-16 reported any outstanding debts from institutional sources, including micro-finance
institutions. Even if public sector banks are pushed to lend to FEs by the Government, the
incidence of poor targeting of loans and their turning into non-performing assets (NPAs) will
remain high. Upgrading and strengthening firms and making them creditworthy requires that
they move beyond mere registration and adopt standard business practices.

Therefore, apart from looking at the impact of the formal status on FEs, we also try to
understand the characteristics of firms and their promoters that are associated with degrees of
formalization. This analysis gives us a sense of some of the barriers to more formal modern
business like operations of FEs. Following Williams et al (2016) we estimate an ordered
logistic model to determine the correlates of degrees of fomalization with FE firm
characteristics. We classify firms into different levels of formalization where a fully formal firm
fulfills at least three criteria: a) it is registered under Value Added Tax or Sales Tax Act, b) it
maintains a bank account for the enterprise, and 3) it maintains a book of accounts. At the other

end, firms not registered under any act/authority are classified as fully informal.
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Table 5: Empirical determinants of formalization among food enterprises

Explanatory Variables Degree of Formalization
(Odds Ratio)
Region of Enterprise (Urban vs Rural) 1.826%**
(0.0300)
Type of Enterprise (Establishment vs OAE) 2.487***
(0.0556)
Age of enterprise (In years) 1.023%#*
(0.000917)
Computer Usage 0.173%*%*
(0.0105)
Industry (Base= Manufacturing)
Wholesale 1.753%**
(0.0751)
Retail at non-specialized store 1.296%**
(0.0416)
Retail at specialized store 1.349%%#
(0.0302)
Service 0.886%**
(0.0202)
Female Owned Enterprise (vs male owned) 0.595%**
(0.0176)
Type of Ownership (Base= Proprietary)
Family partnership 1.117**
(0.0564)
Other partnership 1.753%%*
(0.154)
Size of firm (Number of Workers)
2-5 workers 1.477%%%*
(0.0333)
>5 workers 3.635%**
(0.150)
NSS Region Fixed Effects Yes
Observations 85,542

Robust standard errors in parentheses clustered at PSU level
**% p<0.01, ** p<0.05, * p<0.1

Source: NSS Enterprise Survey (2015-2016)

Note: The coefficients in the table above are odds ratios from an ordered logit regression of the degree of formalization of a
firm in the food sector, on other firm characteristics. Values >1 imply positive correlations while values <1 denote negative
correlations. The degree of formality is measured on a scale of 3 ranging from fully formal to completely informal basis
whether a firm is registered under any Act or Authority, whether it has a bank account and whether it maintains book of
accounts. The explanatory variables include: region (Urban vs Rural), type of enterprise (establishment vs own account), age
of enterprise (in years), use of computer for operations, industry (wholesale, retail in non-specialized stores, retail in specialized
stores and service vs manufacturing), gender of ownership (female vs male), type of ownership (proprietary vs family/other
partnership), size of enterprise (number of workers), caste of owner (Scheduled Caste or Dalits, Other Backward Classes and
others vs Tribals), location of enterprise (Fixed premises with permanent/temporary or no structure, mobile markets, street
vendors vs within household premises) and source of the firm’s outstanding loan at the time of survey (Banks, Micro financial
institutions, Money-Lenders, Partners/Suppliers and Family/Friends vs no outstanding loans). Some of the aforementioned
controls have not been included for the sake of brevity. The complete table is available on request.

Table 5 presents the odds ratio from the ordered logistic regression. Expectedly, urban
food enterprises are more likely to be at higher levels of formality. Importantly, women-owned
firms among FEs have a significantly lower likelihood of higher degrees of formality that could
involve something as simple as having a bank account. This is probably because cultural norms
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restrict women’s movement and interactions with the male-dominated bureaucracies in India,
like in many other countries (Benhassine et al 2018, Demenet et al., 2016). The cultural barriers
on movements and interaction mean that women face higher transaction costs and social
barriers in getting their businesses registered or getting their accounts prepared and audited.

Interestingly, food enterprises that use computers are less likely to be operating at
higher levels of formality. This shows that low levels of formality in FEs may not necessarily
be because of owner/promoter lacking capital or skills. It may even be a strategic choice to
avoid taxes, regulatory oversight, and other hassles. Some of the ways to bypass regulations,
taxes and inspections could be for FEs to not have physical establishments but be footloose and
opt for remote or online operations implying use of computers.

More FE firms in India may likely get registered and start moving up the tiers of
formality if government were to invest in business process reforms and make it easier for
formal firms with reduced regulatory costs and hassles. Yet, the overall expected result of such
reforms for FEs is not clear. Massenot and Straub (2016) show that removing barriers to entry
and improving judicial enforcement need not reduce informality in countries like India where
the supply of funds is constrained and pressure on credit markets with growth in formal sector
might result in credit squeeze and lower the benefit for FE firms to formalize (a general

equilibrium effect). In the transition how the FEs get affected is unclear.

Own account enterprises (OAE) among FEs do not perform as well as firms with hired labor
Based on the data, among food enterprises, firms that employ hired labor regularly perform
better on all indicators of firm performance compared to the OAEs (Table 4). Establishments
with hired labor have higher turnovers, bigger profits, higher labor productivity, and they pay
higher wages to their employees. When subjectively assessed, a greater fraction of such firms in
establisments that hire labor believe the business to be more likely to be expanding compared to

OAE:s.

Access to formal credit comparatively low for FEs but significant for FE firm performance.
Dual role of fixed to variable cost ratios for FEs

FE firms that borrow from institutional sources also perform significantly better on all 5
indicators viz. Gross Value Added (GVA), productivity (GVA/worker), total receipts,
emoluments and assessed state i.e. expanding, static or contracting. (Table 4). The gap between

users of institutional loans and the non-users may grow if the uptake of formalization among
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FEs remains low starting from a low base. Once FE firms are formalized as envisaged in
government programs for modernizing the food economy, including government’s credit linked
subsidy program and subsidized loan program for street food vendors that are contingent on
firm registration.

Related to firms’ access to credit, is the cost structure of FE firms in terms of relative
importance of fixed and variable costs. A vast majority of FE firms have low fixed cost to
variable cost ratio. Profits of FE firms are comparatively high with larger fixed costs in relation
to variable costs. Data from the enterprise survey also show those firms to, have higher
operating margins. Yet with this cost structure, on the flip side, such firms are also more
vulnerable to any reduction in turnover or capacity utilization, either due to a slump in demand
or supply side constraints.

The share of fixed costs in total cost for most FEs in India are quite low and
comparatively low than the NFEs (5.1% vs. 15.6%, see Table 1). This means that faced with a
shock, FEs can recover quicker provided they get credit support to replenish their depleted
working capital i.e. the main source of startup capital. For the large share of the poor engaged in
FEs, this provides some resilience to these enterprises. Without credit support (or cash
transfers), revival may be difficult notwistanding the comparatively low share of fixed costs in
FEs. Even during normal times firms with high fixed to total cost ratios have higher GVAs
when they have access to institutional loans (Figure 1). Access to credit at reasonable interest
rates will be an essential requirement for food micro-enterprises performance.

Figure 1: Fixed to total costs ratio, GVA of FE firms with access to institutional loans
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Source: NSS Enterprise Data (2015-2016)

Note: The graph above depicts local polynomial regressions of fixed to total cost ratios on monthly gross value added for
food enterprises in India. The results are displayed for firms with outstanding loans and those without outstanding loans
(possibly due to low access). At every level of Fixed Cost share in total cost, the GVA is significantly higher for firms that
used institutional loans.
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Employment in food enterprises
Until now we have focused on characteristics of FEs and the entrepreneurs and how they relate

to firm performance and firms’ vulnerability or resilience to shocks. FEs in India, besides 21.7
million entrepreneurs, also employ a large number i.e. 13.2 million other workers. Together 35
million individuals are thus employed in the food enterprises in India. Among those employed
in FE, more than one-third (34.1%) of workers in FEs are women. No other sector in India has
this high share of women workers. Apart from employing a greater share of women, FEs also
engage the lower caste individuals more than higher caste in relation to their respective
population shares (Table 7). Moreover, outside of self employment, nearly 96% of the
employees in FEs work as casual laborers with no written contracts or entitlement to leave
without pay. Only 4.3% are formally hired, salaried employees.

In terms of employment, small firms are more common in FE than in other sectors (In
Million) even though overall employment in FE is quite large. In NFE, in 2018-19, 57% firms
had less than 6 employees compared with over 80% among FEs.

Table 6: Employment in FE and NFE firms

Other Sector Food Sector

# of workers in firm Unit 2017-18 201819 % Change | 2017-18  2018-19 % Change
Less than 6 M(%m (15(13.;39) (15163.;392) 9.62 égilé) (ég:ég) 409

6 and above but less than 10 M(%i;m (i‘fég) 5;47%) 14.96 (é?é) ég% 7.77

10 and above but less than 20 M(%m (17‘2966) (17‘:951) 0.35 (2:2(1)) (gzzg) 15.33
20 and above-4 M(l%’“ 52;8) 5%% 11.01 (E:Z;) é:gg) 26.41
e T | J 0
Total M(%m éggigg) (igg:gg) 5.22 (1?)16.2010) (13026.‘:)10) 3.84

Table 7: Gender and caste composition of employment in FEs

Share of women (in percentage) PLFS 2017-18 PLES 2018-19
FBT Manufacturing 44.3 43.5
Food Wholesale 5.3 9.0
Food Retail 13.7 16.1
Food Services 17.4 18.0
All food enterprises 21.2 22.1

Percentage of women owners

FBT Manufacturing 55.1 54.3
Food Wholesale 1.1 1.1
Food Retail 32.7 36.8

Food Services 11.1 7.9
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All food enterprises 24.8 23.9 PLFS 2017-18 ~ PLF  PLFS 2017-  PLF
S 18 S

2018 2018

-19 -19

Percentage share of employment by caste group Population Share (%o)  Share in employed

persons

ST 33 4.1 9.3 9.1 10.8 10.4

sC 6.5 6.7 19.6 19.9 19.9 19.9

OBC 9.6 9.8 42.8 439 42.1 434

Gen 9.8 9.7 28.2 271 273 26.3

Overall 8.4 8.6 100.0 100 100 100

Note: FBT-Food, Beverages and Tobacco

Across all typres of employment, earnings in FEs in urban areas are lower

Table 8 compares workers from FEs and NFE based on simple linear regression. In FE or
NFE, there are three main types of employment possible viz. self-employed, casual labor and
regular salaried work. Table 8 shows that by just being in FEs on average a comparable
worker earns Rs 1500 permonth less i.e. nearly 15% of the rural per capita income in 2018-
19. Separate regressions for each type of employment, i.e. self-employment, casual labor as
well as regular and salaried employment is associated with lower earning (not reported here).

The PLFS data shows that the employees and the owners of the FEs have significantly
lower incomes compared to people with similar qualifications and experience who work in
other sectors of the economy. Even after controlling for a range of firm characteristics and
unobserved heterogeneity due to location or social identity (caste and religion) and rural and
urban differences, employment in FEs is associated with about 20 dollars per month lower
earnings. Disaggregating across employment types shows that self-employed, regular salaried
and casual labor earnings are lower by about 11 dollars, 33 dollars, and 8 dollars respectively
for workers in FEs.

Figure 2 plots the local polynomial regression of share of employees in food
enterprises in the economy on percentile classes of monthly per capita consumption
expenditure. The results are bifurcated on the basis of region of residence (urban vs rural).
The graph shows that in urban areas, the share of food sector employees is higher among
poorer households while in rural areas the converse is true where food retail, wholesale, food
manufacturing and services could be augmenting total income as contributor from non-farm

activity.
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Figure 2: Employment in the food sector across economic classes and regions
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Table 8: Monthly earnings in FE (Controlling all employment categories)— OLS Model

Outcome variable Monthly Income
(In INK at 2017-18 Constant Price)
Both Round
Variables Coef
Food Sector Industry (1=Yes;0=No) -1,502.235%+*
(59.573)
Gender (1=Male;0=Female) 5,387.044%+*
(65.540)

>6 and <10

>10 & <20

>20 and above

Not known

Sector (1=Rural;0=Urban)
Age (in years)

Age squared

Eduncation attained (in years)

Education attained in year squared

Received formal vocational | technical

Received vocational | technical

Self-learning
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1,766.138%%x
(83.310)
3,287.858%kx
(127.691)
6,003. 1405+
(165.376)
2,312.427%%*
(138.749)
-1,760.097#%*
(59.317)
299.352%%+
(18.138)
-0.099
(0.261)
43563245
(24.173)
71.007%%%
(1.779)

Received vocational / technical training
(Base: No vocational/technical training received)
834.270**

(368.573)
-985.47 3%
(166.476)
-67.669



(196.311)
Learning on the job 674.366%F*
(142.201)
Others -394.169+*
(201.048)
Employment status (Base: Self-employed)
Regular wage | salaried 577.335%#*
(104.539)
Casual labour -726.677FF*
(69.911)
Year (1=2018-19; 0=2017-18) 311.268*+*
(76.575)
Constant 1,434.474
(1,021.110)
State dummies Yes
Religion dummies Yes
Observations 193,146
R-squared 0.299

Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

We also find that in urban areas, people from poorer families are much more likely to
be working in FEs. An adult working member from a household in the bottom decile of urban
MPCE is three times more likely to be employed in FEs compared to someone who is in the
highest MPCE decile. Thus, the casual nature of employment, the low skill levels, and low
wage rates and business profits make the millions of people working in FEs highly vulnerable
to economic shocks like the recent one due to COVID-19. People in urban areas who work in
FEs may be even more vulnerable because a large percentage of them belong to some of the
poorest families that we assess based on comparison with different poverty lines.

3. Discussion

5. Conclusion
India’s FEs employ more than 35 million women and men and form a vital link between its
nearly 150 million food producers and 1.3 billion consumers. They also account for a growing
share of India’s food economy. However, this critical sector of India’s food system and its
overall economy has surprisingly not been researched, notwithstanding its growth, size, or role
in employing and catering to the poor. We characterize food enterprises using two large
nationally representative datasets in India, one that provides detailed information on enterprise
characteristics (NSS enterprise surveys) and the other that provides comprehensive information
on entrepreneurs and employees engaged in them (the PLFS).

Using the rich data on entrepreneurs, employees, and the enterprises, we attempt to

understand firm health and their prospects for withstanding economic shocks. We also look at
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how different firm characteristics like formal or informal status, access to credit, and cost
structure affect firms’ performance. We try to gauge which operational characteristics are
related to the business environment, and which firm choices bear on outcomes that may enable
them to cope with shocks viz. productivity, profits, and greater value-added.

Our analysis shows that India’s off-farm food economy is overwhelmingly dominated by
micro-enterprises with low levels of productivity and profitability and scant connection with the
state apparatus. India’s off-farm food enterprises are smaller, but they also provide incomes to
relatively poorer sections of society. Given their small size and asset base and limited access to
institutional support systems, India’s FEs are even more vulnerable to shocks like
demonetization and now COVID-19. Nearly half (45.5%) of FEs are not registered with any
authority. Even the registered firms often do not maintain financial records to prove their
creditworthiness and the use of institutional credit is uncommon. These features of FE’s or their
way of doing business means that Government of India’s special package to support small and
medium firms in the food sector may not reach the firms that need it the most. FEs, especially,
the food manufacturing units, are exceptional in India in terms of employing women or having
them as entrepreneurs. We also find that women-owned or managed firms face unique
challenges that make them more vulnerable.

Finally, the small scale of operations among food enterprises in India does give them
some pliancy but their resilience is dependent on access to credit. Access to credit is critical.
The government has proposed to get some food enterprises formalized. Given the scale of
informality among these firms, much more needs to be done to ensure access to credit to food
enterprises and make them more productive. How firms are selected for government support is
critical. There can be perverse incentives generated from “free money” leading to negative
selection of firms. Government support to FEs should be linked to performance metrics that
easy to measure and hard to manipulate to ensure the effective utilization of public funds. The
government may offer loans or interest waivers to firms that show an above threshold increase
in taxable sales receipts. Such an incentive will encourage firms to expand their legal

businesses and help both firms and the economy in the long run.
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Tables and FiguresTable 3: Education and training levels across Female and Male Entrepreneurs in

the Food Sector

Level of skill Male Owner Female Owner Total
Received formal vocational/technical training 1.07% 1.38% 1.12%
Received vocational/technical training 1.73% 3.57% 2.05%
Self-learning 5.30% 9.98% 6.11%
Learning on the job 3.60% 9.08% 4.55%
Others 0.97% 2.75% 1.27%
Did not receive any vocational / technical training 87.33% 73.24% 84.89%
Education attained (in years) 8.04 4.67 7.46

Source: PLFS data 2017-18 and 2018-19

Table Al: % Distribution of Skill Levels (education and training) of Female and Male
Entrepreneurs of Food Sector

2017-18 2018-19

Male Ferenal Total | Male Ferenal Total
Received formal vocational/technical training 0.77 0.71 0.76 1.07 1.38 1.12
Received vocational/technical training 1.63 2.86 1.82 1.73 3.57 2.05
Self-learning 4.47 13.35 5.89 5.30 9.98 6.11
Learning on the job 2.11 4,74 2.53 3.60 9.08 4.55
Others 0.57 0.85 0.62 0.97 2.75 1.27
Did not receive any vocational / technical 00.45 7748 8838 | 87.33 7324 84.89
training

100.0 100.0 | 100.0 100.0
Total 0 100.00 0 0 100.00 0
Education attained (in years) 7.40 4.58 6.95 8.04 4.67 7.46

Source: PLFS unit level data 2017-18 and 2018-19

Table A2: Number of Female and Male Entrepreneurs of Food Sector across technical training

% Change from
17-18 to 18-19

In Numbers

2017-18 2018-19
Mae T ropal | Male Ml gy Ma Fema o
le e le le
Received formal 12666 2219 14885 | 1818 2309 @ 43.
vocational/technical training 5 2 7 24 49152 76 5 s 55
Received vocational/technical 26642 8881 35523 | 2944 12679 4212  10. 428 18.6
training 0 4 4 42 6 38 5 : :
. 73116 4152 11463 | 9005 35480 1255 = 23.
Self-learning 1 07 68 20 9 329 5 -145 95
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. . 34500 1475 49251 | 6109 32274 9337  77.

Learning on the job 3 10 3 7 p 17 1 118.8  89.6
2645 11984 | 1641 2617 = 75.
Others 93383 g 1 66 97604 20 8 2689 118.4
Did not receive any vocational 14801 2409 17210 | 1482 26031 1743 02 81 13
/ technical training 571 027 598 | 9741 68 2909 @ ' '
16364 3109 19473 | 16981 35542 2053

Total 203 208 411 | 664 75 5939 o8 143 55

Table Al: Engaged in food industry with technical / vocational training
(business training) (In Million)

Food Industry with technical / vocational training 2017-18  2018-19 % Change
. . . . . . 25.17 25.32
Engaged in food industry without any vocational / technical training (88.52) (85.31) 0.6
Engaged in food industry with any vocational / technical training 326 436 33.6
(11.48) (14.69) )
Total 28.43 29.68 44

(100.00)  (100.00)

Note: percentage values are given in parenthesis

Source: PLFS unit level data 2017-18 and 2018-19
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Table A2: CEM Model — Engaged in food industry with technical /
vocational training (business training) on gross business earning

Outcome variable

Monthly gross business earning
(In INR at 2017-18 Constant Price)

PLFS 2017-18 PLFS 2018-19  Both Round
Variables Coef Coef Coef
Treatment variable:
Engaged in food industry with
technical / vocational training (1=Yes; -34.796 491.382%* 333.183*
0=Engaged in food industry without
technical / vocational training)
(273.218) (224.262) (174.398)
Gender (1=Male;0=Female) 6,193.508*+F* 6,617.911%F* 6,398.216%F*
(175.307) (176.279) (125.196)
Sector (1=Rural;0=Utrban) -1,303.574%k% 1 424,080***F  -1,367.165%*F*
(140.053) (145.788) (101.274)
Age (in years) 808.628*** 806.265%** 810.523*+*
(45.172) (46.533) (32.530)
Age in square -7.719%kx -7.939%*x -7.864%%*
(0.601) (0.599) (0.420)
Education attained (in years) 113.708** 42.409 82.037+*
(49.860) (54.575) (36.915)
Education attained in square 7.935%* 10.615%%* 9.042+**
(3.6306) (4.010) (2.711)
Year (1=2018-19; 0=2017-18) 202.487*
(106.357)
Constant -16,050.758*#*k -9 855,659%k*k  _13197.002%**
(1,774.587) (2,597.203) (1,635.007)
State dummies Yes Yes Yes
Religion dummies Yes Yes Yes
Caste dummies Yes Yes Yes
Number of workers dummies Yes Yes Yes
Observations 9,660 9,907 19,567
R-squared 0.300 0.307 0.300

Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Source: PLFS unit level data 2017-18 and 2018-19
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Table B1: Owner of food industry with technical / vocational

education (In Million)

Food Industry with technical / vocational training

2017-18  2018-19 % Change

22.10 22.52

Owner without any vocational / technical training (88.29¢( (85.57) 1.9
Owner with any vocational / technical training ( 121'9731) ( 1348‘?3) 29.6
Total 25.03 26.32 59

(100.00)  (100.00)

Note: percentage values are given in parenthesis

Source: PLFS unit level data 2017-18 and 2018-19
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Table B2: CEM Model — Owner of food industry with technical /
vocational training (business training) on gross business earning

Outcome variable

Monthly gross business earning
(In INR at 2017-18 Constant Price)

PLFS 2017-18 PLFS 2018-19  Both Round
Variables Coef Coef Coef
Treatment variable:
Owner of food industry with
technical / vocational training (1=Yes; 21.207 538.743** 369.632**
0=Owner of food industry without
technical / vocational training)
(274.025) (223.211) (173.368)
Gender (1=Male;0=Female) 6,123.500%F* 6,605.577*¥* 6,355.125%%*
(177.442) (177.186) (125.988)
Sector (1=Rural;0=Utrban) -1,339.279%kk 1 470.588**F  _1,412.647%¥*
(144.313) (148.770) (104.081)
Age (in yeats) 814.098*** 794.505%%* 808.280***
(46.784) (47.547) (33.415)
Age in square -7.93 5%k -7.793%%x -7.906%**
(0.617) (0.611) (0.435)
Education attained (in years) 117.525%* 84.411 107.783%+*
(50.757) (52.852) (36.526)
Education attained in square 7.584%* 7.655% 7.204%F%
(3.716) (3.939) (2.703)
Year (1=2018-19; 0=2017-18) 201.656*
(107.822)
Constant -16,406.302%#%k .9 684,293k _13 287 T2g¥Hk*
(1,641.715) (2,604.602) (1,616.888)
State dummies Yes Yes Yes
Religion dummies Yes Yes Yes
Caste dummies Yes Yes Yes
Number of workers dummies Yes Yes Yes
Observations 9,033 9,415 18,448
R-squared 0.299 0.312 0.301

Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Source: PLFS unit level data 2017-18 and 2018-19
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Table 12: Urban Panel — Shift of workforce from Food Sector industry to other/out of workforce/

within food sector

Rounds  Panel % Transition Number of workforce (In Million)
Overall Firom fond e From other ..
. sector to From out of food Transition
transition of sector .
. out of labour force sector to within food
workforce in to food
labour to food sector other sector
food sector sector
force sector
Panel - 2 0.3 0.29 0.01 0.01 0.05 0.07 0.14
Both Panel - 3 0.8 1.01 0.05 0.05 0.20 0.18 0.53
Round
Panel - 4 2.0 4.05 0.12 0.11 0.85 0.83 2.14
Panel - 2 0.0 0.00 0.00 0.00 0.00 0.00 0.00
25}75?8 Panel - 3 0.7 0.37 0.02 0.02 0.06 0.07 0.20
Panel - 4 1.2 0.67 0.03 0.03 0.13 0.11 0.37
S Panel - 2 0.4 0.29 0.01 0.01 0.05 0.07 0.14
21511519 Panel - 3 0.9 0.64 0.03 0.03 0.14 0.11 0.33
Panel - 4 2.4 3.38 0.09 0.08 0.72 0.71 1.78

Note:

A. Panel — 2: Considered those sample who have been interviewed two times (quarter) in Urban

sample

B. Panel — 3: Considered those sample who have been interviewed three times (quarter) in Urban

sample

C. Panel — 4: Considered those sample who have been interviewed four times (quarter) in Urban

sample
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Appendix

Table A.1: Firm level determinants of monthly salary for an employee (In Rs.)

Explanatory Variables Monthly Income (Rupees)

Food Enterprises -1,500.257%**
(84.972)

Gender of Employee (Male vs Female) 5,569.947%**
(97.485)

Number of workers in enterprise (Base: <6)

>6 and <10 1,693.875%***
(113.260)
>10 & <20 3,320.256***
(177.224)
>20 and above 6,315.165%**
(280.674)
Not known 2,306.789%***
(225.326)
Sector (Rural vs Urban) -1,817.290%**
(84.271)
Age of Employee (in years) 341.832%**
(27.561)
Age of Employee (squared) -0.663*
(0.396)
Education attained (in years) -427.241%**
(36.392)
Education attained (squared) 70.442%%*
(2.661)
Received vocational / technical training
(Base: No training received)
Received formal vocational / technical 1,322.367**
(583.796)
Received vocational / technical -905.953***
(229.056)
Self-learning 83.890
(308.789)
Learning on the job 970.704***
(192.582)
Others -244.633
(256.766)
Employment status (Base: Self-employed)
Regular wage / salaried 410.983**
(180.921)
Casual labor -500.761%**
(102.173)
State, Religion & Caste FE Yes
Observations 97,160
R-squared 0.266

Robust standard errors in parentheses

**% p<0.01, ** p<0.05, * p<0.1

Source: PLFS Data (2018-2019)





